YOUTH CONSUMER BEHAVIOUR IN DIGITAL COMMERCE: IMPLICATIONS FOR PREDICTIVE ANALYTICS AND STARTUP DEMAND FORECASTING




ABSTRACT
The rapid expansion of e-commerce platforms and digital consumer engagement has transformed the purchasing behaviour of young consumers in India. Early-stage e-commerce startups face increasing challenges in demand forecasting due to highly dynamic and psychologically driven online buying behaviour. This study examines the impact of youth online buying behaviour on demand forecasting accuracy among early-stage e-commerce startups in Ernakulam, Kerala. The research focuses on behavioural factors such as impulse buying, promotional sensitivity, social media influence, trust perception, free shipping incentives, and return behaviour.
The study adopts a descriptive and analytical research design using primary data collected from 100 respondents through a structured questionnaire. Statistical tools including percentage analysis, Spearman Rank Correlation, and Linear Regression Analysis were employed for data interpretation and hypothesis testing. The findings reveal that youth consumers are highly influenced by discounts, social media promotions, free shipping offers, and festive sales events, resulting in non-linear demand spikes and increased forecasting uncertainty. The study further establishes a strong positive relationship between impulse buying behaviour and product return frequency. Regression analysis confirms that promotional sensitivity significantly affects the timing of online purchases.
The study concludes that traditional forecasting methods are insufficient for digital commerce environments characterized by behavioural volatility. Behavioural analytics, predictive modelling, and customer-centric forecasting strategies are essential for startup sustainability and operational efficiency. The research contributes to the growing body of literature on digital consumer behaviour, predictive analytics, and startup demand forecasting in regional Indian e-commerce ecosystems.
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INTRODUCTION
The e-commerce sector has become one of the fastest-growing industries, transforming the way consumers purchase goods and services. Youth consumers play a major role in this growth due to their digital awareness, adaptability to technology, and active use of online platforms. Their purchasing behaviour, influenced by trends, social media, and peer opinions, creates both opportunities and challenges for e-commerce businesses. For early-stage startups, understanding these changing consumer patterns is essential for sustaining growth and remaining competitive.\n\nEarly-stage e-commerce startups often operate with limited resources and lack sufficient historical data, making demand forecasting difficult. The dynamic and unpredictable buying behaviour of youth consumers can lead to fluctuations in demand, affecting inventory management, pricing decisions, and financial planning. Accurate demand forecasting is therefore important for maintaining working capital, reducing operational risks, and ensuring financial stability.\n\nErnakulam district provides a suitable setting for this study due to its growing internet usage, active startup ecosystem, and large youth population. This study examines the relationship between youth consumer behaviour and its financial implications for predictive demand forecasting in early-stage e-commerce startups. It aims to identify behavioural patterns, analyse their impact on forecasting accuracy, and understand the challenges faced by startups in managing financial resources.\n\nThe findings of the study will help entrepreneurs, startup managers, and policymakers develop effective forecasting and financial management strategies. By improving understanding of youth-driven demand patterns, startups can enhance operational efficiency, reduce forecasting errors, and achieve long-term sustainability in the competitive digital marketplace.
STATEMENT OF THE PROBLEM
Youth consumers play a significant role in the growth of e-commerce due to their active online presence and quick adoption of new trends. However, their buying behaviour is highly dynamic and influenced by social media, peer opinions, and changing preferences, making demand prediction difficult for early-stage e-commerce startups. Limited financial resources and lack of historical data further increase forecasting challenges, leading to issues such as excess inventory, stock shortages, and inefficient working capital management. In Ernakulam district, where youth participation in online shopping is high, these challenges are more prominent. Despite the growing importance of this issue, limited studies have examined the impact of youth consumer behaviour on demand forecasting and financial management in local e-commerce startups. Therefore, this study attempts to analyse these challenges and suggest measures to improve forecasting accuracy and financial stability.
SIGNIFICANCE OF THE STUDY
This study is significant because it examines the impact of youth consumer behaviour on demand forecasting in early-stage e-commerce startups in Ernakulam district. Changing consumer preferences, social media influence, and fluctuating online demand create forecasting difficulties for startups, affecting inventory management and financial planning. The study highlights issues such as stock shortages, excess inventory, and working capital inefficiencies, and suggests ways to improve forecasting and operational performance. The findings will help startup founders, managers, and policymakers make better financial and strategic decisions. Academically, the study contributes to existing literature by linking consumer behaviour with financial decision-making and predictive demand forecasting in the context of local e-commerce startups.
OBJECTIVES OF THE STUDY
1. To identify the online buying behaviour of youth consumers in Ernakulam district. 
2. To analyse the major factors influencing online purchase decisions among youth. 
3. To examine the challenges faced by early-stage e-commerce startups in forecasting demand based on youth consumer behaviour. 
4. To study the relationship between youth online buying behaviour and demand forecasting accuracy. 
5. To suggest measures for improving demand forecasting and financial management in e-commerce startups.
HYPOTHESIS 
H0: There is no significant relationship between the impulse buying behaviour of youth in Ernakulam and the frequency of product returns in early-stage e-commerce startups.
H1: Promotional sensitivity and festive offers do not significantly influence the timing of online purchase decisions among the youth of Ernakulam.
RESEARCH METHODOLOGY
The present study adopted the survey method to collect systematic information regarding youth online shopping behaviour, preferences, and factors influencing purchase decisions. A quantitative research approach was used through structured questionnaires. Both primary and secondary data were utilized for the study. Primary data were collected directly from respondents, while secondary data were gathered from research articles, journals, e-commerce reports, and related online sources. The target population consisted of youth consumers aged between 18 and 35 years who actively engage in online shopping. A sample of 100 respondents from urban, semi-urban, and rural areas of Ernakulam district was selected using the convenience sampling method based on availability and willingness of respondents. Statistical tools such as Spearman’s Rank Correlation and Linear Regression were used to analyse the relationship between youth buying behaviour and demand forecasting patterns. In addition, qualitative interpretation was used to identify common behavioural trends and consumer preferences. The study was conducted over a period of six months.
SCOPE OF THE STUDY
This study focuses on analysing the online buying behaviour of youth consumers, including their shopping patterns, preferences, and factors influencing purchase decisions. It also examines the impact of youth consumer behaviour on demand forecasting in early-stage e-commerce startups. The study is confined to Ernakulam district, and the findings may be relevant to similar regions with growing e-commerce activities. The scope of the study is limited to youth consumers aged between 18 and 35 years.
ANALYSIS AND INTEPRETATION
I. Impulse Buying Behaviour and Product Return Frequency
Statement of Hypothesis-H0: There is no significant relationship between the impulse buying behaviour of youth in Ernakulam and the frequency of product returns. 
Statistical Test Used: Spearman’s Rank Correlation was applied to examine the relationship between impulse buying behaviour and product return frequency among youth consumers.

Table 1 Impulse Buying Frequency Ranking
	Response Category
	Impulse buying Frequency
	Ranking (R1)

	Frequently
	22
	2

	Occasionally
	44
	4

	Rarely
	24
	3

	Never
	10
	1


Source: Primary data
Table 2 Product Return Frequency Ranking
	Response Category
	Product Return Frequency
	Ranking(R2)

	Frequently
	18
	2

	Occasionally 
	42
	4

	Rarely 
	28
	3

	Never
	12
	1


Source: Primary data

Table 3 Calculation of Correlation
	Impulse Ranking
	Return Ranking 
	d (R1-R2)
	D2

	2
	2
	0
	0

	4
	4
	0
	0

	3
	3
	0
	0

	1
	1
	0
	0


Source: Primary data

Spearman Rank Correlation Formula;



The Spearman Rank Correlation coefficient (ρ = 1.00) indicates a perfect positive relationship between impulse buying behaviour and product return frequency among youth consumers in Ernakulam district. The result implies that an increase in impulse buying behaviour leads to a corresponding increase in product return frequency. This finding suggests that impulsive purchasing patterns create higher return rates, thereby affecting inventory management and predictive demand forecasting in early-stage e-commerce startups.
Since a significant positive relationship exists between the variables, the Alternative Hypothesis (H1) is accepted and the Null Hypothesis (H0) is rejected.
II.Promotional Sensitivity and Timing of Purchase Decisions
Statement of Hypothesis-H0: Promotional sensitivity and festive offers do not significantly influence the timing of online purchase decisions among the youth of Ernakulam. 
Statistical Test Used: Linear Regression Analysis was used to analyse the impact of promotional sensitivity on the timing of online purchase decisions among youth consumers.
Table 4 -Frequency Of Promotional Sensitivity (X) 
	Response Category
	Scale(x)
	        Frequency(f)
	 Total(fx)

	Strongly Agree
	5
	24
	120

	Agree
	4
	34
	136

	Neutral
	3
	18
	54

	Disagree
	2
	16
	32

	Strongly Disagree
	1
	8
	8

	Total
	
	N=100
	∑fx=350


Mean (  ) =  =3.5

Table 5 –Frequency Of Purchase Timing(Y) 
	
Response Category

	
Scale(y)
	
Frequency(f)
	
Total(fy)

	Festive/ Sales Offers Only 
	5
	8
	40

	Weekly
	       4
	15
	60

	Monthly
	3
	41
	123

	Occasionally
	2
	             26
	52

	Rarely
	1
	10
	10

	Total
	
	N=100
	∑fy=285


Mean ( ) =  =2.85
Table 6 –Calculations For Regression Analysis
	(X- )
	(Y- 
	(X- )×(Y- 
	(X- 2
	(Y- 2

	1.5
	2.15
	3.225
	2.25
	4.6225

	0.5
	1.15
	0.575
	0.25
	1.3225

	-0.5
	0.15
	-0.075
	0.25
	0.0225

	-1.5
	-0.85
	1.275
	2.25
	0.7225

	-2.5
	-1.85
	4.625
	6.25
	3.4225

	Total
	
	∑ = 9.625
	∑= 11.25
	∑=10.1125



To find the slope (b):
 b=()(Y )               =0.85
              ∑()        
To find the intercept (a):  
a=  -(b ×   )=2.85 – (0.85×3.5)= -0.125
Regression Equation Y = -0.125 + 0.85X

Coefficient Of Determination (R2)

R2=   =  = 0.814

The value of R2=0.814R^2 = 0.814R2=0.814 indicates that 81.4% of the variation in purchase timing is explained by promotional sensitivity.
The regression analysis reveals a strong positive relationship between promotional sensitivity and the timing of online purchase decisions among youth consumers in Ernakulam district. The positive slope value (0.85) indicates that higher sensitivity towards discounts and festive offers leads consumers to make purchases during promotional periods. The coefficient of determination (R² = 81.4%) further confirms that promotional activities significantly influence buying behaviour and create demand fluctuations for e-commerce startups.
Based on the regression analysis, the Alternative Hypothesis (H1) is accepted and the Null Hypothesis (H0) is rejected. Therefore, promotional sensitivity and festive offers significantly influence the timing of online purchase decisions among youth consumers in Ernakulam district.

FINDINGS OF THE STUDY
1. The study identifies youth consumers below the age of 30 as a highly active and influential segment within the e-commerce ecosystem of Ernakulam district.
2. Among the respondents, the age group of 22–25 years constituted the largest proportion (38%), indicating their dominant participation in online shopping activities.
3. Gender-wise analysis reveals that female respondents (56%) slightly outnumbered male respondents (44%), suggesting comparatively higher online shopping engagement among female youth consumers.
4. Students formed the largest occupational category (40%), highlighting the significant role of academic youth in shaping online purchasing trends.
5. A majority of the respondents possessed Undergraduate or Postgraduate qualifications, reflecting a high level of digital literacy and awareness among youth consumers.
6. The findings indicate that youth consumers are highly price-conscious, as 39% of the respondents spend less than ₹1,000 per month on online shopping.
7. Online shopping has become a regular activity for a substantial proportion of respondents, with 41% making purchases on a monthly basis.
8. Weekly online shopping was limited to a smaller segment of respondents, indicating that frequent high-volume purchasing behaviour is comparatively low.
9. The study reveals that youth consumers are most active on e-commerce platforms during evening and late-night hours, suggesting a preference for leisure-time browsing and purchasing.
10. A significant majority of respondents (70%) consistently compare prices across multiple online platforms before making purchase decisions, reflecting rational and value-oriented buying behaviour.
11. Fashion and accessories, beauty and personal care products, and food and grocery items emerged as the most preferred product categories among youth consumers.
12. Smartphones were identified as the primary device used for accessing e-commerce platforms, indicating the importance of mobile-based shopping experiences.
13. Lower prices and attractive discounts were found to be the key motivating factors encouraging youth consumers to purchase from early-stage e-commerce startups.
14. Free shipping significantly influences online buying behaviour and often encourages impulse purchases among youth consumers.
15. Social media platforms such as Instagram, YouTube, and short-form video content strongly influence product awareness and consumer purchase intentions.
16. Influencer marketing and digital promotional content were found to have a notable impact on final purchase decisions among respondents.
17. More than half of the respondents intentionally postpone purchases to take advantage of festive offers and promotional sales.
18. This purchase postponement behaviour contributes to concentrated demand spikes during festive and sales periods, creating fluctuations in demand patterns.
19. Sudden increases in demand during promotional periods create inventory management and operational challenges for early-stage e-commerce startups.
20. Consumer loyalty among youth was found to be relatively low, as a considerable proportion of respondents preferred switching to competitor websites when products were unavailable.
21. Only a limited number of respondents were willing to wait for product restocking, emphasizing the importance of efficient inventory management systems.
22. Hidden shipping charges and additional costs at checkout were identified as major reasons for cart abandonment among online shoppers.
23. Negative customer reviews and low product ratings significantly discourage consumers from purchasing from new e-commerce platforms.
24. Slow website loading speed and complicated checkout procedures contribute to higher purchase drop-off rates among youth consumers.
25. UPI and other digital payment methods emerged as the most preferred payment options due to their convenience and security.
26. Secure payment gateways were considered more important than promotional advertising in building consumer trust toward emerging startups.
27. A majority of respondents regularly review return and refund policies before purchasing from unfamiliar online platforms, indicating high risk awareness among consumers.
28. Most respondents preferred delivery within one to two days, reflecting increasing expectations for faster delivery services in e-commerce.
29. Personalized recommendations were found to influence purchase decisions only to a moderate extent among youth consumers.
30. Spearman’s Rank Correlation analysis confirmed a strong positive relationship between impulse buying behaviour and product return frequency.
31. Linear Regression analysis revealed that promotional sensitivity explains a major proportion of variation in purchase timing ((R^2 = 0.814)), indicating a strong influence of festive offers and discounts on consumer buying patterns.
32. High price sensitivity combined with comparatively low brand loyalty makes the youth consumer market highly competitive for early-stage e-commerce startups.
33. Overall, youth consumer behaviour in Ernakulam district is characterized by strategic purchase timing, strong social media influence, price consciousness, and impulse buying tendencies, all of which create challenges for accurate demand forecasting.
34. Hypothesis Testing Set 1 confirmed that impulse buying behaviour has a significant positive relationship with product return frequency, thereby affecting inventory planning and demand forecasting accuracy.
35. Hypothesis Testing Set 2 confirmed that promotional sensitivity significantly influences the timing of purchase decisions, resulting in demand concentration during festive and sales periods.
SUGGESTIONS
1. Early-stage e-commerce startups should adopt behavioural-based forecasting techniques by incorporating consumer behavioural indicators such as browsing patterns, cart additions, and purchase timing into demand prediction models instead of relying solely on historical sales data.
2. Startups should maintain dynamic safety stock for high-demand products, particularly during evening and late-night peak shopping hours, in order to minimize stock-out situations and reduce customer switching behaviour.
3. The introduction of pre-sale engagement periods can help startups collect data regarding customer purchase intentions before major sales events, thereby improving inventory planning and forecasting accuracy.
4. Transparent and all-inclusive pricing strategies should be implemented to reduce cart abandonment caused by hidden shipping charges and additional costs at the checkout stage.
5. To reduce product return frequency associated with impulse buying behaviour, startups may introduce short order-modification or cancellation windows before dispatching products.
6. E-commerce startups in Ernakulam should focus on localized digital marketing strategies by collaborating with regional micro-influencers who possess greater trust and engagement among local youth consumers.
7. Since a large proportion of online shopping occurs through smartphones during late-night hours, startups should optimize mobile application interfaces and simplify checkout procedures to improve user experience and reduce purchase drop-offs.
8. Startups may introduce promotional offers during non-peak periods, such as mid-week discounts or limited-time flash sales, in order to distribute demand more evenly and reduce pressure during festive seasons.
9. Considering the high preference for UPI-based payments, startups should integrate cashback offers, loyalty points, and instant reward systems linked to digital payment transactions to encourage repeat purchases.
10. To satisfy the growing demand for faster delivery services, startups should strengthen hyper-local logistics systems by partnering with local courier networks and fulfillment centers within Ernakulam district.
11. E-commerce firms should encourage consumers to share visual reviews, ratings, and product feedback, as social proof and peer-generated content strongly influence youth purchase decisions.
12. Personalized customer engagement through platforms such as WhatsApp can be used for cart reminders, restock notifications, and promotional communication, thereby improving customer interaction and conversion rates.

CONCLUSION
The findings of the study reveal that youth consumers in Ernakulam district play a significant role in shaping the operational and financial dynamics of early-stage e-commerce startups. The study concludes that traditional forecasting methods based only on past sales data are insufficient in the current digital marketplace, where consumer behaviour is highly dynamic and influenced by social media trends, promotional activities, and emotional buying triggers. Youth consumers demonstrate a combination of strategic and impulsive purchasing behaviour, as they intentionally delay purchases during festive offers while also engaging in unplanned purchases driven by discounts and digital influence.
The statistical analysis confirms a strong relationship between consumer behaviour and forecasting challenges faced by startups. The perfect positive correlation between impulse buying behaviour and product return frequency indicates that unplanned purchases directly contribute to increased return rates and reverse logistics costs. Similarly, the regression analysis shows that promotional sensitivity significantly affects purchase timing, leading to concentrated demand spikes during festive and sales periods. Such behavioural patterns create major challenges in inventory management, working capital planning, and operational efficiency for startups operating with limited resources.
The study further highlights that youth consumers are highly price-sensitive, digitally active, and strongly influenced by social proof, online reviews, and convenience factors such as delivery speed and transparent pricing. Low brand loyalty and high expectations regarding service quality make the e-commerce environment highly competitive for emerging startups.
Overall, the study emphasizes that behavioural understanding has become an essential component of predictive demand forecasting in the e-commerce sector. Startups that integrate behavioural analytics, transparent business practices, efficient logistics systems, and customer-centric strategies will be better positioned to improve forecasting accuracy, reduce operational risks, and achieve sustainable growth in the evolving digital economy of Ernakulam district.

SCOPE FOR FUTURE STUDY
1. Future research may conduct comparative studies across different districts or states to examine regional variations in youth online buying behaviour and demand forecasting patterns.
2. Further studies can explore the role of Artificial Intelligence (AI), Machine Learning, and predictive analytics in improving behavioural-based demand forecasting models for e-commerce startups.
3. Sector-specific studies may also be undertaken to analyse consumer behaviour in specialized e-commerce segments such as quick commerce, sustainable products, fashion retailing, or food delivery services.
4. Future research may investigate the long-term impact of social media marketing, influencer promotions, and digital advertising on consumer loyalty and repeat purchase behaviour.
5. Additional studies can focus on the financial implications of reverse logistics, product returns, and cart abandonment behaviour in startup sustainability and profitability.
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