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Abstract
This study examines the relationship between financial development and poverty reduction in Nigeria using annual data from 2004–2024. The analysis focuses on four indicators of financial development domestic credit to the private sector, broad money supply, stock market capitalization, and internet penetration while poverty reduction is proxied by GDP per capita. The Autoregressive Distributed Lag (ARDL) approach was employed to capture both short-run and long-run dynamics. Findings reveal a stable long-run cointegrating relationship among the variables; however, financial development indicators do not exert a statistically significant long-run effect on per-capita welfare. In the short run, internet usage contributes positively to welfare, underscoring the immediate productivity gains associated with digital access. The error-correction term confirms rapid adjustment toward equilibrium. Diagnostic checks validate model reliability with no evidence of serial correlation, heteroskedasticity, or functional misspecification. The study concludes that Nigeria’s financial system remains insufficiently deep to drive poverty reduction and recommends targeted credit allocation, capital market strengthening, and digital-skills expansion to enhance inclusive welfare outcomes.

Keywords: Financial Development; Poverty Reduction; Autoregressive Distributed Lag (ARDL); GDP per Capita; Nigeria








1. Introduction
Poverty reduction remains one of the most challenging development issues confronting low- and middle-income countries, and Nigeria is no exception. While financial development has long been recognized as a catalyst for economic growth, its specific role in alleviating poverty has received comparatively less empirical attention. Earlier studies emphasized growth as the primary channel through which finance affects welfare (Bruno, Ravallion & Squire, 1998), yet recent evidence suggests that the finance–poverty relationship is more complex and may operate through both direct and indirect mechanisms. In theory, well-functioning financial markets broaden access to credit, mobilize savings, enhance resource allocation, and increase opportunities for income-generating activities, thereby supporting poverty reduction. However, in environments characterized by financial instability, weak institutions, or high inequality, the benefits of financial deepening may bypass the poor or even exacerbate existing vulnerabilities (Beck, Demirgüç-Kunt & Levine, 2007).
Nigeria presents a particularly intriguing case for reassessing this nexus. Despite significant financial sector reforms over the last two decades including bank consolidation (2004–2005), expansion of digital finance, and the National Financial Inclusion Strategy (2012, revised 2022) poverty remains persistently high. According to the National Bureau of Statistics (2023), over 133 million Nigerians are classified as multidimensionally poor. Meanwhile, the financial sector has expanded markedly: domestic credit to the private sector increased to 22.6% of GDP in 2023, mobile-money accounts have risen sharply, and capital market activities have deepened modestly (World Bank, 2024). Yet these developments have not translated into commensurate improvements in welfare, suggesting that the relationship between finance and poverty in Nigeria may differ from theoretical expectations.
Existing literature provides mixed conclusions. Some studies argue that financial development reduces poverty by improving credit access and facilitating economic participation among low-income households (Honohan, 2004; Jeanneney & Kpodar, 2008). Others contend that financial deepening may increase inequality or fail to benefit the poor where structural bottlenecks, financial exclusion, or weak regulatory frameworks dominate (Dollar & Kraay, 2002; Alam & Alam, 2021). Nigeria’s financial inclusion performance underscores this concern: despite policy efforts, 36% of Nigerian adults remained financially excluded in 2020, and access to formal credit remains extremely limited for low-income groups (EFInA, 2022). These contradictions raise important empirical questions about the true effect of financial development on poverty in Nigeria.
A re-examination using recent data is therefore warranted. The post-2015 period has been characterized by structural shifts including exchange-rate reforms, digital finance expansion, inflationary surges, and increased foreign capital volatility factors that may alter the finance–poverty relationship. Moreover, financial development now extends beyond banking depth to include market capitalization, credit distribution efficiency, fintech penetration, and digital access, all of which may influence welfare differently. Understanding whether Nigeria’s financial system effectively supports poverty reduction, or whether structural and institutional weaknesses mute its impact, is critical for designing evidence-based financial and social policies.
Against this backdrop, this study investigates the relationship between financial development and poverty reduction in Nigeria using annual data from 2004 to 2024. The objective is to provide updated empirical evidence on whether financial deepening measured through domestic credit, broad money, stock market development, and digital penetration significantly contributes to poverty reduction in the Nigerian context. This paper aims to clarify the channels through which finance affects welfare, determine the presence of long-run and short-run dynamics, and assess whether Nigeria’s evolving financial sector is inclusive enough to deliver meaningful poverty alleviation outcomes.

2.1 Conceptual and Theoretical Review
2.1.1 Concept of Financial Development
Financial development refers to the deepening, efficiency, and accessibility of financial institutions and markets in mobilizing savings, allocating credit, supporting investment, reducing information frictions, and facilitating risk management. In developing countries, financial development is commonly measured using indicators such as domestic credit to the private sector, broad money (M2) to GDP, stock market capitalization, and financial system efficiency (World Bank, 2024). Financial development is expected to affect welfare outcomes by expanding access to credit, smoothing consumption, encouraging investment in physical and human capital, and fostering inclusive economic activities.
2.1.2 Concept of Poverty Reduction
Poverty reduction is the process of lowering the proportion of individuals living below a defined minimum standard of living. While conventional measures rely on monetary thresholds (e.g., $2.15/day poverty line), broader multidimensional indicators—including access to education, health, housing, and financial services—are increasingly used (UNDP, 2023). In Nigeria, the National Bureau of Statistics (NBS, 2023) reports that 133 million individuals remain multidimensionally poor, underscoring the urgency of understanding determinants of welfare improvement.
2.1.3 Theoretical Link Between Financial Development and Poverty
a. Direct (Access-Based) Channel
The direct channel posits that financial development reduces poverty by improving poor households’ access to savings, credit, payment systems, and financial safety nets. Microfinance, mobile banking, and agency banking models are examples of mechanisms through which financial services directly empower low-income groups. The McKinnon (1973) conduit effect argues that financial deepening increases the real returns on savings, enabling poor households to accumulate funds toward productive investment. In this view, an inclusive financial system reduces liquidity constraints, enhances resilience against shocks, and supports income-generating activities.
b. Indirect (Growth-Based) Channel
A large body of theory (Schumpeter, 1912; Levine, 1999; Calderon & Liu, 2003) argues that financial development contributes to economic growth by improving capital allocation efficiency, mobilizing investment funds, and stimulating innovation. The trickle-down hypothesis suggests that growth generated by financial development ultimately improves the welfare of the poor. However, its critics argue that growth does not automatically translate into poverty reduction, especially where inequality is high or credit allocation is skewed toward large firms and wealthy individuals.
c. Financial Instability and the Poor
Financial instability—manifested through bank failures, inflation volatility, exchange rate swings, or credit contractions—disproportionately affects low-income groups. The poor have fewer assets, limited financial buffers, and less access to risk mitigation mechanisms. Instability can wipe out savings, disrupt payment systems, and amplify unemployment shocks. Studies such as Ramey & Ramey (1995), Andersen & Tarp (2003), and recent analyses by IMF (2022) show that growth volatility induced by financial instability worsens poverty outcomes, particularly in developing economies.
2.1.4 Dominant Theoretical Frameworks
Two major theoretical frameworks underpin contemporary studies:
a. Finance–Growth Hypothesis (Bagehot, 1873; McKinnon, 1973)
This theory holds that financial deepening drives economic growth, which in turn reduces poverty. It comprises three sub-arguments:
Supply-leading view: Financial development causes growth.
Demand-following view: Growth increases demand for financial services.
Bi-directional view: Growth and finance reinforce each other.
b. Inclusive Growth Theory (Kakwani & Pernia, 2000)
This theory emphasizes growth patterns that ensure active participation and benefit-sharing for poor households. Financial inclusion forms part of this framework by enabling disadvantaged groups to access credit, savings, and investment opportunities.
2.2 Empirical Review
Empirical literature provides mixed evidence regarding the relationship between financial development and poverty.
2.2.1 Evidence from Cross-Country and Panel Studies
Dollar and Kraay (2002) showed that financial development reduces poverty mainly through increasing per capita income, but only when measured using liquidity ratios. Jeanneney & Kpodar (2008) confirmed that financial deepening reduces poverty in developing countries, though the effect depends on the financial development indicator used. De-Haan, Pleninger & Sturm (2022), analyzing 84 developing countries, found that financial development increases income inequality and has no significant direct impact on poverty, suggesting that benefits may bypass the poor where financial systems are poorly regulated.
Omar & Inaba (2020), using data from 116 developing countries, revealed that financial inclusion significantly reduces poverty and inequality, stressing the role of digital financial services. However, the panel nature of these studies limits applicability to country-specific policymaking, given differences in financial structures and institutional quality.
2.2.2 Evidence from Country-Specific Studies
Alam & Alam (2021) examined India using ARDL methods and found that financial development reduces poverty only in the short run, with long-run effects insignificant. Giri, Pandey & Mohapatra (2021) showed that financial globalization had limited influence on inequality in India, while technological progress widened income gaps.
In Africa, Korankye et al. (2021) reported that financial development significantly influences poverty alleviation in selected African economies. Zulher & Ratnasih (2021) found similar results for developing countries, though their OLS methodology raises concerns regarding estimation bias.
In Nigeria, evidence remains fragmented and mixed. Fagbemi & Olufolahan (2019) found that capital inflows and financial development jointly reduce poverty. Some studies argue that financial inclusion thresholds are required before financial deepening benefits the poor (Aribaba, 2020; Nsiah et al., 2021). Others highlight challenges such as shallow credit markets, exclusion of rural households, and weak savings mobilization as barriers to poverty reduction (Migap et al., 2015; EFInA, 2022).
2.2.3 Evidence on Financial Instability and Poverty
Empirical work shows that financial instability exchange rate fluctuations, high inflation, banking crises harms poor households disproportionately (IMF, 2022). Growth volatility reduces poor households’ income more during downturns than growth increases it during expansions (de Janvry & Sadoulet, 2000). This implies that financial instability can offset the poverty-reducing effects of financial development.
2.3 Summary of Literature Gaps
The literature reveals several critical gaps that justify the present study:
1. Insufficient country-specific evidence for Nigeria (post-2015): Most studies rely on panel data, which masks Nigeria’s unique financial structure, institutional weaknesses, and volatility patterns.
2. Outdated or pre-fintech evidence: Few studies incorporate recent changes in Nigeria’s financial landscape digital banking expansion, mobile money, agency banking, and 2020–2023 financial inclusion reforms.
3. Limited integration of financial instability and financial development in poverty models: Existing Nigerian studies rarely examine how financial instability moderates or distorts the finance–poverty relationship.
4. Inconsistent poverty measures: Many studies rely solely on monetary poverty thresholds, ignoring Nigeria’s multidimensional poverty metrics available since 2022.
5. Weak empirical evidence using modern econometric approaches: Few studies employ ARDL, Bounds testing, ECM, or other robust time-series techniques suited for mixed-order variables and structural breaks.
6. Scarcity of updated datasets (2004–2024): There is a lack of studies using recent datasets covering stock market development, domestic credit, broad money, and poverty together.
3. Research Methodology
This study adopts an ex-post facto research design and relies on secondary annual data covering the period 2004–2024 to examine the relationship between financial development and economic performance in Nigeria. The ex-post approach is suitable because the variables already exist in historical records and cannot be manipulated by the researcher.
The study employs the Autoregressive Distributed Lag (ARDL) modelling framework developed by Pesaran, Shin, and Smith (2001). The ARDL technique is appropriate when variables are integrated of mixed orders I(0) and I(1), provided none is I(2). It also enables the estimation of both short-run dynamics and long-run equilibrium relationships within a single equation.
The functional form of the model is given as:
GDPC=F(DCPM, BM, MCAP, INT_USERS)
The econometric specification is expressed as:
GDPC DCPMBMMCAP INT_USERS + U                           1
Where:
GDPC = GDP per capita (dependent variable)
DCPM = Domestic credit to private sector (% of GDP)
BM = Broad money (% of GDP)
MCAP = Market capitalization of listed companies (% of GDP)
INT_USERS = Individuals using the internet (% of population)
Data were sourced from the World Bank Development Indicators (WDI) and the Central Bank of Nigeria Statistical Bulletin.
The empirical analysis follows five steps:
(1) Descriptive statistics and correlation analysis,
(2) Unit root testing using the Augmented Dickey–Fuller (ADF) test,
(3) ARDL Bounds testing for long-run cointegration,
(4) Estimation of long-run ARDL coefficients and short-run error-correction dynamics, and
(5) Diagnostic and stability tests to verify model adequacy.
Lag selection is guided by the Akaike Information Criterion (AIC).
Based on theoretical and empirical literature, domestic credit (DCPM), broad money (BM), market capitalization (MCAP), and internet usage (INT_USERS) are expected to exhibit positive effects on GDP per capita.



4.0 Data Analysis and Interpretation 
4.1 Descriptive Statistics
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The mean value of GDP per capita (GDPC) is approximately 2,309.61, indicating the average economic output per person during the study period. Domestic Credit to Private Sector (DCPM) averaged 13.14% of GDP, reflecting the level of private sector financing.
Broad Money (BM) shows an average of 23.55% of GDP, representing the depth of the financial system. The Stock Market Capitalization (MCAP) averaged 13.31% of GDP, suggesting a moderate-sized equity market.
Finally, Internet Users (INT USERS) averaged 20.75% of the population, showing the pace of digital adoption over the two decades. The data shows varying degrees of volatility across all series, as evidenced by their standard deviations.

[image: ]
4.2 ARDL Bounds Test for Cointegration
The ARDL bounds testing procedure was employed to determine whether a long-run relationship exists between GDP per capita (GDPC) and its financial and technological determinants:
Domestic Credit to Private Sector (DCPM), Broad Money (BM), Market Capitalization (MCAP), and Individuals Using the Internet (INT_USERS) for the period 2004–2024.
The ARDL bounds test was conducted to determine whether a long-run equilibrium relationship exists. The selected optimal model based on AIC was ARDL(1,2,1,0,0).
The computed F-statistic was:
F-Statistic = 8.78
At the 5% significance level, the upper-bound critical value for k = 4 regressors is:
I(1) = 4.088
Since:
8.78 > 4.088
the null hypothesis of no cointegration is rejected. This confirms the existence of a long-run relationship between GDP per capita and the explanatory variables.
4.3 Long-Run ARDL Estimates
DCPM (–79.83, insignificant): Private-sector credit does not enhance long-term welfare, possibly due to weak credit allocation efficiency or high credit risk.
BM (68.78, insignificant): Money supply expansion has no meaningful long-term effect on output per person.
MCAP (220.34, insignificant): Capital market activities remain too shallow to drive long-run welfare.
INT_USERS (–1.77, insignificant): Internet penetration does not automatically translate into productivity gains, possibly due to limited digital capacity.

4.4 Short-Run Dynamics and Error Correction Model (ECM)
Short-run changes in DCPM, BM, and MCAP are insignificant.
Short-run change in INT_USERS is positive and statistically significant at 5%, indicating that digital adoption yields immediate productivity benefits.
The error correction term (ECM = –0.81) is negative and significant, confirming a strong speed of adjustment toward long-run equilibrium (81% correction per year).

4.5 Diagnostic and Stability Tests
Diagnostic tests were conducted to ensure the reliability of the ARDL estimates. Results are summarized below.
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The Breusch–Pagan–Godfrey heteroskedasticity test (Obs*R² = 4.758115, Prob. Chi-square = 0.9067) shows that the null hypothesis of homoskedasticity cannot be rejected. This suggests that the variance of the error term is constant across observations, indicating that the model does not suffer from heteroskedasticity.
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The Breusch–Godfrey Serial Correlation LM test (Obs*R² = 1.783450, Prob. Chi-square = 0.4099) indicates that the null hypothesis of no serial correlation cannot be rejected at the 5% significance level. This implies that the residuals are free from autocorrelation, confirming that the ARDL model is appropriately specified with respect to its lag structure and that the estimated coefficients are not biased by serial dependence.
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The Ramsey RESET test (t = 0.624418, Prob. = 0.5522) provides no evidence of functional-form misspecification. Since the probability value is greater than 0.05, the null hypothesis that the model is correctly specified is accepted. This confirms that the ARDL model’s functional form is appropriate and that there are no significant omitted variables or incorrect nonlinear terms.

5. Summary, Conclusion And Policy Recommendations
This study re-examined the relationship between financial development and poverty reduction in Nigeria using annual data from 2004–2024 and the ARDL framework. The findings provide clear evidence of a long-run cointegrating relationship between GDP per capita and financial development indicators—domestic credit to the private sector, broad money, market capitalization, and internet usage. However, the long-run coefficients reveal that key financial indicators, although correctly signed in theory, exert statistically insignificant effects on welfare. This suggests that Nigeria’s financial system remains shallow, credit allocation is inefficient, and the benefits of financial deepening do not sufficiently trickle down to poor households.
In contrast, the short-run results indicate that internet usage significantly improves per-capita welfare, reflecting the growing contribution of digital access to income opportunities, productivity, and financial inclusion. The significant and negative error-correction term further confirms a strong and stable adjustment mechanism toward equilibrium, showing that short-run shocks are quickly corrected.
Overall, the findings imply that while financial development holds potential for poverty reduction in Nigeria, structural weaknesses, limited credit access for low-income groups, underdeveloped capital markets, and low financial literacy constrain its impact. Strengthening financial infrastructure, improving credit channel efficiency, and leveraging digital finance are necessary to enhance the poverty-reducing effects of financial development.
5.2 Recommendations
Based on the empirical outcomes, the following policy recommendations are proposed:
1. Improve credit allocation efficiency: Strengthen regulation, risk-management frameworks, and credit-rating mechanisms to ensure that private-sector credit is directed toward productive and inclusive economic activities.
2. Deepen financial inclusion through digital finance: Expand broadband access, support fintech innovation, and promote affordable digital financial services, as internet usage shows a strong short-run positive effect on welfare.
3. Strengthen capital market development: Encourage listing of small and medium enterprises, enhance investor confidence, and improve transparency to boost the long-run contribution of market capitalization.
4. Enhance financial literacy and digital skills: Invest in nationwide financial education to ensure that households can effectively use financial products and digital platforms to improve their welfare.
5. Promote policies that stabilize the financial system: Maintain low inflation, reduce banking sector vulnerabilities, and ensure macroeconomic stability to prevent shocks that disproportionately hurt poor households.
6. Support pro-poor financial reforms: Expand microfinance programs, youth-oriented credit schemes, and low-interest loans targeting informal and vulnerable groups.
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Breusch-Godfrey Serial Correlation LM Test:

Null hypothesis: No serial correlation at up to 2 lags

F-statistic 0.310768    Prob. F(2,6) 0.7440

Obs*R-squared 1.783450    Prob. Chi-Square(2) 0.4099
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Ramsey RESET Test

Equation: UNTITLED

Omitted Variables: Squares of fitted values

Specification: GDPC GDPC(-1) DCPM DCPM(-1) DCPM(-2) BM BM(-1)

        MCAP MCAP(-1) MCAP(-2) INT_USERS C

Value df Probability

t-statistic  0.624418  7  0.5522

F-statistic  0.389898 (1, 7)  0.5522

Likelihood ratio  1.029871  1  0.3102
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GDPC DCPM BM MCAP INT_USERS

 Mean  2309.605  13.14018  23.55091  13.30781  20.74572

 Median  2398.986  12.95747  24.78142  12.30183  21.00000

 Maximum  2585.734  20.83000  40.75520  30.50899  45.50000

 Minimum  1824.803  8.120360  11.30051  7.362535  1.286140

 Std. Dev.  223.5267  3.536010  6.688304  5.862057  12.85516

 Skewness -0.939267  0.682636  0.179362  2.112432  0.209306

 Kurtosis  2.678098  2.797764  4.216399  6.714023  1.966608

 Jarque-Bera  3.178448  1.666757  1.407271  27.68801  1.087743

 Probability  0.204084  0.434579  0.494783  0.000001  0.580497

 Sum  48501.70  275.9437  494.5692  279.4641  435.6600

 Sum Sq. Dev.  999283.7  250.0674  894.6681  687.2742  3305.101

 Observations  21  21  21  21  21
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ARDL Long Run Form and Bounds Test

Dependent Variable: D(GDPC)

Selected Model: ARDL(1, 2, 1, 2, 0)

Case 2: Restricted Constant and No Trend

Date: 11/21/25   Time: 11:15

Sample: 2004 2024

Included observations: 19

Conditional Error Correction Regression

Variable Coefficient Std. Error t-Statistic Prob.   

C -56.13773 230.4203 -0.243632 0.8136

GDPC(-1)* -0.106880 0.095697 -1.116864 0.2965

DCPM(-1) -8.532906 9.871456 -0.864402 0.4125

BM(-1) 7.351453 5.896741 1.246698 0.2478

MCAP(-1) 23.54962 7.725806 3.048176 0.0159

INT_USERS** -0.189614 1.812514 -0.104614 0.9193

D(DCPM) -6.134176 10.64895 -0.576036 0.5804

D(DCPM(-1)) -11.56235 5.952590 -1.942407 0.0880

D(BM) -8.204858 6.071845 -1.351296 0.2136

D(MCAP) 5.984035 2.363660 2.531682 0.0352

D(MCAP(-1)) -8.581329 3.554056 -2.414517 0.0422

  * p-value incompatible with t-Bounds distribution.

** Variable interpreted as Z = Z(-1) + D(Z).

Levels Equation

Case 2: Restricted Constant and No Trend

Variable Coefficient Std. Error t-Statistic Prob.   

DCPM -79.83621 112.1255 -0.712025 0.4967

BM 68.78221 56.46150 1.218214 0.2578

MCAP 220.3367 242.3268 0.909254 0.3898

INT_USERS -1.774080 16.73670 -0.105999 0.9182

C -525.2400 2600.967 -0.201940 0.8450

EC = GDPC - (-79.8362*DCPM + 68.7822*BM + 220.3367*MCAP -1.7741

        *INT_USERS - 525.2400)

F-Bounds Test Null Hypothesis: No levels relationship

Test Statistic Value Signif. I(0) I(1)

Asymptotic: n=1000

F-statistic  8.760805 10%   2.2 3.09

k 4 5%   2.56 3.49

2.5%   2.88 3.87

1%   3.29 4.37

Actual Sample Size 19 Finite Sample: n=35

10%   2.46 3.46

5%   2.947 4.088

1%   4.093 5.532

Finite Sample: n=30

10%   2.525 3.56

5%   3.058 4.223

1%   4.28 5.84
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Heteroskedasticity Test: Breusch-Pagan-Godfrey

Null hypothesis: Homoskedasticity

F-statistic 0.267274    Prob. F(10,8) 0.9725

Obs*R-squared 4.758115    Prob. Chi-Square(10) 0.9067

Scaled explained SS 0.708698    Prob. Chi-Square(10) 1.0000


