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Abstract
Artificial intelligence (AI) has now penetrated the core of most platform-based work. Yet its effects are far from uniform. Across the gig economy, workers encounter the same technological shift but experience it in remarkably different ways. Some draw upon AI-powered tools to improve output, broaden their expertise, and reach new markets. Others rarely engage with AI directly. Instead, their working lives are increasingly mediated by algorithms that assign tasks, track performance, and influence earnings. The contrast is striking.
These divergent experiences form the basis of the present inquiry. To address this, the present paper examines the growing AI divide within India's gig economy. A central question prevails: Why do workers operating within the same digital ecosystem derive different outcomes from the same technological transformation? To address this puzzle, a conceptual case-based approach is adopted. It compares the experiences of white-collar and blue-collar gig workers.
Three theoretical traditions form the foundation. Labour Process Theory provides insights into control and workplace power. Algorithmic Management Theory directs attention towards digital systems of coordination and oversight. Meanwhile, Digital Stratification Theory helps in explaining why technological gains are often distributed unevenly. Drawing these perspectives together, the paper develops the AI Divide and Labour Stratification Framework (AIDF).
A clear pattern emerges. For many white-collar gig workers, AI functions primarily as an enabling resource. Faster workflows. Greater visibility. Expanded professional opportunities. However, the experience of the blue-collar workforce differs considerably. Here, AI is encountered less as a productive asset and more through mechanisms of algorithmic governance. As a matter of fact, access to technology is not the core problem. The quantum capacity to derive value from it and the ability to exert influence over the systems through which it operates is the elemental concern. Accordingly, the AI divide can be understood as a developing form of labour stratification. The paper contributes to ongoing discussions surrounding digital labour, platform governance, and the future trajectory of work in an AI-enabled economy.
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1. Introduction
In today’s dynamic ecosystem, Artificial Intelligence (AI) is reshaping work at a pace rarely witnessed in previous technological transitions. From machine learning applications and predictive systems to the rapid diffusion of generative AI, digital technologies are increasingly influencing how work is performed, coordinated, and evaluated across industries (Brynjolfsson & McAfee, 2014; Acemoglu & Restrepo, 2019). Still the consequences of this shift remain uneven. Some workers use AI to streamline tasks, expand professional capabilities, and unlock new opportunities. Others encounter the technology in a very different form. For them, AI is embedded within systems that monitor performance, allocate work, and influence earnings. The distinction matters.
Few settings illustrate this contrast more clearly than the platform-based gig economy. Over the last decade, digital labour platforms have altered traditional employment relationships by linking workers and consumers through algorithmically mediated marketplaces (Wood et al., 2019; Vallas & Schor, 2020). Their reach now extends far beyond ride-hailing and food delivery. Software development, consulting, content creation, logistics, digital marketing, and a growing range of professional services increasingly operate through platform infrastructures (Kässi & Lehdonvirta, 2018). India occupies a particularly significant position within this transformation. Rapid digitalization, expanding internet access, and a large labour force have contributed to the emergence of one of the world's largest platform labour markets (NITI Aayog, 2022).
The growing integration of AI into platform work appears promising. Advocates frequently portray AI as a capability-enhancing technology which tends to enhance human performance, improves efficiency, and create new avenues for value creation (Brynjolfsson & McAfee, 2014; Autor, 2022). However, a different narrative has gained increasing attention. Within many platform environments, AI functions through algorithmic systems that allocate tasks, evaluate performance, influence earnings, and shape worker behaviour (Möhlmann & Zalmanson, 2017; Duggan et al., 2020; Kellogg et al., 2020).
This raises an important question. Why do workers operating within the same digital economy often experience AI so differently?
The existing literature offers only a partial answer. Knowledge intensive freelancers may engage directly with AI-powered tools to enhance creativity, productivity, and professional mobility. Delivery personnel, ride-hailing drivers, and logistics workers are more likely to encounter AI through systems that govern task allocation, customer visibility, performance monitoring, and incentive structures. The contrast is difficult to ignore. A single technological shift appears capable of expanding opportunities for some workers while simultaneously reinforcing constraints for others.
Traditional discussions of digital inequality have largely focused on access to technology, connectivity, and digital skills (van Dijk, 2020). Such concerns remain relevant. They are no longer sufficient. Increasingly, workers share access to similar technological environments but differ substantially in their ability to derive value from it. Access alone tells only one part of the story. More consequential may be the capacity to leverage AI as a productive resource and the ability to influence the systems through which it operates.
Although research on AI, platform work, and digital inequality has expanded considerably. These conversations have largely evolved along separate tracks. Labour Process Theory has traditionally focused on questions of control, surveillance, and managerial authority in technologically mediated workplaces. Research on algorithmic management has examined how digital systems coordinate and regulate worker behaviour (Kellogg et al., 2020). Meanwhile, scholarship on digital stratification has explored why technological gains are distributed unevenly across social and economic groups. Valuable insights emerge from each perspective. Taken individually, they struggle to explain how worker capability, technological engagement, governance structures, and labour outcomes interact within contemporary platform economies.
The challenge becomes particularly significant in India. Highly skilled freelancers, platform-based professionals, delivery workers, and ride-hailing drivers increasingly operate within the same technological ecosystem while occupying markedly different occupational positions. Few labour markets display such diversity. Fewer still combine rapid digital transformation with substantial labour-market heterogeneity. This coexistence offers a useful lens through which emerging forms of technological inequality can be examined.
Against this backdrop, the present study develops the AI Divide and Labour Stratification Framework (AIDF). Rather than viewing AI as inherently empowering or inherently controlling, the framework draws attention to the conditions under which different outcomes emerge. It particularly emphasises on the interaction between worker capability, platform governance, platform dependency, technological engagement, and worker agency.
Three objectives guide the inquiry:
RO1: To examine how artificial intelligence shapes labour experiences across different categories of gig workers.
RO2: To identify the factors that contribute to divergent outcomes of empowerment and algorithmic control within platform-mediated work environments.
RO3: To develop a conceptual framework that explains how the emerging AI divide contributes to labour stratification in the gig economy.
In pursuing these objectives, the study addresses the following questions:
RQ1: How does AI shape labour experiences across different categories of gig workers?
RQ2: What factors contribute to divergent outcomes of empowerment and algorithmic control within platform-mediated work?
RQ3: How does the emerging AI divide contribute to labour stratification in the gig economy?
Drawing on Labour Process Theory, Algorithmic Management Theory, and Digital Stratification Theory, the paper adopts a conceptual case-based approach to examine these issues. The resulting framework contributes in three ways. First, it reconceptualizes the AI divide as a form of labour stratification rather than merely a technological disparity. Second, it brings together three complementary theoretical traditions that are rarely integrated within a common explanatory structure. Third, it offers a framework capable of explaining why AI may function as a source of opportunity for some workers while simultaneously operating as a mechanism of algorithmic control for others.
The future of platform work is unlikely to be determined by technology alone. Distribution matters. So do capability, influence, and governance. Considering this, one question becomes increasingly difficult to avoid: Who benefits from AI, under What conditions and at Whose cost?

2. Theoretical Foundations of the AI Divide
Why do technological advances create opportunity for some workers while generating new forms of dependence for others? The question is hardly new. What has changed is the technological landscape within which it now unfolds. Across platform-based work environments, AI simultaneously appears as a tool of productivity, a mechanism of coordination, and, in certain contexts, a source of control. No single theoretical perspective is sufficiently equipped to capture these overlapping realities.
Accordingly, this study draws upon three complementary theoretical traditions: Labour Process Theory, Algorithmic Management Theory, and Digital Stratification Theory. Each foregrounds a different dimension of the problem. Labour Process Theory directs attention towards questions of power and control. Algorithmic Management Theory illuminates the digital infrastructures through which work is coordinated and monitored. Digital Stratification Theory, meanwhile, helps explain why technological benefits are often distributed unevenly across workers and occupational groups. Considered together, these perspectives offer a richer explanation of how AI contributes to emerging forms of labour stratification within the gig economy.
2.1 Labour Process Theory
Questions of control have occupied a central position within the sociology of work for decades. Long before artificial intelligence entered workplace discussions, scholars were concerned with how technological and managerial systems could reshape the balance of power between organizations and workers. It was within this context that Braverman (1974) advanced Labour Process Theory (LPT), arguing that technological innovations are rarely neutral instruments of efficiency alone. They also possess the capacity to reorganize work, redistribute authority, and influence worker autonomy. This insight remains remarkably relevant.
Technology is not simply something that workers use. It is also something that can be used upon workers. The distinction is subtle but important. While technological systems may enhance productivity and coordination, they may simultaneously extend managerial oversight by making worker activities more visible, measurable, and subject to evaluation. As a result, efficiency gains and control mechanisms frequently evolve together. Contemporary scholars have extended these arguments into digital work environments, where data-driven technologies increasingly mediate labour processes (Kellogg et al., 2020). Under such conditions, managerial authority is often exercised less through direct supervision and more through technological infrastructures. It continuously collects, process, and evaluate information. The supervisor does not disappear. Instead, supervision becomes embedded within systems.
Platform work illustrates this shift particularly well. Digital labour platforms coordinate large and geographically dispersed workforces with minimal direct interaction between workers and managers. However, the absence of traditional supervision should not be mistaken for the absence of control. Task allocation, visibility, performance ratings, incentive structures, and access to future opportunities are frequently influenced by technological systems operating behind the interface. 
From the perspective of the present study, Labour Process Theory provides an important foundation for understanding why AI may function as a mechanism of control within platform-based work environments. More importantly, it directs attention towards the power relationships embedded within technological systems themselves. This perspective becomes particularly valuable when examining the algorithmic control pathway proposed within the AI Divide and Labour Stratification Framework (AIDF), where technological governance emerges as a key source of labour differentiation.

2.2 Algorithmic Management Theory 
As digital platforms expanded, managerial authority began to take new forms. Decisions once made by supervisors became embedded within technological systems. This shift lies at the heart of Algorithmic Management Theory. Rather than relying primarily on human oversight, platform organizations use algorithms to allocate tasks, monitor performance, evaluate outcomes, and guide worker behaviour (Lee et al., 2015; Möhlmann & Zalmanson, 2017; Kellogg et al., 2020). The change is subtle. Yet profound.
Within many platform-based work environments, algorithms determine who receives work, how performance is assessed, and, in some cases, how earnings are calculated. They influence worker visibility, estimate completion times, and continuously process large volumes of behavioural data. What emerges is a form of coordination that operates at scale and often in real time. Human managers remain present. Their authority is majorly exercised through digital infrastructures. Supporters of algorithmic systems frequently highlight their operational advantages. Faster coordination. Lower transaction costs. More efficient allocation of resources. From this perspective, algorithmic management offers a practical solution to the challenges of managing geographically dispersed workforces. 
Questions of transparency and accountability continue to attract scholarly attention. Workers are often aware that algorithms shape important decisions, yet they may possess limited knowledge of how those decisions are reached. Under such conditions, information asymmetries can emerge, potentially restricting opportunities for participation, contestation, or negotiation.  This insight is particularly relevant for the present study. Algorithmic Management Theory highlights the governance mechanisms through which AI-enabled platforms organize labour and regulate worker behaviour. More importantly, it helps to explain why technological systems may produce uneven experiences across workers occupying different positions within the same digital ecosystem. These ideas provide an important foundation for understanding platform dependency, algorithmic control, and the governance dimension of the AI Divide and Labour Stratification Framework (AIDF).

2.3 Digital Stratification Theory 
Control and governance are only the prologue of the story. An equally important question remains: Why do workers exposed to similar technologies often experience different outcomes? Digital Stratification Theory offers a useful point of departure for addressing this puzzle (Reynolds, R. 2021; Van Dijk, 2020; Ragnedda & Ruiu, 2020). Early discussions surrounding the digital divide were primarily concerned with access. The central issue was straightforward. Who possessed the infrastructure, connectivity, and technological resources required to participate in an increasingly digital society? Over time, scholars began to recognize a more complex reality. Access alone was not enough. Individuals frequently operated within the same technological environment while deriving vastly different benefits from it. The distinction is worth noting.
Digital Stratification Theory shifts attention from technological availability to technological advantage. It suggests that inequalities persist not because technology is absent, but because individuals possess different capacities to convert technological resources into meaningful social and economic gains. Consequently, the same technology can expand possibilities for some while offering only limited benefits to others. Workers may share access to digital platforms, interact with similar technological systems, and participate in the same labour market. Their experiences, however, often diverge considerably. Some are able to deploy AI to enhance productivity, strengthen professional capabilities, and improve occupational mobility. Others encounter AI primarily through systems that govern work allocation, performance evaluation, and platform visibility.
From the perspective of the present study, Digital Stratification Theory provides the conceptual foundation for understanding the AI divide as an evolving form of technological inequality. More importantly, it helps to explain why technological transformation does not automatically translate into shared benefits. The outcomes vary, so do the opportunities. These insights form the basis of the capability dimension within the AI Divide and Labour Stratification Framework (AIDF).

2.4 Synthesising the AI Divide
Viewed independently, each theoretical perspective illuminates an important aspect of platform-based work. Yet none offers a complete explanation on its own. Labour Process Theory draws attention to questions of power and managerial control. Algorithmic Management Theory explains how digital systems coordinate, evaluate, and govern labour. Digital Stratification Theory, meanwhile, focuses on the uneven distribution of technological benefits and opportunities. Valuable insights emerge from each tradition. The puzzle remains only partially resolved.
The rapid diffusion of AI has created work environments in which individuals operate within shared technological infrastructures while experiencing markedly different realities. Some workers use AI to enhance productivity, expand professional capabilities, and improve occupational mobility. Others encounter the same technology primarily through systems that allocate tasks, assess performance, and regulate access to opportunities. The divergence is difficult to overlook. A common technological environment does not necessarily produce common outcomes. Neither access nor control alone appears sufficient to explain this pattern.
If technological access were the sole issue, workers operating within the same digital ecosystem would be expected to derive broadly similar benefits. The reality appears more nuanced. Differentiated labour outcomes emerge through the interaction of worker capability, platform governance, technological engagement, and broader structural conditions. It is at this intersection that the present study locates the AI divide.
The concept is proposed as a way of capturing an increasingly visible, yet insufficiently theorized form of technological inequality. More specifically, the AI divide refers to disparities in workers' capacity to derive value from AI and influence AI-mediated systems. The distinction matters. Differences in technological use are only part of the story. Equally important are disparities in autonomy, opportunity, visibility, and occupational advancement that arise within digitally mediated work environments.
In accordance to this, the central question shifts. The issue is no longer whether workers possess access to technology. Rather, it concerns how technology distributes opportunities and constraints across different groups of workers. This insight forms the intellectual foundation for the AI Divide and Labour Stratification Framework (AIDF).

3. Divergent Experiences of AI in Platform Work: Towards Understanding the AI Divide
3.1 AI and the Transformation of Platform Work
Artificial intelligence is no longer a peripheral feature of platform economies. It plays a pivotal role in determining how work is organized, coordinated, and performed. Increasingly, organizations are integrating AI into operational and decision-making processes across a wide range of activities (Davenport & Ronanki, 2018). Advances in machine learning, predictive analytics, and generative AI have altered not only the tools utilised by the workers, but also the systems through which it is structured (Acemoglu & Restrepo, 2019; Brynjolfsson & McAfee, 2014; Autor, 2022). A paradigm shift has occurred. Technology is no longer simply supporting work processes. In many contexts, it is actively shaping them.
Digital platforms provide a particularly visible illustration of this transformation. AI-enabled systems now support worker-customer matching, workflow optimization, service personalization, demand forecasting, and operational decision-making. Much of this activity occurs quietly in the background. Yet its influence is substantial. As platforms become increasingly data-driven, technological systems play an important role in determining how opportunities are created, distributed, and managed.
Within knowledge-intensive occupations, AI is frequently deployed as a capability-enhancing resource. Freelancers, consultants, designers, programmers, and content creators increasingly rely on AI-powered tools to support coding, research, content generation, problem-solving, and decision-making. Routine tasks can often be completed more efficiently. Under such conditions, AI is commonly associated with productivity gains, skill enhancement, and expanded professional opportunities (Brynjolfsson et al., 2023).
A different reality is visible elsewhere. Across ride-hailing, food delivery, and logistics platforms, AI often performs a more organizational function. It allocates work, estimates performance, predicts demand, and manages customer interactions. Workers interact with the technology continuously, yet not necessarily as users of AI-enabled tools. More often, they encounter AI through systems that coordinate and evaluate their work. The distinction is subtle. Its implications are not.
These contrasting experiences have attracted growing scholarly attention. Evidently, much of the existing literature continues to emphasize either the opportunities created by AI or the risks associated with its adoption. The space between these perspectives remains comparatively underexplored. Limited attention has been devoted to understanding why workers operating within the same platform economy often derive markedly different outcomes from similar technological transformations. It is within this unresolved tension that the foundations of the AI divide begin to emerge.

3.2 Algorithmic Governance and Worker Experiences
As AI became more deeply embedded within platform economies, managerial authority began to assume new forms. To a large extent, digital platforms rely on algorithms to allocate tasks, monitor performance, determine incentives, and regulate interactions between workers and customers (Möhlmann & Zalmanson, 2017; Kellogg et al., 2020). Much of this governance occurs behind the interface. Workers rarely see the system, but the influence is felt continuously.
The appeal of algorithmic governance is easy to understand. Platforms often operate across large geographical areas while coordinating thousands of workers simultaneously. Under such conditions, automated systems can improve efficiency, reduce coordination costs, and facilitate access to work opportunities. Faster decisions. Greater scalability. Lower administrative burden. From an organizational standpoint, the advantages are considerable. However, it is more complicated than it appears.
A growing body of research points towards tensions that accompany algorithmic management. Decisions affecting task allocation, performance assessment, earnings, and worker visibility are increasingly delegated to technological systems (Duggan et al., 2020; Lee et al., 2015). Although workers are frequently aware that algorithms influence important outcomes, they often possess limited knowledge of how those decisions are reached. In many instances, opportunities to challenge or negotiate algorithmic decisions remain constrained.
These experiences are not distri  buted evenly across platform work. Studies of ride-hailing and delivery platforms suggest that workers commonly encounter algorithms as mechanisms of monitoring and behavioural regulation, shaping everyday work practices and influencing economic outcomes (Wood et al., 2019). A somewhat different reality exists within knowledge-intensive platform occupations. Here, workers often retain greater discretion regarding how technology is incorporated into their activities, even when platform infrastructures remain technologically mediated. 
The point of differentiation is not simply the presence of AI, but the manner in which AI is embedded within work processes. Similar technologies can generate very different experiences depending on occupational context, platform design, and the degree of worker dependence on algorithmically mediated systems. Despite valuable contributions, much of the existing literature continues to focus on specific occupations or individual platforms. Comparatively less attention has been devoted to understanding how AI-enabled governance produces contrasting experiences across the broader platform economy. This unresolved issue remains central to understand the emerging AI divide.

3.3 From Digital Divide to AI Divide 
Discussions of technological inequality are hardly new. For decades, scholars have examined how differences in access to digital technologies shape social and economic opportunities. Early research on the digital divide focused primarily on connectivity, infrastructure, and access to information and communication technologies (Reynolds, R. 2021; van Dijk, 2020). The concern was straightforward. Who could participate in an increasingly digital world, and Who remained excluded? Over time, the debate evolved.
Researchers gradually recognized that access alone could not fully explain unequal outcomes. Individuals often shared similar technological environments yet differed considerably in the benefits they derived from them. Skills, resources, social position, and opportunities all influenced how technology was used and, ultimately, what advantages it generated (Ragnedda & Ruiu, 2020). The digital divide therefore became less about possession and more about conversion. The emergence of AI complicates this picture further.
Unlike earlier digital technologies, AI does not simply provide access to information or communication networks. It increasingly participates in decision-making processes, influences visibility, shapes opportunities, and mediates interactions within digital labour markets. Workers may access the same platforms. They may even interact with similar technological systems. Yet their relationship with AI can differ profoundly. For some workers, AI functions as a productive resource. It supports creativity, accelerates learning, improves efficiency, and expands professional possibilities. For others, AI is encountered primarily through systems that allocate work, evaluate performance, and regulate access to income-generating opportunities. The technology may be shared. The advantages are not.
This distinction carries important implications. Traditional digital divide frameworks help explain differences in access and usage, but they offer only a partial account of inequalities arising within AI-enabled work environments. What increasingly appears to matter is not merely whether workers possess access to technology, but whether they possess the capability to derive value from AI and the capacity to influence AI-mediated systems.
The shift is subtle. But its consequences are not.
Viewed from this perspective, the notion of an AI divide begins to take shape. The concept draws attention to emerging disparities in technological advantage, worker agency, and access to opportunities within platform economies. Despite growing interest in AI and the future of work, this phenomenon remains comparatively underexplored. Addressing it requires moving beyond traditional discussions of digital access towards a more nuanced understanding of how AI contributes to labour differentiation within contemporary platform-based work.

3.4 Research Gap and Study Positioning: Towards an Integrated Understanding of the AI Divide
The preceding discussion reveals a growing body of scholarship examining the relationship between AI, platform work, and labour outcomes. Significant advances have been made. Research informed by Labour Process Theory and Algorithmic Management Theory has illuminated how digital systems shape worker autonomy, performance evaluation, managerial oversight, and organizational control (Kellogg et al., 2020; Duggan et al., 2020). At the same time, studies of digital inequality have drawn attention to the uneven distribution of technological benefits across individuals and social groups (Reynolds, R. 2021; van Dijk, 2020). Collectively, these contributions have deepened understanding of technological change within contemporary labour markets.
Across the literature, two seemingly contrasting narratives continue to dominate. One portrays AI as a source of productivity enhancement, capability development, and professional opportunity. The other emphasizes surveillance, algorithmic control, and worker precarity. Both perspectives are supported by substantial evidence. Neither appears entirely sufficient on its own. What remains less clear is why these outcomes frequently emerge within the same platform economy, often under the influence of similar technological systems. The contradiction is revealing.
Existing studies commonly examine highly skilled digital workers and platform-dependent service workers as separate analytical categories. Valuable insights emerge from such approaches. Their explanatory reach, however, remains limited. Comparatively less attention has been devoted to understanding how different forms of gig work generate contrasting experiences of AI within a shared technological environment. As a result, the mechanisms connecting capability, governance, technological engagement, and labour outcomes remain only partially understood. A second issue warrants attention. Much of the current literature focuses on technological adoption. Far less attention has been directed towards technological outcomes. Access to AI is undoubtedly important. Yet access alone cannot explain why some workers convert AI into opportunity while others encounter it primarily as a system of coordination, evaluation, and control. The distinction matters.
It is at this intersection that the present study is positioned.
Rather than treating empowerment and algorithmic control as competing explanations, the study views them as interconnected outcomes arising from workers' differing locations within platform-based labour systems. Drawing together insights from Labour Process Theory, Algorithmic Management Theory, and Digital Stratification Theory, it introduces the concept of the AI divide as an emerging form of labour stratification. Building upon this foundation, the study develops the AI Divide and Labour Stratification Framework (AIDF) to explain how worker capability, platform governance, platform dependency, technological engagement, and worker agency interact to shape labour experiences.
Viewed in this way, the central issue is not whether AI empowers or controls workers. Both outcomes are visible. The more important question concerns the conditions under which each outcome becomes more likely. Addressing that question provides the foundation for the framework developed in the following section.



4. Developing the AI Divide and Labour Stratification Framework (AIDF) 
4.1 Conceptualizing the AI Divide
A recurring pattern runs through contemporary discussions of AI and work. The technology is often presented as a source of opportunity, innovation, and productivity enhancement. Yet an equally visible reality exists. Across platform economies, many workers encounter AI not as a tool they actively use, but as a system that governs how work is allocated, evaluated, and rewarded. The contrast is difficult to ignore. A common technological transformation appears to generate very different experiences.
Why does this happen?
Existing explanations provide important clues. Research on digital inequality highlights differences in access, skills, and technological resources. Studies of labour process and algorithmic management draw attention to surveillance, control, and organizational authority. Valuable insights emerge from these perspectives. Still, something remains unresolved. Workers increasingly operate within the same digital ecosystem, interact with similar technological infrastructures, and participate in interconnected labour markets. Their outcomes, however, often diverge considerably.
The gap between access and advantage becomes particularly important here.
The concept of the AI divide is proposed as a way of understanding this divergence. Unlike traditional digital divide perspectives, which focus primarily on technological access, the AI divide draws attention to differences in workers' ability to derive value from AI and shape the conditions under which AI operates. Access matters. It is no longer enough. Two workers may engage with comparable technological systems and yet experience entirely different occupational trajectories. Workers do not occupy identical positions within platform-based labour systems. Some engage directly with AI as a productive resource. They use AI-powered tools to support learning, enhance efficiency, strengthen creativity, and expand professional opportunities. Others encounter AI indirectly through systems that allocate tasks, monitor performance, regulate visibility, determine incentives, and influence access to work. The technology may be similar. The experience is not.
This distinction shifts the focus of analysis. The central issue is no longer whether workers possess access to AI, but whether they possess the capability, autonomy, and opportunity to convert AI into meaningful advantage. Under such conditions, technological outcomes become closely intertwined with occupational position, platform governance, and worker agency. AI therefore emerges not simply as a technological resource, but also as a potential source of differentiation within digital labour markets. The implications are significant as the AI divide represents an emerging form of labour inequality situated at the intersection of technology, governance, and work. More importantly, it provides a bridge between long-standing debates on digital inequality and contemporary discussions surrounding platform labour. AI can create opportunity. It can also reinforce dependence. In many cases, both processes occur simultaneously. Understanding this duality provides the conceptual foundation upon which the AI Divide and Labour Stratification Framework (AIDF) is developed.

4.1.1 The Dual-Dimensional Nature of the AI Divide
At first glance, the explanation appears straightforward. Workers who possess stronger digital skills, greater technological familiarity, and better access to AI-enabled resources should be more likely to benefit from artificial intelligence. There is certainly some truth in this assumption. Yet the reality is less straightforward.
Consider two workers operating within the same digital ecosystem. Both may possess access to AI tools. Both may demonstrate comparable levels of technological competence. Their outcomes, however, can differ substantially. One is able to convert AI into higher productivity, greater visibility, and improved occupational prospects. The other is not. Something else appears to be at work.
This observation forms the starting point for understanding the AI divide.
The first dimension is conceptualized as the capability divide. Drawing upon insights from Digital Stratification Theory, it refers to differences in workers' ability to translate AI into meaningful economic, professional, and developmental advantages (Reynolds, R. 2021; van Dijk, 2020; Ragnedda & Ruiu, 2020). Capability extends beyond technical proficiency alone. Learning capacity matters. Occupational expertise matters. Access to complementary resources matters too. Under such conditions, workers sharing the same technological environment may derive very different levels of benefit from identical technologies.
Yet capability tells only part of the story.
A curious paradox emerges within many platform economies. Some workers possess the skills necessary to engage effectively with AI while exercising little influence over the systems that shape their work. They can use the technology. They cannot meaningfully shape it.
This second dimension is conceptualized as the governance divide. It captures disparities in workers' ability to understand, challenge, negotiate, or influence AI-mediated decision-making processes. Increasingly, platform algorithms determine task allocation, performance evaluation, visibility, incentives, and access to future opportunities. Not all workers encounter these systems from the same position. Some retain a degree of influence, while others do not. Each dimension reveals only part of the picture. Capability explains who is able to derive value from AI. Governance explains who possesses influence over the systems through which that value is distributed. The two are closely connected, yet they are not identical.
The AI divide emerges at their intersection.
Many may lack capability. Others may lack influence. Some may lack both. As these disparities accumulate, technological differences begin to translate into broader inequalities in autonomy, opportunity, mobility, and labour-market outcomes. Seen in this light, the AI divide is not simply a question of technology. It is ultimately a question of advantage.

4.2 Developing the AI Divide and Labour Stratification Framework (AIDF)
A persistent tension runs throughout contemporary platform economies. Workers often operate within the same technological environment, interact with similar digital infrastructures, and participate in comparable labour markets. Yet their experiences of AI differ dramatically. For some, artificial intelligence opens new avenues for learning, productivity, and occupational advancement. For others, it appears primarily as a system of coordination, evaluation, and control. The divergence is striking.
What explains this difference?
The AI Divide and Labour Stratification Framework (AIDF) is developed as a response to this question. Rather than treating technological outcomes as the automatic consequence of AI adoption, the framework proposes that labour experiences emerge through the interaction of structural conditions, patterns of technological engagement, and worker responses. Technology matters. Context matters too.
Three structural conditions occupy a foundational position within the framework: worker capability, platform governance, and platform dependency. These conditions shape the environment within which AI is encountered and experienced. Worker capability reflects the knowledge, digital competencies, occupational expertise, and adaptive capacities that enable individuals to engage effectively with technological systems. Platform governance captures the rules, algorithms, policies, and decision-making structures through which labour is coordinated. Platform dependency, meanwhile, reflects the extent to which workers rely on platform-mediated work for economic security and income generation.
The manner in which workers interact with AI is equally important. Here, a crucial distinction emerges. Some workers engage directly with AI through tools that support problem-solving, creativity, communication, learning, and productivity enhancement. Others encounter AI indirectly through algorithmic systems that allocate tasks, assess performance, regulate visibility, and influence access to opportunities. The technology may be shared not the interaction.
Individuals learn, adapt, experiment. At times, they resist. Worker agency therefore occupies a central place within the framework. Although structural conditions establish boundaries, workers continuously respond to those conditions through skill development, strategic adaptation, negotiation, and behavioural adjustment. Their responses influence how technological systems are ultimately experienced.From these interactions, two broad pathways begin to emerge.
The first may be described as an empowerment pathway. Under such conditions, AI functions primarily as a resource that supports capability development, productivity enhancement, learning, and occupational mobility. Opportunities expand. Professional possibilities widen. Workers are better positioned to convert technology into advantage.
A different trajectory is also visible.
Within the algorithmic control pathway, AI operates primarily through systems of governance and coordination. Labour experiences become increasingly shaped by monitoring mechanisms, performance metrics, task-allocation systems, and platform rules that often remain beyond workers' influence. Efficiency may improve. Transparency does not always follow.
It is at the intersection of these pathways that the AI divide becomes visible.
The framework proposes that this divide consists of two interconnected dimensions. The first concerns capability. Not all workers possess the same capacity to transform AI into meaningful economic, developmental, or occupational gains. The second concerns governance. Workers differ considerably in their ability to understand, influence, negotiate, or challenge the systems through which AI-mediated decisions are made. One dimension shapes access to benefit. The other shapes access to influence. Over time, disparities in capability and governance may accumulate. What initially appears as a technological difference can gradually evolve into broader inequalities in autonomy, opportunity, visibility, and occupational mobility. Labour stratification emerges not because AI affects everyone differently by design, but because workers encounter and navigate AI from markedly different positions within platform-based labour systems.
Therefore, the AI divide is more than a technological phenomenon. It becomes a mechanism through which labour differentiation is produced and, in some cases, reinforced. By bringing together worker capability, platform governance, platform dependency, technological engagement, and worker agency, the AIDF offers an integrated explanation of how AI contributes to emerging patterns of inequality within the digital economy.

Table 1 - Components of the AI Divide and Labour Stratification Framework (AIDF)
	Framework Dimension
	Description
	Role in the Framework

	Worker Capability
	Digital skills, expertise, and adaptive capacity
	Shapes the ability to leverage AI productively

	Platform Governance
	Platform rules, algorithms, and decision systems
	Influences access to opportunities and work conditions

	Platform Dependency
	Degree of reliance on platform work for livelihood
	Determines exposure to algorithmic control

	Nature of AI Interaction
	Direct use versus indirect exposure to AI systems
	Mediates labour outcomes

	Worker Agency
	Adaptation, learning, strategic behaviour, and resistance
	Influences responses to AI-mediated environments

	Empowerment Pathway
	Capability enhancement and opportunity creation
	Positive labour trajectory

	Algorithmic Control Pathway
	Monitoring, evaluation, and governance mechanisms
	Control-oriented labour trajectory

	Capability Divide
	Unequal ability to benefit from AI
	Dimension of the AI Divide

	Governance Divide
	Unequal ability to influence AI-mediated decisions
	Dimension of the AI Divide

	Labour Stratification
	Unequal long-term labour outcomes
	Ultimate consequence of the AI Divide




4.3 Conceptual Propositions
The preceding discussion points towards a central insight. Workers do not encounter AI under identical conditions. Differences in capability, governance structures, platform dependency, technological engagement, and individual responses create distinct pathways through which AI is experienced. Some workers are better positioned to convert technology into opportunity. Others remain more exposed to systems of coordination and control. These variations form the basis for a series of conceptual propositions.
A first pattern becomes visible when capability is considered. Across platform economies, workers differ substantially in their levels of digital literacy, occupational expertise, and adaptive capacity. Such differences influence how effectively AI can be incorporated into learning, problem-solving, and value-creating activities. Capability, therefore, is unlikely to be a neutral factor. It may fundamentally shape how technology is experienced.
Proposition 1 (P1):
Worker capability positively influences the likelihood that AI will be experienced as a source of empowerment rather than as a mechanism of control.
Capability alone does not explain the entire picture. For many workers, the degree of dependence on platform-mediated work shapes everyday interactions with technological systems. Those relying heavily on digital platforms for income often have fewer opportunities to disengage from algorithmic processes governing task allocation, performance evaluation, and access to economic rewards. The consequences can be significant.
Proposition 2 (P2):
Higher levels of platform dependency increase the likelihood that workers will experience AI through mechanisms of algorithmic governance and control.
A different consideration follows. Similar structural conditions do not always produce identical outcomes. The manner in which workers encounter AI may be equally important. Some engage directly with AI-powered tools. Others interact primarily with algorithmic systems operating in the background. The distinction matters.
Proposition 3 (P3):
The nature of AI interaction mediates the relationship between structural conditions and labour outcomes.
More specifically, direct engagement with AI as a productive resource is expected to generate capability-enhancing outcomes, whereas indirect engagement through governance systems is more likely to reinforce algorithmic forms of control. At this stage, a broader pattern begins to emerge. Technological inequality appears to stem from more than a single source. Differences in workers' ability to utilize AI and differences in their ability to influence AI-mediated decision-making processes often operate simultaneously. Neither dimension is sufficient on its own.
Proposition 4 (P4):
The AI divide emerges through the combined influence of capability asymmetries and governance asymmetries within platform-mediated work environments.
One dimension concerns access to benefit. The other concerns access to influence. Together, they shape the distribution of technological advantage across the platform economy.
The implications extend beyond immediate workplace experiences. Small differences rarely remain small. Over time, disparities in learning opportunities, productivity gains, visibility, autonomy, and access to resources may accumulate. Workers positioned favourably within AI-enabled environments are likely to experience greater opportunities for advancement, while others may become increasingly dependent on platform structures over which they exercise limited control.
Proposition 5 (P5):
Persistent AI divides contribute to labour stratification over time by generating unequal opportunities for capability development, occupational mobility, and economic advancement.
Taken together, these propositions suggest that labour outcomes cannot be understood through technology alone. They emerge through the interaction of worker characteristics, governance structures, technological engagement, and platform conditions. More importantly, the propositions provide an analytical foundation for future empirical inquiry. Some may receive strong support. Others may require refinement. That is precisely the purpose of conceptual development. The framework offers a starting point rather than a final destination.
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Source: Developed by the authors based on the synthesis of Labour Process Theory, Algorithmic Management Theory, and Digital Stratification Theory.
4.4 Interpreting Labour Stratification Through the AIDF
A recurring assumption within discussions of technological change is that innovation produces broadly similar benefits for those exposed to it. The experience of AI within platform economies suggests otherwise. Workers increasingly operate within shared technological environments, yet the opportunities available to them often differ considerably. The contrast is not accidental. Nor is it easily explained through technology alone. The AIDF begins from a different premise.
Rather than treating AI as the primary driver of labour outcomes, the framework directs attention towards the conditions under which AI is encountered and experienced. Technology matters. But its effects appear to be mediated by a wider set of factors, including worker capability, platform governance, platform dependency, and the capacity of workers to respond to evolving technological environments.
For some workers, AI functions primarily as a productive resource. It supports learning, enhances efficiency, strengthens professional capabilities, and creates access to new opportunities. Under such conditions, technological engagement can become a source of occupational mobility and long-term advantage. A different experience is visible elsewhere. Many workers encounter AI less as a tool and more as an infrastructure of governance. Task allocation, performance evaluation, visibility, incentives, and access to future opportunities become increasingly mediated through systems operating beyond their direct influence. The technology is shared. The experience is not.
This distinction lies at the centre of the framework's interpretation of labour stratification. Capability undoubtedly matters. Workers with stronger digital competencies and greater adaptive capacity are often better positioned to derive value from AI-enabled environments. Yet capability alone cannot fully account for emerging inequalities. A worker may possess the skills necessary to engage effectively with AI while exercising little influence over the systems that govern their work. The reverse may also occur. Something more complex appears to be unfolding.
It is here that the dual dimensions of the AI divide become particularly significant.
The capability divide draws attention to differences in workers' ability to convert AI into meaningful economic, developmental, and occupational gains. The governance divide focuses on a related, but distinct, question: who possesses influence over AI-mediated decision-making processes and who does not? One concerns access to advantage. The other concerns access to influence. Both shape labour outcomes. Neither can be ignored.

Moreover, workers are not merely passive recipients of technological change. They learn, adapt, negotiate, and, at times, resist. These responses do not eliminate structural constraints, but they often influence how such constraints are experienced. Labour outcomes therefore emerge through an ongoing interaction between technological systems and human agency. The relationship is dynamic rather than deterministic. Platform dependency adds a further layer of complexity. Workers with diversified income sources, transferable skills, and greater occupational mobility frequently possess more room to manoeuvre within AI-enabled environments. Others may rely heavily on platform-mediated work for economic security. Under such conditions, exposure to algorithmic governance becomes more difficult to avoid, and opportunities to challenge platform decisions may remain limited.
Small differences in learning opportunities, technological influence, visibility, and occupational mobility can accumulate over time. Advantages reinforce advantages. Constraints reinforce constraints. What initially appears as a technological distinction may gradually evolve into a broader pattern of labour differentiation. Stratification, in this sense, is not produced by a single technological intervention. It emerges through repeated interactions between workers and AI-mediated systems. This insight carries important implications. The question is no longer whether workers have access to AI. Access is only the starting point. A more consequential concern relates to who is able to derive value from AI, who can influence the systems through which it operates, and how these differences shape future opportunities. Viewed from this perspective, AI becomes more than a technological innovation. It becomes part of the mechanism through which opportunities are distributed within contemporary labour markets.
The framework therefore challenges simplistic narratives that portray AI as either empowering or restrictive. Both realities are visible. Often, they coexist within the same platform economy. Understanding this coexistence is essential because it shifts attention from technological adoption to technological outcomes. It also helps explain why the future of work is likely to be characterized not by a single experience of AI, but by many.

5. Methodological Approach
5.1 Conceptual Design and Analytical Context
The phenomenon examined in this study presents a particular challenge. Artificial intelligence is becoming increasingly embedded within platform-based work, yet its consequences remain uneven and, at times, contradictory. Some workers appear to benefit from new opportunities for learning, productivity, and occupational mobility. Others encounter AI primarily through systems of coordination and control. Explaining this divergence requires more than measurement alone. It requires conceptual interpretation.
For this reason, the study adopts a conceptual case-based research design. The objective is not to test causal relationships or establish statistical generalizations. Instead, the focus is placed on theory building. More specifically, the approach seeks to explain why workers operating within the same digital economy often experience AI in markedly different ways and how these experiences may contribute to emerging forms of labour stratification. A conceptual strategy is particularly useful when theoretical understanding remains fragmented. Although research on AI, algorithmic management, and platform work has expanded rapidly, insights continue to be dispersed across multiple streams of scholarship. Valuable contributions exist. The connections between them remain less clear. The present study therefore combines conceptual synthesis with illustrative case evidence drawn from platform-mediated work environments.
India offers a useful setting for this inquiry. Few labour markets combine rapid digital transformation with such occupational diversity. Knowledge-based freelancers, platform professionals, ride-hailing drivers, and delivery workers increasingly operate within the same technological ecosystem while experiencing AI under very different conditions.
The analysis draws upon illustrative examples from two broad categories of platform work. The first includes knowledge-intensive platforms such as Upwork, Fiverr, and Freelancer, where workers frequently engage directly with AI-enabled tools as part of the production process. The second includes service-oriented platforms such as Uber, Ola, Swiggy, and Zomato, where AI is more commonly encountered through systems of coordination, monitoring, and algorithmic governance. The contrast is revealing.
Rather than evaluating individual platforms, these examples function as analytical contexts through which broader patterns of AI-mediated labour can be interpreted. In doing so, the study provides the conceptual foundation for applying and illustrating the AI Divide and Labour Stratification Framework (AIDF). 
5.2 Evidence Base and Analytical Strategy
Conceptual inquiry still requires evidence. The difference lies in how that evidence is used. Rather than generating primary data, the present study draws upon existing sources to identify patterns, tensions, and relationships that help explain divergent experiences of AI within platform-based work. Peer-reviewed scholarship formed the primary evidence base. Literature relating to artificial intelligence, platform labour, algorithmic management, Labour Process Theory, and digital inequality was examined to identify recurring themes and areas of theoretical convergence. Particular attention was directed towards discussions of worker autonomy, technological capability, platform governance, and changing labour processes within digitally mediated environments.
Academic research was supplemented by policy and institutional reports. Publications from organizations such as the International Labour Organization (ILO), NITI Aayog, and the World Economic Forum provided broader insights into labour-market transformation, technological adoption, platform work, and future workforce trends. These sources helped situate the analysis within contemporary economic and policy debates.
Across diverse studies and platform contexts, workers appeared to encounter AI in markedly different ways. For some, AI functioned primarily as a capability-enhancing resource. For others, it was experienced through systems of coordination, monitoring, and performance regulation. The contrast became the starting point for deeper inquiry.
The subsequent analysis focused on identifying the conditions underlying these differences. Five recurring themes repeatedly surfaced across the literature: worker capability, platform governance, platform dependency, technological engagement, and worker agency. Examining these factors in isolation proved insufficient. Their significance became clearer when viewed as interconnected elements shaping labour experiences and access to technological advantage.
The final stage involved integrating these insights through the lenses of Labour Process Theory, Algorithmic Management Theory, and Digital Stratification Theory. Rather than explaining isolated aspects of platform work, the objective was to understand how technological, organizational, and occupational conditions interact. The resulting framework emerged from this process of synthesis and interpretation. More importantly, it offers a way of explaining why workers participating in the same digital economy often experience AI very differently.

5.3 Scope, Boundaries and Limitations
The present study is positioned as a theory-building contribution. Its purpose is not to predict worker behaviour or establish causal relationships, but to explain why AI generates divergent labour experiences within platform-based work environments. The focus therefore remains on interpretation rather than measurement. More specifically, the study examines how worker capability, platform governance, platform dependency, technological engagement, and worker agency interact to shape labour outcomes. The resulting framework should be viewed as an analytical lens rather than a deterministic model.
The analysis is deliberately confined to the platform-based gig economy, where interactions between workers and AI are particularly visible. Although many of the underlying insights may resonate beyond platform work, the framework is developed within this specific context. Its explanatory power in other forms of employment remains an open question. 
First, the study is conceptual in nature and does not draw upon primary empirical data. The relationships proposed within the AI Divide and Labour Stratification Framework (AIDF) are theoretically informed and would benefit from further empirical examination across different occupational, organizational, and geographical settings. Future research may refine, challenge, or extend these relationships through quantitative, qualitative, or mixed-method approaches.
Second, the platform examples used throughout the analysis are illustrative rather than exhaustive. Worker experiences vary across industries, regulatory environments, platform architectures, and labour-market conditions. The framework therefore seeks to explain broader patterns rather than platform-specific realities.
A final consideration relates to the technology itself.
Artificial intelligence continues to evolve rapidly. New forms of human–AI interaction, changing governance arrangements, and emerging platform models may alter how workers experience technological systems in the future. The relationships identified in this study should therefore be understood as provisional rather than fixed. Yet the broader issue remains difficult to ignore. Even as technologies change, questions surrounding technological advantage, worker influence, and unequal labour outcomes are likely to persist. By shifting attention from access to outcomes, the framework offers a foundation for future inquiry into one of the defining challenges of the digital economy: why workers sharing the same technological environment often experience profoundly different futures.

6. Applying the AIDF: Understanding divergent AI Experiences in the Gig Economy
6.1 The Empowerment Pathway: Experiences of White-Collar Gig Workers
Among many knowledge-based gig workers, AI increasingly functions as a professional resource rather than a supervisory mechanism. Freelancers operating through platforms such as Upwork, Fiverr, and Freelancer often engage directly with AI-enabled tools as part of their everyday work activities. Programmers use AI-assisted coding applications. Designers experiment with generative design tools. Content creators employ AI for research, ideation, drafting, and editing. The applications differ. The underlying pattern remains remarkably similar.
AI is rarely valuable on its own.
Its effectiveness depends heavily on the knowledge, judgment, and expertise of the individual using it. Workers with stronger digital capabilities are generally better positioned to evaluate outputs, refine results, and integrate AI into productive workflows. Under such conditions, technology tends to amplify existing strengths rather than replace human contribution (Brynjolfsson et al., 2023; Autor, 2022).
Autonomy also plays an important role. Most knowledge-based freelancers retain considerable discretion over when, where, and how AI is incorporated into their work. Such flexibility has long been recognized as a defining characteristic of many forms of online platform work (Lehdonvirta, 2018). They can experiment with different tools, adapt their practices, and selectively adopt new technologies. From the perspective of the AIDF, this combination of capability and direct technological engagement creates conditions associated with the empowerment pathway. AI becomes a source of learning, productivity enhancement, and professional mobility. The worker remains in control of the tool.

6.2 The Algorithmic Control Pathway: Experiences of Blue-Collar Gig Workers
A different picture emerges within many forms of platform-based service work. Ride-hailing drivers, delivery personnel, and logistics workers operate in environments that are equally dependent on AI-enabled systems, yet their interaction with technology follows a different logic.
Here, AI is encountered less as a productive resource and more as an organizing infrastructure.
Platforms such as Uber, Ola, Swiggy, and Zomato rely extensively on algorithms to allocate tasks, optimize routes, estimate delivery times, calculate incentives, and evaluate performance (Möhlmann & Zalmanson, 2017; Lee et al., 2015; Duggan et al., 2020). These systems undoubtedly improve coordination. They also shape access to opportunities, visibility, and earnings.
Workers typically observe the outcomes of algorithmic decisions without fully understanding how those decisions are generated. Information asymmetries emerge. Transparency becomes limited. Customer-rating systems further reinforce this dynamic by influencing reputation, future task allocation, and access to incentives. Flexibility remains possible, but it operates within boundaries largely established by platform systems.
Platform dependency deepens this relationship. For workers relying heavily on digital platforms as a primary source of income, disengagement is rarely straightforward. Strategies of adaptation certainly exist. Influence, however, often remains constrained. Viewed through the AIDF, these conditions align more closely with the algorithmic control pathway, where AI functions primarily through governance, coordination, and performance regulation.
The worker interacts with the system. The system largely defines the terms of interaction.

6.3 The AI Divide in Perspective
Comparing these pathways highlights a central insight of the framework. Workers who engage most directly with AI frequently possess greater autonomy over how technology is used. Conversely, workers whose labour is most extensively governed by AI often possess the least influence over its operation.
The paradox is striking. Proximity to AI does not necessarily translate into control over AI.
For many freelancers, AI remains a tool that can be adopted, modified, or ignored according to professional needs. For many platform-dependent workers, AI operates as an institutional infrastructure that shapes opportunities irrespective of individual preferences. The distinction extends beyond technology itself. It reflects differences in capability, governance, dependency, and access to influence.
Viewed in this way, the AI divide is not simply a matter of technological exposure. Workers may encounter AI continuously while exercising little control over how AI-mediated systems allocate opportunities, evaluate performance, or distribute rewards. Unequal access to influence therefore becomes just as significant as unequal access to technological capability.
This insight sits at the heart of the AIDF. The future of work may not be defined by whether workers use AI. Increasingly, it may be defined by how they encounter it—and by how much influence they possess over the systems through which it operates.



Table 2: Comparative AI Experiences Across Gig Workers

	Dimension
	White-Collar Gig Workers
	Blue-Collar Gig Workers

	Primary Interaction with AI
	Direct use of AI tools and applications
	Indirect interaction through platform algorithms

	Role of AI
	Productivity enhancement and task augmentation
	Task allocation, monitoring, and coordination

	Degree of Worker Control
	Relatively high
	Relatively low

	Skill Development Potential
	High opportunity for capability enhancement
	Limited opportunities for skill enhancement

	Decision-Making Influence
	Greater influence over AI-assisted workflows
	Limited influence over algorithmic decisions

	Labour Market Outcomes
	Professional advancement and market expansion
	Income dependence and platform reliance

	Dominant Experience
	Empowerment and augmentation
	Algorithmic governance and control

	Long-Term Implication
	Increased occupational mobility
	Potential labour vulnerability




7. Advancing Understanding of AI-Mediated Labour Inequality 
7.1 Theoretical Contributions
The present study contributes to emerging debates on artificial intelligence, platform work, and labour inequality in three important ways.
First, it reconceptualizes the AI divide as a labour-market phenomenon rather than a purely technological one. Existing discussions of technological inequality have largely focused on access, skills, and patterns of digital use. These concerns remain relevant. Yet the growing integration of AI into platform economies suggests that a different question is becoming increasingly important: who is able to derive value from AI and who possesses influence over the systems through which AI operates? By shifting attention from technological access to technological outcomes, the study extends contemporary discussions of digital inequality into the domain of AI-mediated work.
A second contribution lies in theoretical integration. Research on labour process, algorithmic management, and digital stratification has generated valuable insights, but these traditions have often evolved along separate intellectual trajectories. The present study brings them into conversation. Viewed together, they offer a richer explanation of how technological systems shape opportunities, constraints, and worker experiences within platform-based labour markets. The result is a more holistic understanding of the relationship between technology, governance, and inequality.
A third contribution concerns the concept of labour stratification itself. Existing debates frequently portray AI as either a source of empowerment or a mechanism of control. The framework developed in this study suggests that both realities can coexist. More importantly, they may emerge from the same technological environment. The significance of this insight extends beyond platform work. It highlights how technological transformation can generate differentiated pathways through which advantages and disadvantages accumulate over time.
The contribution is not simply the identification of a new divide. It is the recognition that technological inequality increasingly operates through differences in capability, influence, and access to opportunity. The implications are likely to become more pronounced as AI becomes further embedded within contemporary labour markets.

7.2 Practical and Policy Implications
The framework developed in this study carries implications that extend beyond academic debate. If the AI divide reflects differences in both technological capability and technological influence, then efforts aimed solely at expanding access to technology are unlikely to be sufficient. Access matters. Yet access alone does not guarantee meaningful participation in AI-enabled labour markets.
For platform organizations, the findings highlight the importance of transparency and worker inclusion. Algorithmic systems increasingly shape task allocation, performance evaluation, incentives, and visibility. Under such conditions, questions surrounding explainability and accountability become difficult to ignore. Workers may not require complete control over platform algorithms, but greater clarity regarding how important decisions are made could reduce informational asymmetries and strengthen trust within digital work environments.
The framework also points towards a broader challenge for policymakers and labour institutions. Much of the existing policy discussion surrounding digital inclusion continues to focus on infrastructure and technological adoption. While these remain important priorities, future interventions may need to place greater emphasis on capability development. Digital literacy alone is unlikely to be enough. Workers increasingly require the skills necessary to use AI productively, evaluate AI-generated outputs, and adapt to rapidly changing technological environments.
Another implication concerns workforce development. Educational institutions, training providers, and professional organizations may need to reconsider how employability is understood in the age of AI. Technical competence remains important. Equally important is the ability to work alongside intelligent systems, exercise critical judgment, and continuously update skills in response to technological change.
The broader message is straightforward. Reducing technological inequality requires more than expanding access to AI. It also requires creating conditions through which workers can derive value from AI and, where possible, exercise meaningful influence over the systems that shape their opportunities. The distinction may prove increasingly important as AI becomes more deeply embedded within the future of work.

7.3 Future Research Directions
The AI Divide and Labour Stratification Framework (AIDF) is intended as a starting point for further inquiry rather than a definitive explanation of AI-mediated work. Several avenues for future research emerge from the present analysis.
A first priority involves empirical validation. The relationships proposed within the framework would benefit from examination across different categories of gig workers, platform types, and national contexts. Quantitative studies could assess the relative influence of worker capability, platform dependency, and governance structures on labour outcomes, while qualitative research could provide deeper insights into how workers experience and interpret AI-mediated systems in everyday practice.
A second direction concerns the evolving nature of AI itself. Generative AI, autonomous systems, and emerging forms of human–AI collaboration are likely to reshape platform work in ways that remain only partially understood. Future research may therefore explore whether new technological developments reinforce existing divides or create entirely new forms of labour differentiation.
Finally, comparative research across industries and institutional settings could help clarify how regulatory frameworks, labour protections, and platform governance models influence the distribution of technological opportunities and constraints.
The questions are unlikely to disappear. As AI becomes more deeply embedded within labour markets, understanding who benefits, who influences, and who remains excluded will become increasingly important.

8. Concluding Reflections and Future Outlook
Artificial intelligence is reshaping the world of work at remarkable speed. Yet its consequences are proving far less uniform than many early narratives suggested. Across platform economies, workers increasingly operate within the same technological environment while experiencing fundamentally different realities. Some engage with AI as a resource that supports learning, productivity, and professional growth. Others encounter it primarily through systems that allocate tasks, evaluate performance, and regulate access to opportunities. The contrast is difficult to overlook.
This divergence forms the central concern of the present study.
Drawing upon Labour Process Theory, Algorithmic Management Theory, and Digital Stratification Theory, the paper developed the AI Divide and Labour Stratification Framework (AIDF) as a way of understanding why similar technological systems often generate different labour outcomes. Rather than locating inequality in technology alone, the framework directs attention towards the conditions through which technology is encountered and experienced. Capability matters. Governance matters. Agency matters too.
The expansion of AI does not simply introduce new tools into the workplace. It also reshapes the distribution of opportunity and influence. Workers may participate in the same digital economy while differing substantially in their ability to derive value from AI or exercise influence over AI-mediated systems. Under such conditions, technological inequality extends beyond questions of access. It becomes increasingly tied to differences in capability, autonomy, and power. The implications are significant.
Discussions surrounding the future of work often present AI as either a source of empowerment or a mechanism of control. The analysis developed here suggests that the reality is more complex. Both outcomes can coexist. In many instances, they emerge from the same technological environment. What differs are the conditions under which workers engage with the technology and the extent to which they possess influence over the systems shaping their work.
The future of work is therefore unlikely to be defined by AI alone. It will also be shaped by how the benefits, opportunities, and decision-making power associated with AI are distributed. This distinction may prove increasingly important as platform economies expand and AI becomes more deeply embedded within labour markets.
Ultimately, the defining inequality of the AI era may not be who has access to artificial intelligence. The more consequential question is who can convert AI into opportunity, who can influence the systems through which it operates, and who remains excluded from both. The answers to these questions are likely to shape not only the future of platform work, but the future of labour itself.
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Figure 1. The AI Divide and Labour Stratification Framework (AIDF)
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