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ABSTRACT
In the dynamic landscape of education, integrating learning analytics, a transformative force in education, revolutionizes established models by providing a profound understanding of the learning process through data gathering, analysis, and interpretation. The review covered all scholarly, open-access, and relevant literature from 2013 to 2023. The study examined 50 peer-reviewed scientific sources from credible journals and comprehensively explores the multifaceted landscape of learning analytics in education by employing thematic analysis. The inquiry focuses on three main themes: Educational Challenges, Trends in Learning Analytics, and Benefits of Learning Analytics in Education. The study emphasizes the importance of learning analytics in tackling academic challenges, employing data-driven observations to anticipate and overcome barriers, and improving the learning process. The use of learning analytics across various educational settings and highlights their benefits, including improved student performance, data-informed decision-making, and personalized educational support. Benefits include early identification of at-risk students and the provision of personalized, motivational interventions. Data-driven strategies guide interventions, allocate resources effectively, and enhance educational practices. This review highlights the significant impact of learning analytics on student performance and achievement. It emphasizes the importance of early intervention, personalized strategies, and feedback mechanisms in enhancing academic success. The study also highlights the diverse uses of learning analytics, such as informing educators' decision-making, predictive modeling, and providing personalized educational support. It emphasizes the international effort to use learning analytics to improve student learning and achievements globally. The research provides insights into the challenges and opportunities of using learning analytics to enhance student learning and achievement.
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INTRODUCTION
Technology integration has become a fundamental element in revolutionizing traditional teaching methods in the ever-changing field of education. Learning analytics emerges as a powerful catalyst, revolutionizing established models and providing an unparalleled understanding of the learning process. Learning analytics involves gathering, analyzing, and interpreting data on learners and learners' environments. It has become increasingly important due to its ability to address challenges, monitor emerging developments, and leverage significant advantages worldwide (Siemens & Long, 2011). This paper explores the complex field of learning analytics in education, highlighting the issues it addresses, the global trends it reveals, and the benefits it offers to educational practice.
The global implementation of learning analytics has ushered in a new era of educational progress, signaling a fundamental shift in tackling ongoing challenges. The primary research inquiry guiding this examination is: What educational challenges are effectively addressed by the global implementation of learning analytics? This study explored the precise ways in which learning analytics can help address the various challenges that education systems face, such as personalized learning and retention rates. It provides customized solutions that improve the educational experience for both learners and educators.
As the use of learning analytics increases, examining patterns in global education is crucial. The second research question explores global trends in learning analytics in education, focusing on the changing nature of learning analytics applications and their influence on teaching and learning methods. By examining current patterns, we aim to provide a thorough understanding of the technological paths that shape the field of education, stimulating discussion of the possible consequences and opportunities these trends may offer.
Incorporating learning analytics into global education practices addresses challenges, monitors trends, and offers many benefits. The third research question focuses on pointing out the advantages that arise from using learning analytics in global education practices. It seeks to reveal the benefits and profound impacts of learning analytics on educational systems, elucidating the advantages of informed decision-making, customized learning experiences, and overall improvements in educational outcomes.
This systematic review adds to the academic discourse and provides insights for policy-making and practice by exploring the field of learning analytics in education. Our goal is to comprehensively understand how learning analytics will impact the future of education worldwide by addressing challenges, monitoring trends, and leveraging its advantages. This research enhances comprehension of the impact of learning analytics on global educational practices by examining these dimensions.

METHODOLOGY
This paper utilized a thematic approach in conducting a systematic literature review. This review offers a methodical and straightforward approach to collecting, combining, and evaluating discoveries on a particular subject or inquiry. The objective is to reduce the prejudice associated with individual studies and non-systematic reviews" (Sweet et al., 2007). In addition, according to Gaogoses and Koglin (2020), a thematic analysis entails systematically generating summaries of significant and recurring themes found in the articles. This paper executes the following steps:
Step 1: Searching for literature.
It searched literature from Google and ResearchGate using keywords such as Learning Analytics, Education, Global, and High School.
Step 2: Screen and select literature from the results.
Downloaded and evaluated online articles are kept in the same folders at this level. In selecting articles, the article relates to Learning Analytics, Predictive Analytics, Machine learning, or Data mining. The review covered all scholarly, open-access, and relevant literature from 2013 to 2023.
Step 3: Evaluating selected literature via predetermined criteria for inclusion and removal.                    
Every article is published in open-access, respectable, and peer-reviewed journals. Included were theses and dissertations. This literature may consist of either empirical or theoretical articles. The term "former" refers to research conducted in a specific domain using original data or sources. Simultaneously, the latter refers to articles based on secondary data that serve as data for theoretical papers, such as reviews and meta-analyses. The bibliographies of the articles that met the criteria underwent inspection. The literature included was carefully evaluated and chosen based on the same criteria. The titles selected relate to learning analytics. The article's published timeframe was 2013 to 2023.
Step 4: Extracting data.
The researcher retrieves remarks, information, or excerpts from each article at this stage. During this phase, the researcher reads extensively to identify the connection to existing knowledge on learning analytics. By engaging in this process, the researcher categorizes similarities and differences, discerns patterns, and evaluates the caliber and technique of the contribution. The final stage themes were derived.
Step 5:  Synthesizing information.
The researcher employed a comprehensive analysis, focusing on the underlying topics. The conclusion restates the synthesis by summarizing the key themes of the review.

LITERATURE SEARCH RESULT
The Google search yielded around 306,000,000 results, while the ResearchGate search yielded 6,669 results. The study chose articles based on these numbers.
At first, 53 studies passed the screening process. The appraisal process included inclusion and exclusion criteria, qualified 41 articles from Google, and nine (9) papers from ResearchGate. This study examined 50 peer-reviewed scientific sources from credible journals. The discussion of the data revolved around three research topics: Educational Obstacles, Learning Analytics Trends, and the Benefits of Learning Analytics in Education.

RESULT AND DISCUSSIONS
This section presents the key findings of the research. The analysis revealed that learning analytics significantly improves educational outcomes by addressing academic challenges, highlighting emerging trends, and offering clear benefits such as informed decision-making, personalized learning, and enhanced educational effectiveness. The discussion interprets these results and explains their implications for educational practice and policy.

A. Educational Obstacles
Worldwide usage of learning analytics solves educational issues. Learning analytics can assist educational institutions in decision-making, improving instruction, and addressing issues such as individualized learning, student performance gaps, and resource optimization (LAK Conference, 2020). Data-driven insights allow educators and institutions to adapt interventions, identify at-risk students, leverage global educational resources, and create a more efficient and fair educational system. In this section, we determine the educational obstacles effectively addressed by the global implementation of learning analytics and categorize them into three overarching themes that summarize these obstacles.

Theme 1: Academic Performance Challenges
Learning analytics is crucial for understanding and addressing the complex issues of academic achievement in education. It is a guiding light, enabling educational institutions to actively recognize and remove obstacles that impede students' academic progress. 
Learning analytics is the systematic collection, analysis, and interpretation of data on student learning and academic achievement, yielding a comprehensive understanding of many aspects of the educational process. Blikstein and Worsley (2016) demonstrate the ability to collect data effortlessly from various sources at regular intervals, highlighting the significant impact of advanced technologies. It uses state-of-the-art machine learning tools to reveal complex student learning paths, particularly in activities that involve developing unique, personalized learning objects. Yang et al. (2018) demonstrated the effectiveness of learning analytics approaches by predicting students' academic performance, addressing the pressing need for efficient knowledge management, and deepening learning delivery methodologies. In addition, the importance of learning analytics is underscored  by Dindar et al. (2021) and Sense et al. (2021), who highlight the pivotal role of machine learning algorithms. When combined with learning analytics, these algorithms effectively forecast test scores, optimize the allocation of study time, and customize learning experiences to individual needs. Adaptive learning systems are a practical approach to improving study time, filling in knowledge gaps, and increasing trust in the effectiveness of learning analytics. The "Educational Data Mining Challenge" conducted by Stamper and Pardos (2016) focuses on the prediction accuracy of student replies in Intelligent Tutoring Systems. Furthermore, Cloude et al. (2021) explore the challenges of promoting reflection in a game-based learning environment, offering valuable insights into the optimal timing and methods for facilitating reflection in these dynamic contexts. Jääskelä, Heilala, Häkkinen, and Kärkkäinen (2021), along with Reyes (2018), utilize learning analytics to understand and improve students' performance in online education programs. Substantially contribute to comprehension and improving performance in remote education by identifying vital attributes such as demographic information, previous academic experiences, learner readiness, and learning behavior. In a study on computer programming among high school students, Samngamjan, Philuek, and Malangpoo (2021) examine several factors, including teachers, learning environments, media, and students themselves, and found that it enhances our understanding of the obstacles inherent in these crucial elements, offering valuable perspectives for educators and institutions. Kim et al. (2016) and Khan and Al-Zubaidy (2017) emphasize the crucial use of learning analytics in monitoring educational platforms and carefully analyzing changes in academic performance. It demonstrates the importance of learning analytics in addressing various educational challenges, ultimately enhancing a comprehensive learning experience. Learning analytics is important beyond only making predictions. 

Theme 2: Student Engagement and Well-being
One of the common objectives of modern educational research is to improve student involvement, foster well-being, and ensure long-term retention in educational settings. The challenges of e-learning participation, identifying mental health vulnerabilities, and providing timely interventions for at-risk students have become more prominent, especially during the shift to remote learning and the complex challenges of technology-enhanced educational platforms. 
Many research projects have used learning analytics to address complex challenges and make significant educational breakthroughs. Queiroga et al. (2020) and Markdy Y. Orong et al. (2020) focused on student attrition to examine the impact of student involvement, well-being, and retention. It was found that employing learning analytics can predict and actively prevent student attrition, and that the use of  predictive analytics can reveal the elements contributing to student attrition in Higher Education Institutions (HEIs).
On the other hand, Macarini et al. (2019) propose incorporating machine learning to identify students likely to withdraw early. Then, Prieto L.P., Pishtari G., Dimitriadis Y., Rodríguez-Triana M.J., and Ley T. (2023) used  analytics to address high dropout rates in undergraduate algorithms and programming courses and discovered that students were leaving doctoral studies in large numbers due to mental health challenges.
Krishnan et al. (2022) focus on the challenges posed by the COVID-19 pandemic and investigate how Learning Analytics (LA) could enhance Learning Management Systems (LMS) to improve the quality of online education. Lower et al. (2018) investigate students' learning behavior in e-learning environments by analyzing data from Learning Management Systems (LMS) and YouTube analytics. Pereira et al. (2020) propose a comprehensive approach to data collection in computer science (CS) classes and suggest using the CodeBench Online Judge to address challenges in studying student behavior. 
Fahd et al. (2021) suggest incorporating machine learning models to analyze student interactions in blended learning environments. The goal is to detect and support students at risk of academic failure. Herodotou et al. (2020) explore the field of predictive learning analytics (PLAs), emphasizing its effectiveness in identifying higher-education students at risk and noting the lack of studies demonstrating successful PLA implementations.
Nevertheless, Slade et al. (2023) shed light on a significant undercurrent of apprehension, highlighting a widespread absence of confidence in learning analytics. The lack of trust concerns privacy, prejudice, transparency, and the apparent commercialization of education. Examining fairness in more detail, Heiser et al. (2023) analyze bias in the use of learner data in higher education institutions. The research emphasizes the varying levels of knowledge and understanding of data among the participants. Retes et al. (2021) highlight a gap in research on Learning Analytics Dashboards (LADs), particularly the insufficient attention to learners' needs. Šmitienė et al. (2021) provide valuable insights into the uncertainty and practical challenges of using learning analytics in selecting tools, using systems, and assessing the advantages for learners. Swauger and Kalir (2023) advocate for the abolition of learning analytics and emphasize the need for careful consideration and deliberate confusion in its development and implementation.
Furthermore, the scope of inquiry encompasses specific academic obstacles as well as more general difficulties encountered by educational institutions. In the study, Arinto (2016) investigates the challenges open universities face in the Philippines towards remote learning and the intricate nature of technology-enhanced learning. The author proposes integrating open learning principles, distance education teaching methodologies, and e-learning technologies. Bordoloi et al. (2021) examine the importance of online/blended learning during crises, investigating people's views and difficulties, specifically in the Indian setting during and after the COVID-19 pandemic. Nunes et al. (2019) address the difficulties in teacher education in Brazil and suggest using learning analytics as a practical approach to addressing low graduation rates in undergraduate teacher education programs. Sahni (2023) examines the impact of rapid advances in information technology on educational systems, specifically emphasizing student engagement in online learning environments. In addition, Qazdar et al. (2022) examine the rapid digitization of education and training amid the pandemic, acknowledging the widespread use of Learning Management Systems (LMS) and acknowledging shortcomings in monitoring instructional progress. It provides a complete understanding of the various and complex educational difficulties. The versatile uses of learning analytics are efficient in tackling issues such as student attrition, dropout rates, technical support, and the varied needs of learners. 

Theme 3: Extending Learning Analytics to Diverse Educational Levels
The study of learning analytics is a fundamental aspect of modern educational research, demonstrating its widespread impact across educational contexts and effectively addressing challenges in higher education, K-12 classrooms, and technology-enhanced learning environments. 
Wiley, Dimitriadis, and Linn (2023) lead this discussion by introducing the Human-Centered Learning Analytics (HCLA) design technique, a versatile methodology that is easy to apply in K-12 classrooms. Liu et al. (2022) stress the importance of studying the learning paths of middle school students participating in digital learning games and how K -12 learning analytics can enhance educational experiences at fundamental levels by examining behavioral patterns. The study by Friedl, Ebner, and Ebner (2020) showcases the revolutionary capacity of learning analytics. The research adeptly enhances teacher-student interactions by integrating digital media into educational instruction. The development of a mobile application prototype, carefully built using learning analytics metrics provided by experts, demonstrates the effectiveness of learning analytics in creating customized solutions that meet the individual needs of each learner. Rudhumbu (2022) explores the adoption of blended learning in Zimbabwean institutions using the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) and illuminates the readiness of higher education institutions for the Fourth Industrial Revolution (4IR), emphasizing the crucial role of Learning Management Systems (LMS) in this period of transformation. The worldwide adoption of learning analytics is a powerful solution to various educational challenges. Grimm et al. (2023) are the first to make significant progress in cultivating STEM identity by promoting learning analytics as a contemporary approach to customizing STEM learning environments. Srimadhaven et al. (2020) propose integrating Virtual Reality (VR) into higher education programming courses to improve teaching methods and increase student engagement through immersive experiences. Knobbout et al. (2023) provide valuable insights on the low implementation of learning analytics in higher education institutions. The research elucidates the complex nature of this issue and underscores the importance of cultivating organizational capabilities for effective implementation. Rodriguez-Triana et al. (2021) focus on coordinating inquiry-based learning (IBL) using learning analytics. The research provides essential assistance to teachers and improves the structure of teaching. It emphasizes the extensive impact of learning analytics in many educational settings. Learning analytics is a powerful tool that effectively addresses challenges across many educational settings, including K-12 classrooms, higher education, and technology-enhanced learning environments. Learning analytics is a powerful force transforming education's future by embracing various opinions, innovative methods, and a global outlook.

B. Learning Analytics Trends in Education
Learning analytics trends change with technology and pedagogy. Artificial intelligence, machine learning, and predictive modeling are crucial to the development and application of learning analytics in many educational settings (Dyckhoff et al., 2013). Educators, policymakers, and stakeholders must understand these tendencies to navigate the global digital education transformation. 

Theme 1: Advancements in Machine Learning and Predictive Analytics
The investigation of progress in machine learning and predictive analytics in educational research demonstrates a praiseworthy attempt to utilize state-of-the-art technology for improved data analysis. The prevailing trend is the application of advanced algorithms, specifically Gradient Boosting Decision Trees (GBDT) and Predictive Learning Analytics (PLAs), to analyze massive datasets. Stamper and Pardos (2016) emphasize the importance of large datasets and competitions in advancing learning analytics, particularly for predicting student performance in Intelligent Tutoring Systems. On the other hand, Herodotou et al. (2020) examine the application of Predictive Learning Analytics (PLAs) to develop motivational interventions to improve student retention and completion rates, and present the Student Probabilities Model (SPM) as a predictive tool to guide these interventions.
Samngamjan et al. (2021) make a valuable contribution by using diverse machine learning techniques to examine the factors that influence the development of computer programming skills in elementary school students. The research conducted by Macarini et al. (2019) offers, as an illustrative example, the use of machine learning methods to detect students likely to face difficulties in beginning courses, and recognizes the significance of comparative analysis in enhancing prediction accuracy by thoroughly examining the difficulties and constraints linked to these approaches. Fahd et al. (2021) examine the use of machine learning models to address student attrition in blended learning settings. Dindar et al. (2021) suggest using Gradient Boosting Decision Trees (GBDT) as the preferred strategy for forecasting university final exam results. The work conducted by Prieto et al. (2023) presents a novel approach that utilizes recent breakthroughs in machine learning and natural language processing to enhance PhD education. The focus on individualized learning analytics is groundbreaking. It emphasized the prevailing pattern of integrating machine learning and predictive analytics techniques in educational research.

Theme 2: Integration of Learning Analytics into Game-Based Learning
The theme examines the incorporation of learning analytics into game-based learning (GBL) environments, emphasizing a prominent pattern in current educational research. 
Liu, M., Cai, Y., Han, S., & Shao, P. (2022) investigated the educational progressions of middle school students in a digital learning game and found out the positive relationships between tool use and performance indicators are informative, a more thorough examination of potential biases and limitations in assessing behavioral patterns and correlations across a diverse middle school population would enhance the study's credibility. Hence, Lu, W., Griffin, J., Sadler, T. D., Laffey, J., & Goggins, S. P. (2023) have developed a specialized learning analytics system for a serious game, which is a significant contribution. However, it is essential to consider the ethical ramifications of incorporating learning analytics for treatments to facilitate a more comprehensive discourse. 
Conversely, the study by Ramli ISM, Maat SM, and Khalid (2022) recognized the influence of the Fourth Industrial Revolution and the COVID-19 pandemic on the teaching and learning process and was concerned about the need for a more explicit discussion of the limitations and potential challenges of incorporating learning analytics into game-based learning in digital and remote settings. In addition, it would be advantageous for the study to include specific examples of how learning analytics precisely enhance learning outcomes. In addition, Cloude, E., Carpenter, D., Dever, D. A., Lester, J., & Azevedo, R. (2021) highlight the need to employ learning analytics to support reflection in game-based learning settings, and it would be beneficial to conduct a more thorough investigation into how knowledge gained from learning analytics can enhance reflection and ultimately improve student learning outcomes. 

Theme 3: Development of Adaptive Learning Systems and Personalized Approaches
The theme offers insights into the growing trend toward the development of adaptive learning systems and individualized approaches driven by learning analytics.
Prieto L.P., Pishtari G., Dimitriadis Y., Rodríguez-Triana M.J., and Ley T. (2023) make a substantial contribution by investigating advanced computational techniques for supporting individualized doctoral education through learning analytics. Šmitienė et al. (2021) emphasize the growing emphasis on learning analytics technologies in science and mathematics education. Retes et al. (2021) analyze specific attributes of Learning Analytics Dashboards (LADs) to contribute to the existing knowledge on the subject. Bordoloi et al. (2021) tackle the difficulties posed by the COVID-19 pandemic and the importance of online/blended learning systems. The research conducted by ÇAKIROĞLU and KAHYAR (2022), Yang et al. (2018), and Markdy Y. Orong et al. (2020) demonstrates a wide variety of approaches used in the field of learning analytics. Chomunorwa and van den Berg (2023) accurately highlight the growing reliance on learning analytics in education. 

C. Benefits of Learning Analytics in Education
Learning analytics provides several benefits beyond traditional assessments in education. It boosts student performance, adaptability, and institutional effectiveness (Picciano, 2012). This section explores the benefits of learning analytics and how it may change education, categorizing them into three overarching themes.

Theme 1: Enhanced Student Performance and Success.
Multiple studies emphasize the significant impact of learning analytics on enhancing student performance and promoting success. 
For instance, Sahni (2023) explores a comprehensive comprehension of student involvement and achievement in the context of online education. According to the research by Ramli ISM, Maat SM, and Khalid (2022), learning math through digital games is more effective. The study also shows how learning analytics predict the effects of interventions on students' performance. Additionally, the 2016 study by Dong Ryool Kim, Jeong-Phil Hue, and Seung-Soo Shin examines the connection between student involvement and academic success. The study suggests that these findings can be applied to many topics and have implications for worldwide educational methods. Dawam Dwi Jatmiko Suwawi, Hafizh Jihaad Husni, and Kusuma Ayu Laksitowening (2021) provide valuable insights into how increased access to cafes is associated with higher academic scores, indicating the effectiveness of this approach across several fields of study.
In addition to academic accomplishments, Markdy Y. Orong and colleagues' (2020) study offers administrators valuable guidance on effectively addressing student attrition. Furthermore, it suggests improving retention rates and overall student success. The study by Yang et al. (2018) offers insight into how learning analytics methodologies can precisely predict students' academic achievement. This research offers educators and institutions information to improve learning outcomes. Moreover, Arinto's (2016) research highlights the significance of early intervention and mentorship in a military academy context, demonstrating the versatility of learning analytics in many educational settings. Rudhumbu (2022) provides valuable insights into the determinants that impact students' acceptance of blended learning. The study offers guidance on practical measures universities can take to improve their information and communication technology (ICT) infrastructure and develop students' ICT skills.
The studies conducted by Jääskelä et al. (2021), Reyes (2018), and Ramli, I. M., Maat, S. M., & Khalid, F. (2022) focus on enhancing comprehension and constructing prediction models of the factors that impact student achievement. Brass et al. (2023) present a metacognitive paradigm that cultivates career self-efficacy in students, providing them with essential abilities for career success. The study by Qazdar et al. (2022) elucidates the targeted use of learning analytics to enhance student success rates and overall learning effectiveness. Liu et al. (2022) offer valuable insights into students' navigation patterns and the factors that contribute to their success. Chango, Cerezo, and Romero (2021) investigate the integration of several sources and modes of data to forecast academic achievement in university courses that combine online and in-person learning. Herodotou et al. (2020) use effective interventions rooted in PLAs to enhance student retention. Srimadhaven et al. (2020) demonstrate the capabilities of mobile virtual reality games to increase student involvement. These games engage them in dynamic and demanding tasks.It presents a wide array of research that provides a detailed understanding of interventions, methods, and techniques that all contribute to the primary goal of improving student performance and achievement. 
Theme 2. Data-Informed Decision-Making for Educators and Administrators
Learning analytics is a powerful educational tool that provides educators and administrators with vital information to guide decision-making. This theme explores how learning analytics can help guide interventions, allocate resources, and improve educational practices overall. Learning analytics uses predictive models and data-driven strategies to anticipate student needs and proactively customize interventions. 
Lu et al. (2023) and Liu et al. (2022) demonstrate the usefulness of the theme by introducing indicators that instructors can use to intervene based on student progress, providing empirical evidence that supports integrating learning analytics into game-based learning practices in K-12 education, and emphasizing the concrete results obtained by using data wisely. Blikstein and Worsley (2016) investigate the use of multimodal learning analytics in intricate and open-ended settings, expanding the range of educational uses, and show that learning analytics goes beyond conventional online courses and cognitive tutors.
Grimm et al.'s (2023) theoretical framework highlights the importance of policy informatics and demonstrates how learning analytics inform political decision-making in STEM education, and emphasizes the tool's impact on policy and its role in ensuring fair opportunities to form STEM identity. The study conducted by Bordoloi et al. (2021) highlights the significance of learning analytics as a crucial solution in crises, emphasizes its role in improving access to educational resources, and demonstrates its transformative effect in challenging circumstances.
The study conducted by Šmitienė et al. (2021) examines the capacity of learning analytics to detect deficiencies, customize instruction, and stimulate students' intellectual and emotional involvement, and presents a sophisticated method for cultivating a dynamic, tailored learning environment. Slade et al. (2023) and Friedl et al. (2020) investigate the concept of trust and user experience in the context of learning analytics and found that it gives a more comprehensive understanding of trust in this field and emphasizes the importance of a pleasant user experience in driving further advancements and adoption in educational environments.
The HCLA design approach by Wiley et al. (2023) achieves a harmonious balance between contextual appropriateness and scalability in learning analytics dashboards, efficiently serving a wide range of K-12 educational settings and helping teachers meet students' learning needs. Heiser et al.'s (2023) analysis highlights the significance of fairness, openness, and responsibility in implementing proactive strategies in higher education institutions. The research underlines the need for stakeholder participation and ongoing enhancement. Moreover,  incorporates innovative teaching strategies, such as Srimadhaven et al.'s (2020) use of virtual reality in programming courses and Ramli et al.'s (2022) use of learning analytics in game-based learning. Swauger and Kalir (2023) propose using equity-oriented LA design and speculative approaches to create more fair and unbiased educational futures. It contributes to a progressive narrative in data-informed decision-making by emphasizing the importance of social justice, learner autonomy, and rethinking language arts as a tool for learning and emancipation. It emphasizes that learning analytics is not merely a tool but a powerful force reshaping educational methods, policies, and experiences to create a fairer, student-centered future.

Theme 3: Tailored and Proactive Educational Support
The theme explores the profound influence of learning analytics in delivering tailored, proactive assistance to students, effectively addressing their unique requirements and obstacles.
Multiple studies, including Nunes et al. (2019), highlight the potential to identify at-risk students early, enabling timely interventions to enhance completion rates in teacher education programs. Brass et al. (2023) expand the application of learning analytics to career development by identifying particular cognitive and affective variables to provide individualized insights. The studies by Lu et al. (2018) and Zhou et al. (2014) demonstrate the effectiveness of learning analytics in forecasting academic achievement and delivering immediate analytical outcomes, emphasizing its adaptability for personalized data analysis.
Grimm et al. (2023) elucidate the significance of responsible learning analytics in guaranteeing equitable opportunities for forming STEM identity, specifically for marginalized students. Çakiroğlu and Kahyar (2022) analyze the cognitive presence and interaction patterns, suggesting developing a support system that considers learner traits and academic habits.
Research conducted by Ramli et al. (2022) and Friedl et al. (2020) confirms the importance and involvement of learning analytics-integrated apps, highlighting the significance of personalized learning experiences. In this study, Fahd et al. (2021) utilize machine learning algorithms to detect students who are at risk, showcasing the ability of these algorithms to improve academic performance by providing timely interventions.
Jääskelä et al. (2021) suggest a student assistance system that relies on learner characteristics, whereas Srimadhaven et al. (2020) utilize reinforcement learning methods to identify and assist slow learners. In his 2018 study, Reyes introduces a customized support system designed to optimize the academic achievements of students enrolled in the AA program.
The studies conducted by Chomunorwa and van den Berg (2023), Prieto et al. (2023), and Retes et al. (2021) have broadened the focus by examining the preparedness of institutions, delivering individualized insights in doctorate education, and presenting tailored study recommendations using Learning Analytics Dashboards (LADs).
Stamper and Pardos (2016) highlight the need to make competition datasets more visible and cited, as this helps to create a lively community and promote the progress of educational data mining. Pereira et al. (2020) enhance understanding of student behavior in CS courses and offer practical insights for coaching students to improve learning performance.
Lower et al. (2018) examine Learning Management Systems (LMS) and YouTube analytics data to provide educators with a better knowledge of student learning behavior and recommendations to increase student engagement in e-learning. Arinto (2016) highlights the need to implement timely intervention and mentorship programs within the context of a military academy.
Queiroga et al. (2020) improve the capacity to promptly identify at-risk pupils by utilizing interaction data, especially when access to demographic data is limited. Jovanovic et al. (2021) suggest enhancing student support and assessment of learning progress by incorporating learning analytics into primary and secondary education methodologies.
Moreover, the studies conducted by Chango et al. (2019) and Dindar et al. (2021) demonstrate enhanced predictive ability for students' academic performance and the early detection of students who need extra support. The studies around predicting students at risk of dropping out or failing. Sense et al. (2021) present evidence of enhanced accuracy in predicting exam performance, identifying early indicators for students at risk, providing customized feedback, and assessing the overall effectiveness of adaptive learning systems.
In Sahni's (2023) study, the author investigates the capacity of learning analytics to assist instructors in identifying at-risk students and providing prompt feedback. Macarini et al. (2019) identified crucial indicators to predict students at risk in programming classes. The research demonstrates that these at-risk students can be detected as early as the first week of the course using machine learning techniques. The study by Samngamjan et al. (2021) offers valuable insights into factors that affect learning outcomes. The research also utilizes machine learning techniques to provide precise predictions regarding gender and level of study. These predictions have the potential to assist in the development of individualized educational approaches.
The wide range of ways in which learning analytics provides educational support including creating adaptive learning systems, early warning systems, and targeted interventions based on predictive analytics. It demonstrates the potential of learning analytics to revolutionize education by offering proactive and individualized interventions for students on different academic paths.

SUMMARY
This paper explores the role of learning analytics in education, focusing on its challenges, global trends, and benefits. The primary research inquiry is to understand how learning analytics can effectively address educational challenges such as personalized learning and retention rates. The study also examines patterns in global education and trends in global learning analytics, focusing on the changing nature of learning analytics applications and their influence on teaching and learning methods.
The systematic literature review used a thematic approach, which involved searching Google and ResearchGate for literature using keywords such as Learning Analytics, Education, Global, and High School. The review covered all scholarly, open-access, and relevant literature from 2013 to 2023. The selected articles were analyzed using inclusion and exclusion criteria, and the extracted data were analyzed to identify similarities and differences, discern patterns, and evaluate the caliber and technique of the contributions.
The literature search yielded approximately 306,000,000 results on Google and 6,669 on ResearchGate. The study examined 50 peer-reviewed scientific sources from credible journals, focusing on three research topics: Educational Obstacles, Learning Analytics Trends, and the Benefits of Learning Analytics in Education. The findings provide insights for policy-making and practice by exploring the field of learning analytics in education, tackling difficulties, monitoring trends, and leveraging its advantages.
The review highlights the significance of learning analytics in predicting academic success and student learning trajectories. It discusses three main themes: addressing academic performance challenges, enhancing student engagement and well-being, and expanding learning analytics to diverse educational levels. Academic performance challenges involve predicting student performance, identifying factors influencing success, and tailoring interventions for at-risk students. Enhancing student engagement and well-being involves e-learning engagement, mental health risks, and early identification of at-risk students. The field's adaptability contributes to improved educational outcomes.
The shift to online learning and the Fourth Industrial Revolution has necessitated innovative strategies to tackle student involvement, mental health issues, and reliance on learning analytics. Three main trends in learning analytics include advanced machine learning techniques, integrating learning analytics into game-based learning, and developing adaptive learning systems. These techniques analyze educational data, predict student performance, and understand educational environments. Adaptive learning systems use cognitive models to tailor educational experiences to individual learners.
The research explores the use of learning analytics across various educational settings and highlights their benefits, including improved student performance, data-informed decision-making, and personalized educational support. Benefits include early identification of at-risk students and the provision of personalized, motivational interventions. Data-driven strategies guide interventions, allocate resources effectively, and enhance educational practices. Integrating learning analytics into educational practices improves student outcomes, data-driven decision-making, and tailored learner support.

CONCLUSION
The review emphasizes the importance of learning analytics in education, particularly in predicting academic success and guiding student learning. It highlights three main themes: addressing academic performance challenges, enhancing student engagement, and expanding learning analytics across different educational levels. The shift to online learning and the Fourth Industrial Revolution necessitates innovative strategies, with learning analytics emerging as a crucial tool for addressing student involvement, mental health, and the evolving educational landscape. The research spans K-12 classrooms to higher education, highlighting benefits like enhanced performance, data-informed decision-making, and personalized educational support.
Therefore, this review highlights the significant impact of learning analytics on student performance and achievement. It emphasizes the importance of early intervention, personalized strategies, and feedback mechanisms in enhancing academic success. The study also highlights the diverse uses of learning analytics, such as informing educators' decision-making, predictive modeling, and providing personalized educational support. It emphasizes the international effort to use learning analytics to improve student learning and achievements globally. The research provides insights into the challenges and opportunities of using learning analytics to enhance student learning and achievement.
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