AI Automation Based on ChatGPT and Claude 
Abstract
AI automation has rapidly transformed how tasks are completed across industries. With the advent of intelligent agents such as OpenAI’s ChatGPT and Anthropic’s Claude, automation is moving beyond scripted workflows to proactive, context-aware systems capable of reasoning and decision-making. This paper explores the framework, capabilities, design principles, challenges, and future prospects of AI agents in automation.
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I. Introduction
Artificial Intelligence (AI) has always aimed to replicate human cognitive functions. In recent years, large language models (LLMs)—notably ChatGPT and Claude—have emerged as powerful tools that can interpret natural language, reason over context, and perform complex tasks. By integrating these models into automation pipelines, we create AI agents that can autonomously complete tasks, collaborate with humans, and learn from interactions. Traditional automation—using rules, scripts, and macros—lack flexibility and adaptability. AI agents expand automation to:
· Understand intent from unstructured language 
· Follow high-level goals with intermediate steps 
· Adapt and revise plans based on feedback 
II. Architectures behind Agents
Fundamentally, there are three architectures which are widely used in AI automation systems. 
1. High-level architecture of an LLM-powered AI automation agent.
2. Multi-agent system architecture for complex automation workflows
3. Memory-augmented LLM architecture using vector embedding’s.
Single-Agent Automation Script
import openai
import time

openai.api_key = "YOUR_API_KEY"
def run_agent(task):
    start_time = time.time()
    response = openai.ChatCompletion.create(
        model="gpt-4",
        messages=[
            {"role": "system", "content": "You are an automation agent."},
            {"role": "user", "content": task}
        ]
    ) 
    end_time = time.time()
    latency = end_time - start_time

    return response['choices'][0]['message']['content'], latency


task = "Summarize this report and extract key metrics."
output, latency = run_agent(task)

print("Output:", output)
print("Latency:", latency)
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Figure 1. High-level architecture of an LLM-powered AI automation agent.
Multi-Agent Collaboration Script
def research_agent(task):
    return "Research findings for: " + task

def coding_agent(task):
    return "Code implementation for: " + task

def qa_agent(task): 
    return "QA validation for: " + task

def coordinator(task):
    r = research_agent(task)
    c = coding_agent(task)
    q = qa_agent(task)
    return f"{r}\n{c}\n{q}"
print(coordinator("Build document automation system"))
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Figure 2. Multi-agent system architecture for complex automation workflows.

Memory-Augmented Agent Script
from sentence_transformers import SentenceTransformer
import faiss
import numpy as np

model = SentenceTransformer('all-MiniLM-L6-v2')

# Example documents
docs = ["AI automates workflows.",
        "Agents use reasoning loops.",
        "Memory improves performance."]

embeddings = model.encode(docs)

index = faiss.IndexFlatL2(384)
index.add(np.array(embeddings))

def retrieve(query):
    query_vec = model.encode([query])
    D, I = index.search(np.array(query_vec), k=2)
    return [docs[i] for i in I[0]]

print(retrieve("How do agents improve automation?"))
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Figure 3. Memory-augmented LLM architecture using vector embeddings.
IIIa. Model Evolution of ChatGPT : 
Each ChatGPT release addressed specific limitations of previous versions while expanding the model's capabilities.
GPT-3.5 (2022) launched with strong conversational abilities at a low price point. It worked well for simple tasks but fell short on complex reasoning. If you tried building production agents with it, you likely ran into these limitations quickly.
GPT-4 (2024-2025) arrived with close to 1 trillion parameters and fixed many of GPT-3.5's problems. The model handled complex reasoning more reliably, followed instructions more accurately, and hallucinated less. OpenAI released several variants: GPT-4o improved response times, GPT-4 Turbo expanded the context window to 128,000 tokens, and GPT-4.1 demonstrated strong real-world performance, completing 62% of agent tasks successfully in testing.
GPT-4.5 (Orion) came next with stepwise logic processing and better context handling. It essentially bridged the gap to GPT-5, testing out architectural changes that would become core to the next release.
GPT-5 (August 2025) launched with a unified architecture that routes queries automatically between two modes. GPT-5-main handles straightforward tasks quickly. GPT-5 thinking kicks in for complex problems that need step-by-step logic. You don't choose which one to use—the system figures it out based on your query. The model comes in three variants: regular delivers maximum capability, mini balances performance with cost, and nano handles high volumes of simple tasks at the lowest price.
IIIb. Model Evolution of Claude: 
Each Claude release built on what came before while adding capabilities that made the model more practical for real-world applications.
Claude 1 (March 2023) launched with solid conversational abilities but lacked the depth of reasoning needed for complex agent workflows. If you tried building production systems with it, you probably found its limitations quickly.
Claude 2 (2023-2024) arrived with major improvements in document analysis and reasoning. The larger context window lets you process more information per request, making Claude 2 more viable for production use.
Claude 3 (March 2024) marked a substantial leap forward. Anthropic released three variants: Haiku handled fast, affordable tasks; Sonnet balanced performance and cost; and Opus delivered maximum capability. The release added support for text and images in a single request, and Opus expanded the context window to 200,000 tokens. Claude 3 Opus demonstrated reasoning skills that put it among the best models available.
Claude 4 (May 2025) arrived with Opus 4 and Sonnet 4. Both models maintained the 200,000-token context window while improving their handling of complex workflows and sustained reasoning tasks. Claude Sonnet 4 excelled at selecting appropriate APIs and functions during task execution, achieving 92% accuracy, the best performance among the tested models.
Claude 4.5 (September-October 2025) launched with notable upgrades. Sonnet 4.5 introduced major improvements in coding and workflow automation, enabling it to maintain focus on a single task for over 30 hours. Haiku 4.5 delivered near-flagship performance at twice the speed and one-third the cost of Sonnet 4.
The model evaluation summary is tabulated below: 
TABLE I:  Claude vs ChatGPT Models
	Tool
	Model
	Description

	ChatGPT
	GPT-5.4
	Most powerful reasoning model; available on ChatGPT Plus and above

	
	GPT-5.3
	Currently the default everyday model on lower plans

	
	GPT-5 mini
	Affordable reasoning model, solid balance of power and cost

	
	GPT-5 nano
	Fastest and cheapest option

	Claude
	Claude Sonnet 4.6
	Most intelligent model; best for most users

	
	Claude Haiku 4.5
	Fast and most cost-effective model

	
	Claude Opus 4.6
	Most powerful model for complex tasks and some coding projects


IV. ChatGPT vs Claude: Performance Comparison for AI Agent Development
How these models actually perform in production determines whether the agents meet accuracy requirements, stay within budget, and handle the workflows we are  building them for. This comparison examines both models across the criteria that matter for AI agent architects.
Criteria #1: Document Processing and Multi-Document Analysis
The agents need to process documents—RFPs, technical specifications, compliance documentation—and the model we choose determines how much they can handle at once.With ChatGPT, we get 128,000 tokens of context, while with GPT-5, we get 5,000 tokens. That's roughly 100 pages per session. Processing happens quickly, and we are moving through high volumes at a lower cost per session. The model completes individual document tasks efficiently.  If our workflows depend on fast turnaround and we're processing dozens of documents daily, ChatGPT's speed and cost efficiency matter.
With Claude, we get 200,000 tokens of context with Claude 4.5's top-tier models (Opus, Sonnet, Haiku). That's roughly 150-200 pages per request. Our agents handle lengthy legal briefs, cross-reference multiple enterprise dossiers, and maintain full context without losing track halfway through. No chunking strategies. No complicated workarounds. The document fits, and Claude processes it.
Criteria #2: Code Generation and Technical Implementation
Our agents need to generate integration code, build API wrappers, and automate technical workflows. The model we choose determines how much time we spend debugging versus shipping features.With ChatGPT, we get broad language coverage and fast iteration with GPT-5 and GPT-4o. ChatGPT moves fast. We go from prompt to working code efficiently, keeping our development cycle moving.
With Claude, we get stronger stepwise reasoning with Claude 4.5 Sonnet. The model generates fewer errors during long, multi-file projects.It maintains architectural understanding across dependencies: tracking relationships between files, understanding how components interact, and producing more consistent code across large codebases. The trade-off? Slower iteration, but fewer structural errors that require refactoring later.
Criteria #3: Tool Selection and API Orchestration
Our agents need to call the right APIs and functions to complete tasks—the model we choose determines how often they get it wrong. With ChatGPT, we get broad ecosystem access with GPT-5. The model integrates with extensive third-party plugins and native OpenAI Tools (browser, Python, data visualization), and it handles modular orchestration well when using multiple APIs simultaneously. 
With Claude, we get precision over breadth with Claude 4.5. When our agent needs to look up customer data, Claude more reliably calls the correct CRM API rather than attempting database queries. When calculations are required, it consistently uses calculator tools rather than computing in text.The model reasons more carefully about which tool matches each task, resulting in fewer incorrect API calls. This precision matters in compliance-sensitive environments where tool-selection errors can cause problems.
Criteria #4: Reasoning and Complex Workflow Planning
Our agents need to handle multi-step logic, decision trees, and workflow orchestration—the model we choose determines how well they navigate complexity without getting lost.With ChatGPT, we get automatic routing between fast execution and deep reasoning with GPT-5. The model switches between GPT-5-main for straightforward tasks and GPT-5-thinking for complex problems requiring step-by-step logic. 
With Claude, we get sustained, deliberate reasoning with Claude 4.5 Sonnet and Opus. The model emphasizes deep, reflective analysis with an extended thinking mode that we can control based on how thoroughly we need problems examined. Claude Sonnet 4.5 maintains focus on single tasks for over 30 hours without losing context—valuable for complex workflows requiring sustained attention. 
Criteria #5: Context Management and Long Conversations
Our agents need to maintain state across extended workflows and multi-turn interactions—the model we choose determines how well they remember what happened earlier without losing critical details.
With ChatGPT, we get 128,000 tokens of context, along with enhanced memory features that retain information across conversations. The model handles extended interactions well for most use cases. Standard agent sessions with moderate turn counts work without issues. For very long sessions, we'll need more active prompt management to maintain context effectively.
With Claude, we get a 200,000 token window that provides better continuity across entire projects or multi-day dialogues.  The model maintains memory integrity and consistent behaviour across massive context windows, reducing the need to re-provide background information. 
Criteria #6: Cost Structure and Scaling Economics
Our agents' operational costs determine whether our system stays viable as usage grows; the model we choose affects both initial expenses and long-term budget sustainability.
With ChatGPT, we get lower per-token costs. Flagship models (GPT-5, o1) cost approximately $15 per million input tokens and $60 per million output tokens. Mini variants run $0.15 per million input tokens and $0.60 per million output tokens. The model also completes sessions faster, meaning lower API costs and better throughput when processing high volumes. For operations running thousands of agent sessions daily, these cost differences compound significantly.
With Claude, we get higher per-session costs but optimization features that reduce expenses at scale. Claude Opus 4 costs $15 per million input tokens and $75 per million output tokens. Claude Sonnet 4/4.5 runs $3 per million input tokens and $15 per million output tokens. 
The above discussion can be summarized in the tabular fashion as below: 
TABLE II:  Claude vs ChatGPT Feature Comparison*
	
	Claude
	ChatGPT

	Company
	Anthropic
	OpenAI

	AI model
	- Claude Sonnet 4.6
- Claude Opus 4.6
- Claude Haiku 4.5
	- GPT-5.4
- GPT-5.3
- GPT-5 mini
- GPT-5 nano

	Context window
	Up to 1M tokens
	Up to 1M tokens

	Web search
	Yes
	Yes

	Deep research
	Yes
	Yes

	Image generation
	No
	Yes

	Video generation
	No
	Yes (Sora 2)

	Voice mode
	Yes
	Yes

	Coding
	Claude Code
	Codex

	Agentic AI
	Claude Cowork
	ChatGPT agent

	Paid tier
	$20/month for Claude Pro; Claude Max is $100/month for 5x usage or $200/month for 20x usage
	$8/month for ChatGPT Go (includes ads); $20/month for ChatGPT Plus; $200/month for ChatGPT Pro

	Team plans
	$25/user/month; users can collaborate via shared Projects
	$30/user/month; includes workspace management features and shared custom GPTs

	API pricing
	- $1 per 1M input tokens and $5 per 1M output tokens (Haiku 4.5)
- $3 per 1M input tokens and $15 per 1M output tokens (Sonnet 4.6)
- $15 per 1M input tokens and $25 per 1M output tokens (Opus 4.6)
	- $0.05 per 1M input tokens and $0.40 per 1M output tokens (GPT-5 nano)
- $0.25 per 1M input tokens and $2 per 1M output tokens (GPT-5 mini)
- $1.75 per 1M input tokens and $14 per 1M output tokens (GPT-5.3)
- $2.50 per 1M input tokens and $15 per 1M output tokens (GPT-5.4)


V. Future perspectives and challenges
The field of AI is advancing rapidly, and both Claude and ChatGPT are at the forefront of these developments.So as AI models become more sophisticated, the demand for ethical and responsible AI increases. Anthropic’s focus on safety and ethics positions its tool as a leader in this space, but challenges remain. One of the ongoing challenges for AI developers is balancing the tradeoffs between model complexity, performance, and security. Therefore, as AI models grow in size and capability, ensuring they remain safe and trustworthy becomes increasingly difficult. Regulatory frameworks and industry standards are also evolving, requiring AI companies to stay ahead of legal and ethical considerations. Additionally, competition between AI developers like Anthropic and OpenAI drives continued innovation. So this “race to safety,” as described by Anthropic co-founder Ben Mann, is a positive development for the industry, encouraging companies to prioritize ethical considerations in their AI systems.
Claude AI, developed by Anthropic, is a powerful and ethically-minded alternative to ChatGPT. With its superior performance, privacy, and focus on security and ethics, this new tool is well-positioned to challenge OpenAI’s dominance in the AI chatbot market. As the field of AI continues to evolve, Anthropic’s innovative approach to AI safety and accountability could set new standards for the industry. For users and organizations looking for a reliable AI tool, safe and ethically grounded, Claude offers an attractive option.
So, whether for personal use, commercial applications, or academic research, its advanced features and ethical framework make it a standout choice in the crowded AI landscape.
VI. Conclusion
AI agents like ChatGPT and Claude represent a paradigm shift in automation. By incorporating natural language reasoning, contextual planning, and autonomous execution, these agents bridge the gap between human intentions and machine tasks. Their adoption will redefine workflows and productivity across industries, but responsible design and oversight are essential to mitigate risks.
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