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INTRODUCTION
[bookmark: _GoBack]We are in what is being characterized as an AI renaissance, a time of strong technological advancement and the possibility is actually redefining how we live and work. Education is not an exemption of this change and we are leaving behind the old paradigm of information passively being transferred to a paradigm of creative convergence where technology and human potential are coming together. Although the concept of Artificial Intelligence in Education (AIEd) was viewed as a sleeping giant in the past, the giant has woken up. With the increased smartness of algorithms and increased computing power, however, we must confront a new reality: we are in a new era where no education can be conducted without AI. Whether we should use AI is a thing of the past, but how we manage the complex implications of AI remains a question.
Artificial Intelligence in Education (AI Ed) represents the use of machine learning and natural language processing technologies to streamline learning settings. Recent studies emphasize an omnidirectional influence of AI on the educational content and pedagogy, as well as assessment systems. The popularity of AI tools can be proved by the fact that nowadays more than 95 percent of students use AI tools, such as virtual assistants and chatbots, such as ChatGPT, and Intelligent Tutoring Systems (ITS), to organize their academic activities. These devices offer learners with personalized learning experiences, granting them the opportunity to study at their pace, and offering educators opportunities to evaluate automatically and obtain information-based perspectives.
With overt AI affordances, the challenges and barriers to implementing AI in higher education have taken the form of absence of broad guidelines, ethical theories, and instructor preparedness. The fact that automated systems are used to replace human involvement with a certain degree of autonomy is quite dangerous as it may result in the loss of the ability to think critically and the disregard of the need to use the human-in-the-loop. More so, school institutions are struggling with the black box quality of algorithms, which brings a pressing concern about privacy of data, bias in algorithms, and academic integrity. The difference between the technical and the pedagogical skills to utilize AI is still so wide that it is impossible to use AI responsibly.


RESEARCH OBJECTIVE AND AIM OF THE STUDY
1. To understand how students perceive the usability of AI-based educational tools and how useful they find them in improving their learning. 
2. To explore students’ attitudes towards AI in education, along with their willingness to adopt and continue using such tools. 
3. To examine how students view issues of fairness and possible bias in AI-driven educational systems. 

This research paper is of great importance because it enhances the scholarly knowledge on the compound aspects that determine the acceptance and use of AI-based by students. Long-term educational tools. Through a keen analysis of usability, perceived academic value, personal attitudes, and behavioral intentions- and the important component of perceived fairness--this study offers a multi-dimensional study. on the relation between students and AI.
In addition to its findings, this study also makes contributions to the wider theoretical environment. applicability of the Technology Acceptance Model (TAM) to the contexts of the specifics higher education sector. Finally, it provides practical recommendations to teachers, academic. Software developers, institutions, and others, who offer them the framework needed to design. Artificially intelligent learning systems not only effective and user-friendly tech-wise but ethically based and just also.

OVERVIEW OF CHAPTERS
This study is organized into four chapters, each focussing on a specific aspect of the research. CHAPTER 1: Outlines the background of the study, states the research problem, and specifies the objectives and significance of the research. CHAPTER 2: Presents a review of existing literature, providing insights into previous studies and establishing the theoretical foundation for the research.CHAPTER 3: Focusses on bridging the original TAM with extended model, explaining how the framework has been adapted and applied in this study. Finally CHAPTER 4: discusses the results obtained from the analysis and presents the structural model evaluation, offering interpretations and key findings derived from the research.

REVIEW OF LITERATURE
Perceived Ease of Use (PEOU)
Perceived Ease of Use (PEOU) refers to how much a person believes that adopting a new technology will be relatively effortless, both mentally and physically. Essentially, it is the user’s internal assessment of how "user-friendly" or intuitive a system feels. According to the Technology Acceptance Model (TAM), even a powerful tool may be rejected if the person using it feels it is too complex or time-consuming to learn. When a system feels smooth and simple to navigate, people are far more likely to embrace it; however, if the "cost" of the effort required to master the tool seems higher than the rewards it offers, users will naturally resist using it.
A tool is more likely to be adopted when it is perceived as both useful and easy to follow in an instructional context. (Muhammad Talha, 2025)
Inappropriate use by students can have a negative impact on the future of the country. (Rahmawati Erma Standsyah, 2025)
Perceived Usefullness (PU)
Perceived Usefulness (PU) is the belief that a specific technology will directly increase one's productivity or performance. According to the Technology Acceptance Model (TAM), users evaluate a tool based on its practical value like saving time or improving output rather than just its features. Ultimately, if the perceived benefits are high enough, people will adopt the tool even if it requires significant effort to learn.
In practical terms, this means that even if teachers find AI tools easy to use, they will only incorporate them into their teaching if they also believe the tools offer real instructional value. (Muhammad Talha, 2025)
The results of the study indicate that the perceived usefulness variable has a positive and significant effect on learning outcomes... This means that the more students perceive that AI Chatbots are useful for their learning, the higher their perceived learning outcomes will be. (Rahmawati Erma Standsyah, 2025). 




Perceived Fairness
Perceived Fairness (PF) refers to an individual’s subjective evaluation of whether a decision-making process or outcome is just and unbiased. Within educational technology, this involves assessing distributive justice (how resources like grades or support are allocated), procedural justice (the methods used to reach a decision), and informational justice (the transparency of explanations provided). Research suggests that students often view automated systems as fairer than human evaluators when they provide higher transparency, as this reduces the perceived risk of personal bias or inconsistent standards.
The results of the study show that compared with teachers, students perceive that AI algorithms as evaluators are fairer. (Fanli Chai, 2024)
The results show that it does not make a difference for students' fairness perceptions whether a human or an algorithm makes the decision on the distribution of support measures. (Marco Lünich, 2023)
Students from SHAPE disciplines (social sciences, humanities, and the arts) perceived the distribution of support measures as less fair than students from STEM disciplines (science, technology, engineering, and mathematics). (Marco Lünich, 2023).
Attitudes Towards AI
Attitude toward AI is defined as a technology-leading innovation that enables software and machines to emulate human intelligence. It refers to an individual's favorable or unfavorable feelings toward using AI technology. (Grassini, 2023)
Attitude is a psychological tendency expressed through evaluating an entity with favor or disfavor, classified into three components: cognitive (thoughts/beliefs), affective (emotions/feelings), and behavioral (intentions/actions). (Lee, 2024)
As a result, according to socio-cultural factors, middle school students' attitudes toward AI were affected differently by gender- or AI-related experiences. In particular, students experiencing difficulties because of socio-cultural factors showed a more positive attitude toward AI if they had an AI education. (Lee, 2024)
Among GS (General Students), the male students’ attitude toward AI was 3.52, which was higher than the female students’ attitude toward AI of 3.23... On the other hand, in the case of DS (Disadvantaged Students), there was no significant difference in attitude toward AI between male and female students. (Lee, 2024)
Behavorial Intention
Behavioral Intention towards AI is basically a person’s self-made plan or willingness to actually use AI tools in the future. It’s the bridge between how someone feels about AI (their attitude) and whether they actually end up using it. If a student thinks an AI tool is useful and easy to handle, they develop a "behavioral intention" to try it out for their next assignment. It’s not just a random guess; it’s a conscious decision-making process where a person weighs the benefits against the effort before committing to using the tech.
The findings indicate that self-efficacy in learning AI, AI readiness, perceptions of the use of AI for social good, and AI literacy are all factors that can predict the intention to learn AI, whether directly or indirectly. (Ching Sing Chai, 2021)
The results of the path analysis show that attitudes toward AIAD ($b=0.259, p<0.001$), subjective norms ($b=0.363, p<0.001$), and perceived behavioral control ($b=0.556, p<0.001$) have significant and positive impacts on the intention to use AIAD. (Cao, 2024)
First, it was revealed that perceived ease of use significantly and positively predicted perceived usefulness ($\beta = 0.50, p < 0.001$) and attitude toward AI ($\beta = 0.44, p < 0.001$).Second, attitude toward AI significantly and positively predicted behavioral intention to use AI ($\beta = 0.81, p < 0.001$).Third, perceived usefulness did not significantly predict either attitude toward AI ($\beta = 0.08, p = 0.057$) or behavioral intention to use AI ($\beta = 0.03, p = 0.383$).Fourth, perceived ease of use exerted a significant and positive impact on students’ behavioral intention to use AI through the mediation of attitude toward AI, rather than through perceived usefulness. (Hanwei Wu, 2024)
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Figure 1: Conceptual Model

1. Perceived Ease of Use(PEOU) & Attitude Towards AI
Perceived Ease of Use refers to the degree to which an individual believes that interacting with AI systems requires minimal effort. Attitude toward AI refers to the individual’s overall positive or negative evaluation of using AI technologies. When AI systems are perceived as easy to use: Users experience less anxiety and uncertainty, Cognitive effort is reduced, User satisfaction increases, Resistance decreases. Perceived Ease of Use positively influences attitude toward AI because when AI systems require less effort to understand and operate, users experience greater comfort, confidence, and satisfaction, leading to a more favorable overall evaluation of the technology.

Based on the literature following hypothesis is formulated:
H1: Perceived ease of use positively affects students’ attitude towards AI.

2. Perceived usefulness & Attitude towards AI
Perceived Usefulness refers to how much a person believes that using AI systems will improve their performance, productivity, or overall effectiveness. Attitude toward AI refers to an individual’s overall positive or negative feelings about using AI technologies. When AI systems are seen as useful: Users feel that their performance improves, Tasks can be completed more efficiently, The quality of decisions becomes better, Willingness to use AI increases. Perceived Usefulness has a positive influence on attitude toward AI because when people believe that AI genuinely helps them achieve better results, they are more likely to feel confident about using it. This sense of benefit and improvement naturally leads to a more positive overall evaluation of AI technologies. 

Based on the literature following hypothesis is formulated:
H2: Perceived usefulness positively affects students’ attitude towards AI.

3. Perceived Fairness (PF) & Attitude Towards AI
Perceived Fairness refers to the extent to which an individual believes that AI systems make decisions in an unbiased, transparent, and equitable manner. Attitude toward AI refers to an individual’s overall positive or negative feelings about using AI technologies. When AI systems are perceived as fair: Users feel that decisions are unbiased and impartial, Trust in the system increases, Concerns about discrimination decrease, Acceptance of AI decisions improves. Perceived Fairness has a positive influence on attitude toward AI because when individuals believe that AI systems operate in a just and transparent way, they are more likely to feel comfortable and confident in using them. This perception of fairness leads to a more positive overall evaluation of AI technologies.

Based on the literature following hypothesis is formulated
H3: Perceived fairness positively affects students’ attitude towards AI.

4. Attitude towards AI & Behavioral Intention to use AI
Attitude toward AI refers to an individual’s overall positive or negative feelings about using AI technologies. Behavioral intention refers to a person’s willingness or plan to use AI systems in the future. When individuals have a positive attitude toward AI: They are more willing to use AI regularly. Their likelihood of adopting AI increases. They are more open to exploring new AI applications. Resistance to AI technologies decreases. Attitude toward AI positively influences behavioral intention because when individuals feel confident and favorable toward AI systems, they are more likely to intend to use them. A positive evaluation of AI naturally leads to a stronger willingness to adopt and continue using the technology.

Based on the literature following hypothesis is formulated:
H4: Students’ attitude towards AI positively affects their intention to use AI tools.

Results
1.Measurement Model Assessment 
The measurement model was assessed in terms of indicator reliability, internal consistency reliability, convergent validity, and discriminant validity.
Indicator Reliability                                                                                      All outer loadings exceeded the recommended threshold of .70 (Hair et al., 2022), except PFA3 (.660) and PU3 (.688), which were slightly below .70 but retained as they were above .60 and did not adversely affect construct reliability. Loadings ranged from .660 to .858, indicating acceptable indicator reliability (see Table 1).

2.Internal Consistency and Convergent Validity
As shown in Table 1, Cronbach’s alpha values ranged from .715 to .838, exceeding the minimum threshold of .70. Composite reliability (CR) values ranged from .824 to .892, indicating satisfactory internal consistency.
Average Variance Extracted (AVE) values ranged between .540 and .690, surpassing the recommended threshold of .50, thereby confirming convergent validity.
Table 1: Reliability Convergent Validity
	Construct
	α
	CR
	AVE

	ATT
	.838
	.892
	.675

	BI
	.777
	.870
	.690

	PEOU
	.756
	.845
	.577

	PFA
	.715
	.824
	.540

	PU
	.737
	.834
	.557


Discriminant Validity 
Discriminant validity was assessed using both the Fornell–Larcker criterion and the HTMT ratio.
Fornell–Larcker Criterion
The square root of AVE for each construct exceeded its correlations with other constructs (see Table 2), indicating adequate discriminant validity.
Table 2: Fornell–Larcker Criterion




	Construct
	ATT
	BI
	PEOU
	PFA
	PU

	ATT
	.821
	
	
	
	

	BI
	.407
	.831
	
	
	

	PEOU
	.433
	.315
	.759
	
	

	PFA
	.402
	.128
	.316
	.735
	

	PU
	.377
	.210
	.180
	.107
	.746


HTMT Ratio
HTMT values ranged from .166 to .541, all below the conservative threshold of .85, confirming discriminant validity.
Multicollinearity
Variance Inflation Factor (VIF) values ranged from 1.234 to 2.093, well below the threshold of 3.3, indicating no collinearity concerns.
Structural Model Assessment
Model Fit
The standardized root mean square residual (SRMR) for the estimated model was .072, below the recommended threshold of .08, indicating acceptable model fit. The Normed Fit Index (NFI) was .752, suggesting moderate model fit.
Coefficient of Determination (R²)
The explanatory power of the structural model was assessed using the coefficient of determination (R²). The model accounted for 59.9% of the variance in Attitude (R² = .599), indicating moderate to substantial explanatory power. According to Hair et al. (2022), R² values of .75, .50, and .25 can be described as substantial, moderate, and weak, respectively. Thus, the predictors—Perceived Ease of Use, Perceived Usefulness, and Perceived Fairness—demonstrate strong collective influence in explaining Attitude.
Furthermore, the model explained 55.3% of the variance in Behavioural Intention (R² = .553), which can be interpreted as moderate predictive accuracy. This suggests that Attitude serves as a strong determinant of Behavioural Intention within the proposed framework.
Overall, the R² values indicate that the structural model exhibits satisfactory explanatory capability and provides meaningful insight into the determinants of behavioural intention.




Effect Sizes (f²)
Effect size analysis indicated:
· ATT → BI: f² = .199 (medium effect)
· PEOU → ATT: f² = .116 (small-to-medium effect)
· PFA → ATT: f² = .106 (small-to-medium effect)
· PU → ATT: f² = .128 (small-to-medium effect)
Hypothesis Testing
Bootstrapping with 5,000 resamples was performed to assess path significance (see Table 3).
Table 3: Structural Path Results
	Hypothesis
	   Path
	β
	t
	p
	Result

	H1
	ATT → BI
	.407
	6.855
	< .001
	Supported

	H2
	PEOU → ATT
	.293
	5.053
	< .001
	Supported

	H3
	PFA → ATT
	.278
	5.285
	< .001
	Supported

	H4
	PU → ATT
	.294
	5.323
	< .001
	Supported


All hypothesized relationships were positive and statistically significant at p < .001.


DISCUSSIONS AND CONCLUSIONS
Key Findings
This study was aimed at analyzing factors that affect behavioural intention by studying the relationship between the ease of use, usefulness, perceived fairness, attitude and behavioural intention.
The analysis of the structural model shows that all the hypotheses were proved. It was also discovered that attitude had a strong positive effect on behavioural intention indicating that those with a more positive attitude towards the system are more inclined to have a stronger intention to use the system.
Moreover, attitude was shown to be significantly impacted by perceived ease of use, perceived usefulness and perceived fairness. Out of these predictors, perceived usefulness and perceived ease of use had strong positive relationships with attitude, meaning that people are more likely to develop a positive attitude when the system is simple to use and perceived to be useful.
There was also a moderate explanatory power in the model. The independent variables accounted 59.9 percent of the attitude and 55.3 percent of the behavioural intention variance. This implies that the proposed model is effective in reflecting the most important determinants that affect the behavioural intention of users.
In general, the results affirm that the perceptions of the users in terms of usability, usefulness and fairness are significant in influencing the attitudes of them, which ultimately leads to their behavioural intentions.
INTERPRETATION OF FINDINGS
1) Why the Results Occurred
The findings are in line with the Technology Acceptance Model of user acceptance and adoption of a system which implies that user would be more attracted to accept and adopt a system when considered useful and easy to use. When people perceive that a system will enhance their performance without much effort, they end up getting a positive attitude towards that system.
Perceived fairness also played a positive role in attitude, which means that users will attach importance to fairness and transparency in their minds when they are making their perception regarding a system. Positive attitude on the other hand enhances the chances of behavioural intention.

2) Conceptual Model
The results are in favor of the suggested conceptual model. Attitude was found to be influenced by perceived ease of use, perceived usefulness and perceived fairness as a result of which acts on behavioural intention.
This validates the fact that attitude is significant in attaching the perceptions of users towards their intention to adopt or use a system. Generally, the findings confirm the conceptual model and the significance of these influences in developing the behavioural intention.

COMPARISON WITH PREVIOUS STUDY
The results of the research are somewhat in line with the prior literature on technology adoption and artificial intelligence in education. 
The findings indicate that attitude is positively affected by perceived ease of use, perceived usefulness and perceived fairness which further impact behavioural intention to use AI-based educational tools significantly.
       These results are in line with previous research that points to the value of usability and perceived benefits in technology adoption. Indicatively, the findings are consistent with the research by (Muhammad Talha, 2025) who underlined that educational technologies are more easily adopted once a person perceives that they are not only useful, but also simple to use in classrooms.
      Likewise, the results align with the study conducted by (Rahmawati Erma Standsyah, 2025) that revealed that perceived usefulness has a strong positive effect on learning outcomes and students attitude towards AI tools.
       The meaningful association between attitude and behavioural intention is also a proponent of the past research like (Cao, 2024), who discovered that the positive attitude towards AI technologies is a significant predictor of the intention to use AI-based learning systems.
       Also, the role of fairness in the development of user perceptions is in line with the conclusions by (Fanli Chai, 2024)who reported that students tend to view AI-based evaluation system as fair and unbiased in the presence of transparency.
       On the whole, the findings of the present study support the main premises of the research in the field of technology acceptance and prove that usability, usefulness, and fairness are major factors that affect the attitudes of students towards AI technologies.

Although the majority of the research claims are in line with the results of prior studies, certain differences can be noticed when they are compared with some studies. To illustrate, a study carried out by (Hanwei Wu, 2024) established that perceived usefulness had no significant effect on student attitudes and behavioural intention towards the use of AI tools.

Conversely, in the current investigation, the attitudinal aspect towards AI was strongly related to the perceived usefulness, which implies that learners in the given scenario attach a great value to the perceived practical academic value that AI-based tools offer.

It can be said that the differences between this research and some of the previous ones could be attributed to the contextual and sample-related aspects. The perception of AI technologies by students may differ based on their familiarity with AI tools, learning setting, and AI tools of application.

Moreover, the recent years of the fast development of AI technologies can have contributed to the fact that students are more aware of the academic advantages of AI systems. Due to the increased incorporation of AI tools into the learning space, students will find them more helpful and trusted than in previous research. 
Institutional and cultural aspects can also have a role to play in the perception of fairness, usefulness, and usability in AI-based systems by students. Such differences in context may cause differences in the vigor of relationship in the conceptual model. Although these differences exist in details, the general results are aligned with the general literature on technology acceptance and confirm the applicability of the conceptual model proposed in explaining the behavioural intention of students being applied to AI-based educational tools.

Theoretical Implications
The proposed study can be discussed as the extension of the Technology Acceptance Model introduced by Fred D. Davis to the existing literature on technology adoption in the learning process. Although the conventional model uses perceived usefulness and perceived ease of use as the key factors shaping technology adoption, this research study uses the concept of perceived fairness as one more defining the attitude of students towards AI-based educational tools.
The results validate the theoretical assumptions of Technology Acceptance Model by showing that perceived ease of use and perceived usefulness has a significant impact on attitude which in turn has a significant impact on behavioural intention. This follows the previous studies that emphasize on the role of usability and perceived benefits as factors in determining technology acceptance. As an illustration (Muhammad Talha, 2025) and (Rahmawati Erma Standsyah, 2025) stress in their studies that educational technologies are more apt to be adopted when users find it easy, and when the technology is beneficial in terms of helping to improve learning outcomes.
Alongside, the fact that the perceived fairness is included is a broader theoretical approach to the topic of AI adoption in education. According to previous studies, by (Fanli Chai, 2024) and (Marco Lünich, 2023), fairness and transparency in the context of automated systems will be significant in establishing the acceptance and trust of the user. The current research confirms those views by showing that the perceptions of fairness have a significant impact on the attitude of the students towards AI technologies.
Moreover, the impact of attitude on the behavioural intention is substantial, which proves the previous discoveries in the field of technology adoption, including the study of (Cao, 2024), which demonstrated that the positive attitudes toward AI technologies make a person more willing to use them.
Generally, the research has a theoretical contribution in the sense that it can be established that to a greater extent, the acceptance of AI-based educational tools by students is determined not only in terms of usability and usefulness but also perceptions of fairness, which increases the explanatory scope of technology acceptance models in the higher education domain.
Pratical Implications
The results of this work offer various practical implications to the teachers, schools, and creators of AI-based learning technology.
First, the findings emphasize the role of ease of use in determining attitudes of students towards AI tools. The aim of educational institutions and software developers should then be to create AI systems that are easy to use, navigate, and need minimum technical effort. Attitudes held by students towards the use of AI technologies are more favorable when they can easily learn and use them in their education.
Second, the overwhelming role of the perceived usefulness implies that AI tools should be able to show their scholarly utility in a very clear way. Teachers must use AI-based apps in a manner that fosters better learning, productivity, and helps learners to finish their academic processes more effectively. Agreement to AI technologies can be promoted by emphasizing the practical value of the presented technologies among students.
Third, the results indicate the significance of perceived fairness in influencing the attitudes of students towards AI systems. Schools must make sure that AI-based software works transparently and objectively. To minimize fears of bias and discrimination in automated decision-making systems, developers should include ethical principles, explainable algorithms, and fairness checks.
Last but not least, given that attitude has a significant impact on behavioural intention, universities must work on establishing positive expectations about AI technologies in students. This will be done by increasing awareness, training, and responsible deployment of AI tools in an academic setting.
In general, the results indicate that the enhancement of usability, usefulness, and equity of AI-based educational systems can considerably boost the level of student acceptance and long-term uptake of such technologies.
Limtations
Although this research offers a great contribution to the understanding of how students accept AI-based educational instruments, it has a number of limitations that must be noted.
To start with, the research is based on self-reported information on the students which can provide response bias. The respondents are able to have positive attitudes to AI technologies despite not using them in practice. Hence, the results are more of perceptions and intentions of students as opposed to actual usage patterns.
Second, the study is a cross-sectional study since the data were obtained at one time. Consequently, the research is not able to record how the perceptions and attitudes of students regarding AI technologies could shift in case they have a more experience with such tools.
Third, the study sample is largely restricted to a group of students in an educational setting, hence the results cannot be generalized to other populations like educators, administrators, or users in other fields.
Lastly, despite the moderate explanatory power of the model, other variables that have affected the adoption of AI, including trust in AI systems, privacy issues, AI literacy, and social influence were not incorporated in the model. These variables can be included in future research to give a more detailed perspective of the acceptance of AI in education.
Future Research Direction
The results of this study can be extended in the future in a number of ways. To start with, the gender factor that influences the attitudes towards AI-based educational tools can be analyzed in the future. Past studies by (Lee, 2024) indicate that gender disparity has the potential to shape the perception and attitude of students towards artificial intelligence technologies. Investigating gender-based differences in AI acceptance can give us a more insight into the perception of various groups of students of the usability, usefulness, and fairness of AI systems. Second, PAN (Personal Access Network) or other personal technology access variables including access to personal digital devices, internet access and technological accessibility could be included in future research. The availability of digital infrastructure can have a strong impact on the way students can engage AI tools in the learning setting. Examining these technological access considerations could be useful in enabling the researchers to comprehend better disparities in behavioral plans of the students towards the adoption of AI. Third, the future research can implement comparative studies on developing and developed countries to gain a better insight into the role of the socio-economic and technological context in adopting AI in education. In developed countries, students tend to be more exposed to more sophisticated educational technologies and digital infrastructure and it can influence their attitudes toward utility, justice and convenience. Relative studies among various education systems would thus yield more global insights on the pattern of AI acceptance. Lastly, further research might examine other variables, including AI literacy, trust in AI systems, and institutional support, which have been reported in the earlier studies as significantly influential variables in determining the adoption of AI in education, including the article of (Ching Sing Chai, 2021)

CONCLUSION
This paper has explored the variables of acceptance of AI based educational technology by students utilizing a modified form of the Technology Acceptance Model that was created by Fred D. Davis. The study particularly examined how perceived ease of use, perceived usefulness and perceived fairness impact on the attitudes of students using AI systems and how the attitudes in turn influence the behavioural intention of students using AI-based learning tools.
The empirical findings show that all hypotheses put forward were accepted. The perceived ease of use, perceived usefulness, and perceived fairness were revealed to have significant effects on the attitudes of students towards AI technologies, whereas attitude had a positive and significant effect on behavioural intention. Such results are aligned with previous studies on the subject of technology acceptance. Indicatively, a research done by (Muhammad Talha, 2025)and (Rahmawati Erma Standsyah, 2025) highlights that technologies become more readily embraced when they are deemed to be helpful and easy to use by the users. Likewise, the strong correlation between the attitude and behavioural intention proves the conclusions of (Cao, 2024) who discovered that the positive attitude towards AI technologies is a major determinant of the intention to use it among individuals. Moreover, the factor of perceived fairness helps the model gain more explanatory power as it emphasizes the ethical aspect of the adoption of AI. Past studies by (Fanli Chai, 2024) and (Marco Lünich, 2023) show that the perceptions of fairness and transparency are significant toward the formation of trust in the users of automated systems. The results of the current research legitimize these views by proving that the perceptions of fairness play a significant role in shaping the positive attitude towards AI technologies.
It is also one of the most important accomplishments of this study as it contributes to the knowledge of the way students assess AI technologies in educational settings. The study offers a bit more holistic explanation of the psychological variables which drive the students to embrace the concept of AI-based learning tools by including the notion of usability, usefulness, and perceptions of fairness in one model.
These results are especially significant with the growing integration of artificial intelligence into education across all of the world. Knowledge of AI acceptance determinants can assist teachers, institutions, and others who develop technology to create systems that are not only powerful and easy to use, but also clear and responsible in terms of morality. Finally, responsible and productive use of AI technologies can be promoted with the help of the promotion of positive attitudes toward them, hence, improving the learning experience and contributing to better academic performance.
To sum up, this paper will add to the existing literature on AI in the education field, showing that the perceptions of students with regards to usability, usefulness, and fairness are key determinants of the attitudes and behavioural intentions. With AI technologies becoming more and more influential on education, the given information can be used to inform the design and implementation of AI systems that would comply with the needs of students, expectations, and ethical aspects.
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