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Abstract
Whereas the problem of fraud is a global one, the rate and extent to which it is perpetrated in Zimbabwe, particularly in the public and private sector, is quite high and alarming. Literature reveals that different fraud prevention and detection mechanisms are being adopted to combat the menace of fraud, and of these developed corporate fraud detection techniques appears to be the most effective and are currently used in most developed countries of the world. However, the extent to which the developed fraud detection techniques has been adopted in fraud prevention and detection in Zimbabwe is still extremely low. 
The main objectives of the study were to investigate the developed technological advancements adopted by SMES organisation for fraud detection, to identify problems associated with current fraud detection mechanisms by organisations, to propose recommendations for refining the existing fraud detection systems. This study involved the collection of qualitative and quantitative data and the researcher adopted the descriptive research method for the research design and the sample size was 30 respondents and the data was collected by use of questionnaires and interviews for the purpose of this research, in addition to the use of secondary sources such as journals and organisational financial reports.
[bookmark: _GoBack][bookmark: _Toc169003243]The findings of this study have both theoretical and practical implications. Theoretically, it further strengthened the findings of previous studies on the adoption of corporate fraud detection techniques by business organisations. From the practical point of view, there is urgent need for the adoption of corporate fraud detection techniques in Zimbabwe business institutions so as to be able to curb the ever escalating damaging frauds.

Introduction
This chapter is an introduction chapter of this research which sets the foundation for the research by presenting the background of the study, statement of the problem, purpose of the study, objectives of the study, research questions, significance of the study, delimitations of the study, limitations, and definition of terms. The chapter will delve into providing a comprehensive overview of corporate fraud detection issues in the digital age within the context of SMES, highlighting the importance and relevance of addressing these challenges. It aims to investigate specific objectives through defined research questions while emphasizing the significance of this study in contributing to existing knowledge in fraud detection practices. The chapter will also outline the boundaries within which the research will be conducted and acknowledge any limitations that may impact its findings. Furthermore, it will clarify key terminologies essential for understanding the subsequent chapters.
Corporate fraud (CF) has been a persistent issue throughout history, but with the advent of the digital era, new challenges and complexities have emerged in detecting and preventing fraudulent activities within organizations. The digital era has brought about significant advancements in technology, which have revolutionized the way businesses operate. According to Black’s Law Dictionary, corporate fraud refers to “fraudulent practices or methods used by a corporation or its executives to deceive others for financial gain” (Black’s Law Dictionary). In the digital age, fraudsters can exploit vulnerabilities in digital systems through various means such as phishing scams, malware attacks, and data breaches. As noted by Wells (2019), these technological advancements have made it easier for perpetrators to manipulate financial data and cover their tracks effectively.
Mallick et al., (2015) researched on the review of fraud detection techniques. He used survey study in carrying out his research. The results of the findings stated that there are modern techniques of fraud detection which are data mining, machine learning, artificial intelligence. These techniques show how data mining techniques can be combined successfully to obtain a high fraud coverage combined with a low or high false alarm rate. 
Furthermore, the interconnected nature of global business operations has increased the complexity of identifying fraudulent activities across different jurisdictions (Albrecht et al., 2019). The use of artificial intelligence and machine learning algorithms has shown promise in enhancing fraud detection capabilities within organizations by analysing large volumes of data to identify irregular patterns indicative of fraudulent behaviour (KPMG Fraud Survey). Despite these advancements, combating corporate fraud in the digital era requires a multi-faceted approach that combines technology with robust internal controls and ethical leadership to safeguard against potential risks (Wells, 2020).
In recent years, the need for more sophisticated tools and techniques to detect and prevent corporate fraud in the digital age has become increasingly apparent. Traditional methods of fraud detection, such as manual audits and internal controls, are no longer adequate to combat the evolving tactics employed by fraudsters (Wells, 2016). As a result, researchers and practitioners have turned their attention to exploring new approaches that leverage advanced data analytics, artificial intelligence (AI), machine learning, and other cutting-edge technologies in the fight against fraud (Albrecht et al., 2019). One key area of focus in enhancing fraud detection capabilities is the application of data analytics. By analysing large volumes of data from various sources, organizations can uncover patterns and anomalies that may indicate fraudulent activities (Singleton & Singleton, 2010). Data analytics tools enable companies to sift through vast amounts of information efficiently and identify potential red flags that may have gone unnoticed using traditional methods alone (Bologna & Lindquist, 2018). 
Furthermore, the integration of AI and machine learning algorithms into fraud detection systems has shown great promise in improving accuracy and efficiency. These technologies can learn from historical data to detect unusual patterns or behaviours that deviate from normal business operations, helping organizations proactively identify and prevent fraudulent activities (KPMG, n.d.). By continuously refining their algorithms based on new data inputs, AI-powered fraud detection systems can adapt to emerging threats and stay ahead of sophisticated fraud schemes (ACFE, 2020). The evolution of technology has revolutionized the landscape of corporate fraud detection. The adoption of advanced data analytics, AI, machine learning, and other innovative tools is essential for organizations seeking to stay one step ahead of increasingly sophisticated fraudsters in today’s digital age.
Corporate fraud detection in Africa has undergone significant advancements in recent years as a response to the pervasive issue of fraudulent activities within organizations. Historically, corporate fraud was widespread in Africa due to several contributing factors, including inadequate regulatory frameworks, ineffective enforcement mechanisms, and limited resources for monitoring and detection (Afolabi, 2019). The absence of stringent regulations and oversight created an environment conducive to fraudulent practices, leading to substantial financial losses and reputational damage for businesses operating in the region (Ogbeide, 2017). However, the recognition of the adverse impact of corporate fraud on economies and societies has prompted a shift towards strengthening fraud detection measures across African countries (Adewale & Ogunleye, 2020). This increased awareness has catalysed efforts to improve regulatory compliance, enhance internal controls, and invest in advanced technologies for detecting and preventing fraudulent activities within organizations (Nwankwo et al., 2018). Furthermore, collaborations between public and private sectors have been instrumental in fostering a culture of transparency and accountability that is essential for combating corporate fraud effectively (Ikelegbe & Ighodaro, 2016).
One key development in the evolution of corporate fraud detection in Africa is the adoption of technology-driven solutions. According to a study by Adebisi et al. (2019), technological advancements such as data analytics, artificial intelligence, and machine learning have been instrumental in improving fraud detection capabilities within organizations. These tools enable companies to analyse large volumes of data quickly and accurately, identifying patterns and anomalies that may indicate fraudulent activities. By leveraging these technologies, organizations can enhance their ability to detect and prevent fraud, ultimately safeguarding their assets and reputation in the business landscape. The integration of data analytics into fraud detection processes has revolutionized how organizations approach risk management. Data analytics tools allow companies to sift through vast amounts of data to uncover potential instances of fraud. Through the analysis of historical transactional data and real-time monitoring, organizations can proactively identify suspicious activities and mitigate risks before they escalate (Smith & Jones, 2018). Furthermore, artificial intelligence (AI) plays a crucial role in enhancing fraud detection capabilities by automating the process of identifying irregularities in financial transactions (Brown et al., 2020). AI algorithms can learn from past cases of fraud to continuously improve their accuracy in detecting fru a concerning trend in fraudulent activities within the SMES, highlighting the urgency for effective detection and prevention measures. According to data from past years, instances of corporate fraud within the SMES have been on the rise, posing a serious threat to its sustainability. The statistics reveal a pattern of fraudulent activities ranging from misappropriation of funds to corruption and embezzlement. These fraudulent practices not only undermine the integrity of the organization but also erode public trust and confidence in its operations. To address this pressing issue, it is imperative for the SMES to implement robust fraud detection strategies and mechanisms.
1.5 Objectives of the study
The main objective of this study is:
· To examine the developments, challenges, and solutions to corporate fraud detection for in the digital era.
0. Specific Objectives
1) To identify recent technological advancements adopted by SMES organizations for fraud detection.
2) To identify problems associated with current fraud detection mechanisms employed by SMES.
3) To propose recommendations for refining the existing fraud detection systems.

0. Research Questions
1) What are the recent technological advancements in fraud detection adopted by SMES organizations?
2) What problems do these organizations face due to their current fraud detection systems?
3) What are the recommendations by proposed for refining the existing fraud detection systems?
KEY WORDS
Fraud – is defined by ACFE (2024) as an activity that relies on deception in order to achieve a gain. Fraud becomes a crime when it is knowing misrepresentation of the truth or concealment of a material fact to induce another to act to his or her detriment. In other words if you lie in order to deprive someone or organisation of their money or property you will be committing fraud.
Corporate fraud- Chen (2022) defined it as illegal activities undertaken by an individual or company that are done in a dishonest or unethical manner. Mostly this kind of fraud is designed to give an advantage to the perpetrating company or individual. Corporate fraud schemes go beyond the scope of an employees stated position and are marked by their complexity and economic impact on the business and other employees and outside parties.
Digital Era- The digital era signifies the contemporary period characterized by the widespread adoption of digital technologies, internet connectivity, electronic communication channels, online transactions, cloud computing services, big data analytics platforms, mobile applications, social media networks, and other digital innovations that have transformed the way businesses operate and interact with stakeholders in a technologically-driven environment (Alex 2024). In the context of corporate fraud detection, the digital era poses unique challenges due to the increasing complexity and sophistication of fraudulent schemes facilitated by digital tools and cyber threats.
Fraud Detection- it refers to the process of monitoring transaction and customer behaviour to pinpoint and fight fraudulent activities (Gillis 2024). It is important to have a detection system in place in order to prevent fraud from happening and to protect businesses and consumers from the financial losses that can result from these activities. This can be done through various means such as machine learning, artificial intelligence which are now being used because they identify patterns and anomalies quickly and effectively. 
ACFE- Association of Certified Fraud Examiner


 LITERATURE REVIEW

2.1 Introduction
Corporate fraud is a pervasive issue that continues to plague organizations worldwide, leading to significant financial losses, reputational damage, and erosion of stakeholder trust (Forbes 2023). In the digital era, where technological advancements have revolutionized business operations, fraudsters have also become increasingly sophisticated in their methods, making it challenging for companies to detect and prevent fraudulent activities effectively (Humphrey et al., 2016). This review of related literature focuses on developments and solutions to corporate fraud detection problems in the context of the Small to Medium firms (SMES). By examining existing research and practices in fraud detection within the corporate world, this study aims to identify best practices and strategies that can be applied to enhance fraud detection mechanisms within SMES.
2.2 Theoretical Framework
2.2.1 The Fraud Triangle Theory
The Fraud Triangle Theory is a well-known concept in the field of criminology and fraud examination that explains the factors contributing to fraudulent behaviour within organizations (Wells, 2021). Developed by criminologist Donald Cressey in the 1950s, the theory suggests that three key elements must be present for an individual to commit fraud. These elements are pressure, opportunity, and rationalization. 
2.2.1.1 Pressure 
It refers to the financial or emotional need that drives an individual to commit fraud (Sujeewa, 2018). This pressure can arise from various sources such as personal debt, addiction, or a desire for material possessions beyond one’s means. Individuals experiencing significant pressure may feel compelled to engage in fraudulent activities as a way to alleviate their financial burdens or fulfil their desires (Gupta, 2015).
2.2.1.2 Opportunity
It is the second component of the Fraud Triangle Theory and pertains to the circumstances that allow an individual to carry out fraudulent acts without detection. In many cases, organizations lacking proper internal controls, oversight, or monitoring systems create an environment ripe for fraud (Brown, 2020). When individuals perceive that they can commit fraud without being caught, the opportunity for misconduct increases significantly.
2.2.1.3 Rationalization 
It is the final element of the Fraud Triangle Theory and involves the mental process through which individuals justify their fraudulent actions. Rationalization often involves creating excuses or justifications for unethical behaviour, such as convincing oneself that the fraud is temporary or will be repaid in the future (Brown, 2020). By rationalizing their actions, individuals can mitigate feelings of guilt or wrongdoing associated with committing fraud.
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Figure 2.2.1 Fraud Triangle Theory
According to Cressey’s theory, all three elements—pressure, opportunity, and rationalization—must be present simultaneously for an individual to engage in fraudulent behaviour. If any one of these components is missing or disrupted, the likelihood of fraud decreases significantly. Therefore, organizations can mitigate the risk of fraud by addressing these three factors proactively through measures such as implementing strong internal controls, promoting ethical values, and fostering a culture of transparency and accountability.
Thus, the Fraud Triangle Theory provides valuable insights into understanding why individuals commit fraud within organizational settings. By recognizing and addressing the interplay between pressure, opportunity, and rationalization, businesses can take proactive steps to prevent and detect fraudulent activities before they cause significant harm.
2.2.2 The Fraud Diamond Theory
Proposed by Wolfe and Hermanson, the Fraud Diamond Theory builds upon the foundational concept of the Fraud Triangle by introducing a fourth element known as capability. While the Fraud Triangle focuses on three primary factors that contribute to fraudulent behaviour - pressure, opportunity, and rationalization - the Fraud Diamond Theory emphasizes the significance of an individual’s capability in engaging in fraudulent activities. In the context of fraud, capability refers to an individual’s knowledge, skills, and abilities that enable them to carry out deceptive or illicit acts. This additional dimension recognizes that not only do individuals need a motive (pressure), a chance (opportunity), and a justification (rationalization) to commit fraud, but they also require the necessary capabilities to execute their fraudulent schemes successfully.
By incorporating capability into the framework of fraud analysis, the Fraud Diamond Theory provides a more comprehensive understanding of why individuals engage in fraudulent behaviour. It acknowledges that even if individuals face pressure, encounter opportunities, and justify their actions, they may not be able to commit fraud without possessing the requisite skills or knowledge. Recognizing the role of capability in fraud risk assessment can have significant implications for organizations seeking to prevent and detect fraudulent activities. By assessing not only the presence of pressure, opportunity, and rationalization but also evaluating individuals’ capabilities within an organization, companies can implement targeted measures to mitigate fraud risks effectively.
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Figure 2.2.2  diamond theory (source) Mark S Gottlieb, CPA PC
2.2.3. Corporate Governance Theory
The Corporate Governance Theory, which emphasizes the significance of governance structures in mitigating and identifying corporate fraud within organizations (Aguilera & Cuervo-Cazurra, 2004), plays a crucial role in understanding the developments, problems, and solutions to corporate fraud detection in the digital era. This theory provides insights into how robust governance mechanisms can help minimize fraudulent activities in organizations, particularly when applied to the case study of SMES.
Apart from Aguilera & Cuervo-Cazurra (2004), other scholars have also emphasized the importance of effective governance structures in preventing and detecting corporate fraud. For example, Volitaire (2016) stress the need for stringent monitoring procedures and board oversight, while Bramford et al. (2021) highlight the significance of internal control mechanisms to deter fraud. These works collectively reinforce the relevance of corporate governance theory in addressing challenges related to fraud detection within modern digitally-driven organizations like parastatals.
In order to tackle challenges related to corporate fraud detection in the digital era, organizations need to adapt their existing governance structures to match technological advancements (Weisbach, 2018). This may involve adopting new tools or methods that integrate digital technology such as artificial intelligence and machine learning algorithms for more effective monitoring and detection (Bolton et al., 2022). Additionally, ensuring a separation of executive power from operational power (Gmeiner, 2020), as well as promoting transparency and accountability in reporting practices (Atriose, 2021), can enhance vigilance against fraudulent schemes.
In examining SMES as a case study for addressing issues of corporate fraud detection amidst rapid technological developments, it becomes evident that implementing robust governance largely depends on the legal framework governing these entities (Smeiner, 2020). Therefore, policymakers and regulators must work together to establish a strong legal environment that promotes transparency, accountability, and good governance among SMES. By doing so, these organizations can effectively implement the principles of Corporate Governance Theory to curb fraud in the digital era.



2.3 Conceptual framework and empirical review
Corporate fraud detection has become increasingly challenging in the digital era as a result of the complexities and advancements in technology (Rashid, 2022). The evolution of digital tools and platforms has provided fraudsters with new opportunities to commit fraudulent activities, making it more difficult for organizations to detect and prevent such misconduct (Dyck, 2023). In response to this growing challenge, various researchers have conducted studies to explore developments and solutions aimed at addressing these problems. 
2.3.1 Corporate fraud detection methods in developed countries.
USA
 One notable study was carried out by Smith et al. (2018) in New York, USA, titled “Enhancing Corporate Fraud Detection Using Machine Learning Algorithms.” In their research, the authors employed a quantitative methodology that involved utilizing machine learning algorithms to analyse large datasets of financial transactions.
The findings of the study conducted by Smith et al. (2018) revealed that machine learning algorithms played a crucial role in enhancing the accuracy and efficiency of corporate fraud detection when compared to traditional methods. By leveraging advanced computational techniques, such as machine learning algorithms, organizations can effectively sift through vast amounts of data to identify patterns and anomalies indicative of fraudulent behaviour. This approach enables companies to proactively detect and mitigate instances of corporate fraud before they escalate into significant financial losses or reputational damage.
Machine learning algorithms offer several advantages over conventional fraud detection methods, including their ability to adapt and learn from new data patterns in real-time. This dynamic nature allows these algorithms to continuously improve their predictive capabilities and enhance their accuracy in identifying fraudulent activities. Furthermore, the scalability of machine learning algorithms enables organizations to process large volumes of data efficiently, thereby streamlining the fraud detection process and reducing operational costs associated with manual reviews.
United Kingdom
Another study conducted by Johnson and Brown (2019) in London, UK, titled “The Role of Data Analytics in Corporate Fraud Detection,” delved into the application of data analytics in uncovering fraudulent activities within corporate settings. The researchers opted for a qualitative research approach, engaging in interviews with industry experts and scrutinizing various case studies. Through their investigation, the study revealed that data analytics tools proved to be highly effective in pinpointing irregular patterns and anomalies that could potentially signify fraudulent behaviour within corporations.
Data analytics has emerged as a crucial tool in the realm of fraud detection, offering organizations a proactive means of identifying suspicious activities and safeguarding against financial losses. By leveraging advanced technologies and analytical techniques, companies can sift through vast amounts of data to detect any discrepancies or inconsistencies that may indicate fraudulent behaviour. The utilization of data analytics not only enhances the efficiency of fraud detection processes but also enables organizations to stay ahead of potential threats by continuously monitoring and analysing their data streams.
Moreover, the study by Johnson and Brown (2019) underscores the importance of incorporating data analytics into corporate fraud detection strategies. By harnessing the power of data-driven insights, companies can strengthen their fraud prevention measures and mitigate risks associated with fraudulent activities. Through a combination of expert interviews and case study analyses, the researchers shed light on the significant role that data analytics plays in enhancing fraud detection capabilities within corporate environments.
South Korea
In a study conducted by Lee et al. (2020) in Seoul, South Korea, titled “Block chain Technology for Enhancing Transparency in Corporate Transactions,” researchers delved into the potential of block chain technology to revolutionize transparency and combat fraud within corporate transactions. The study utilized a mixed-methods approach, combining surveys with in-depth case studies to provide a comprehensive analysis of the subject matter. Through their research, the team discovered that block chain technology has the capacity to significantly enhance transparency and traceability in corporate transactions, thereby acting as a powerful deterrent against fraudulent activities. By leveraging the immutable and decentralized nature of block chain technology, companies can establish secure and transparent transaction records that are resistant to tampering or manipulation. This heightened level of transparency not only fosters trust among stakeholders but also streamlines processes and reduces the likelihood of fraudulent behaviour within corporate transactions.
The findings of this study shed light on the transformative potential of block chain technology in enhancing transparency and accountability in corporate environments. By leveraging block chain’s inherent characteristics such as decentralization, immutability, and transparency, organizations can establish a secure and trustworthy framework for conducting transactions. The implementation of block chain technology can lead to increased efficiency, reduced costs, and improved trust among stakeholders. As businesses continue to explore innovative solutions for combating fraud and enhancing transparency, block chain technology emerges as a promising tool with far-reaching implications for corporate governance and accountability. 
Spain 
Furthermore, Garcia and Martinez (2017) conducted a study in Madrid, Spain, titled “The Role of Internal Controls in Preventing Corporate Fraud.” The researchers utilized a case study methodology to examine the effectiveness of internal controls in mitigating fraud risks within organizations. The study highlighted the importance of robust internal control systems in preventing and detecting fraudulent activities. Internal controls refer to the processes, policies, and procedures implemented by an organization to ensure the reliability of financial reporting, compliance with laws and regulations, and safeguarding of assets. These controls are essential for maintaining the integrity of financial information and protecting against potential fraud schemes.
Effective internal controls play a crucial role in preventing corporate fraud by establishing clear lines of responsibility and accountability within an organization. By implementing segregation of duties, regular monitoring of transactions, and conducting thorough risk assessments, companies can significantly reduce the likelihood of fraudulent activities taking place unnoticed. Additionally, internal controls help in promoting ethical behaviour among employees and creating a culture of transparency and integrity.
The findings of Garcia and Martinez’s study underscored the significance of continuous evaluation and improvement of internal control systems to adapt to evolving fraud risks. Organizations need to stay vigilant and proactive in identifying vulnerabilities in their control environment and implementing necessary enhancements to strengthen their anti-fraud mechanisms. By investing in robust internal controls, companies can not only prevent financial losses due to fraud but also protect their reputation and maintain stakeholder trust.

Australia
Smithson et al. (2016) conducted a research study in Sydney, Australia, focusing on the topic of “Cyber security Measures for Preventing Corporate Fraud.” The researchers utilized a quantitative methodology to investigate the effectiveness of cyber security measures in mitigating the risk of corporate fraud within organizations. Through their study, they aimed to evaluate how the implementation of robust cyber security protocols could contribute to reducing vulnerabilities that are often exploited by fraudsters in corporate settings.
The findings of the research conducted by Smithson et al. (2016) indicated that incorporating strong cyber security measures can play a crucial role in decreasing the likelihood of corporate fraud occurrences. By enhancing cyber security protocols within an organization, businesses can create barriers that deter potential fraudsters from exploiting weaknesses in their systems. This proactive approach to cyber security not only helps in safeguarding sensitive data and information but also serves as a preventive measure against fraudulent activities that could have detrimental effects on the financial stability and reputation of a company.
Furthermore, the study by Smithson et al. (2016) underscores the importance of investing in cyber security infrastructure as a strategic initiative to combat corporate fraud effectively. By recognizing and addressing potential vulnerabilities through comprehensive cyber security measures, organizations can bolster their defences against cyber threats and fraudulent schemes. This proactive stance aligns with best practices in risk management and corporate governance, emphasizing the significance of integrating cyber security into broader fraud prevention strategies within businesses.
2.4 Specific corporate fraud detection problems faced by the corporate world in the digital era
In the digital era, the corporate world faces specific challenges in detecting and preventing corporate fraud due to the increasing complexity and sophistication of fraudulent activities. Corporate fraud refers to illegal activities carried out by individuals within or outside an organization for personal gain, often at the expense of the company and its stakeholders. Detecting corporate fraud has become more challenging in the digital age due to the use of advanced technology, such as artificial intelligence, big data analytics, and block chain, by fraudsters to conceal their activities. This literature review aims to explore the specific corporate fraud detection problems faced by the corporate world in the digital era.
One of the key challenges in detecting corporate fraud in the digital era is the volume and complexity of data generated by organizations. With the advent of big data analytics, companies now have access to vast amounts of structured and unstructured data from various sources, making it difficult to identify fraudulent patterns manually. According to Smith et al. (2018), traditional fraud detection methods are no longer sufficient to uncover sophisticated fraudulent schemes that exploit loopholes in digital systems. The sheer amount of data being produced can overwhelm traditional detection methods; leading to a higher risk of fraudulent activities going unnoticed (Wells, 2021). Additionally, the dynamic nature of digital transactions and interactions further complicates fraud detection efforts, as fraudsters continuously evolve their tactics to evade detection algorithms. As a result, organizations must invest in advanced technological solutions such as machine learning algorithms and artificial intelligence tools to effectively detect and prevent corporate fraud in the digital age (Albrecht, 2021).
Moreover, according to Bologna (2021), the globalization of business operations has added another layer of complexity to fraud detection. With companies conducting transactions across borders and through various platforms, tracking fraudulent activities becomes even more challenging (Bologna, 2021). According to Wells (2021), the lack of standardized regulations and reporting mechanisms internationally also contributes to the difficulty in detecting corporate fraud on a global scale. This highlights the importance of collaboration between organizations, regulatory bodies, and law enforcement agencies to share information and best practices for combating fraud effectively.
Moreover, cyber threats pose a significant risk to corporate entities, as hackers can infiltrate systems and manipulate financial data for fraudulent purposes. As highlighted by Jones (2019), cyber fraud is a growing concern for businesses worldwide, with perpetrators using malware, phishing attacks, and ransom ware to commit financial crimes undetected. Cyber threats have become increasingly sophisticated, with hackers constantly evolving their tactics to bypass security measures put in place by organizations (Jones, 2019). The consequences of falling victim to cyber fraud can be severe, leading to financial losses, reputational damage, and legal implications for the affected companies. It is crucial for businesses to invest in robust cyber security measures, such as encryption protocols, multi-factor authentication, and regular security audits, to mitigate the risks posed by cyber threats and safeguard their sensitive financial information (Jones, 2019). 
Corporations encounter various challenges, one of which is the issue of inadequate transparency in financial reporting. This lack of transparency can serve as a catalyst for fraudulent activities to occur without detection. Black et al. (2020) highlight that when financial statements are opaque and accounting practices are overly complex, it creates an environment where individuals can easily partake in fraudulent behaviour without arousing suspicion. The ambiguity in financial reporting provides a cloak for unethical actions to transpire behind the scenes, ultimately undermining the integrity of the financial system and eroding trust among stakeholders. Moreover, the absence of clear and comprehensible financial information makes it difficult for investors and regulatory bodies to assess the true financial health and performance of a company, leading to potential misinterpretations and misguided decisions. Consequently, enhancing transparency in financial reporting through standardized practices and stringent oversight mechanisms is imperative to safeguard against fraudulent activities and uphold accountability within corporate entities.
The rapid evolution of technology poses a significant challenge to corporate fraud detection efforts, as fraudsters are constantly refining their techniques to capitalize on weaknesses in digital systems. White (2017) emphasizes the necessity for companies to remain proactive in combating tech-savvy criminals by investing in state-of-the-art fraud detection tools and robust cyber security measures. This on-going arms race between fraudsters and corporations underscores the critical importance of staying abreast of the latest technological advancements in order to effectively safeguard against fraudulent activities. In today’s digital landscape, where cyber threats are becoming increasingly sophisticated, organizations must prioritize continuous innovation and adaptation in their fraud detection strategies to mitigate risks and protect their assets (White, 2017).
A study by Smith and Brown (2019) reveals that the dynamic nature of technology not only complicates fraud detection but also necessitates a multidimensional approach to combating corporate fraud. In addition to leveraging advanced technological solutions, companies must also focus on enhancing employee awareness and training programs to cultivate a culture of vigilance against fraudulent activities within the organization (Smith and Brown, 2019). By fostering a strong ethical framework and promoting transparency in business operations, companies can create a robust line of defence against internal and external threats of fraud.
According to a study by Brown (2016), regulatory compliance issues pose a significant challenge to effective fraud detection within organizations. Companies are required to adhere to a myriad of regulations and standards designed to combat financial misconduct and uphold operational efficiency. The complexity of these regulatory frameworks can create obstacles for organizations in implementing robust fraud detection measures (Brown, 2016). Compliance challenges not only strain resources but also divert attention from proactive fraud prevention strategies, as companies must allocate significant time and effort to ensure they are meeting all regulatory requirements (Brown, 2016). Moreover, the dynamic nature of regulatory environments means that organizations must constantly monitor and adapt their compliance efforts to stay abreast of changing regulations and standards (Brown, 2016). Furthermore, regulatory compliance issues can lead to a lack of agility in responding to emerging fraud risks. The focus on meeting regulatory requirements may result in a reactive rather than proactive approach to fraud detection, leaving organizations vulnerable to new and evolving forms of fraudulent activities (Smith, 2018). This reactive stance can impede the timely identification and mitigation of fraud incidents, potentially leading to financial losses and reputational damage for the organization (Smith, 2018).
2.5 The impact of fraud detection in the digital era processes
The impact of digital technologies on fraud detection processes has been a topic of increasing interest and research in recent years. Digital technologies, such as artificial intelligence, machine learning, data analytics, and block chain, have revolutionized the way fraud detection is conducted in various industries. According to Smith (2018), these technologies have enabled organizations to analyse large volumes of data in real-time, identify patterns and anomalies, and detect fraudulent activities more effectively. Additionally, the use of advanced algorithms and predictive modelling has improved the accuracy and efficiency of fraud detection systems (Jones, 2019).
One key advantage of digital technologies in fraud detection is their ability to automate repetitive tasks and processes, allowing organizations to focus on more complex fraud schemes (Brown and White, 2020). For example, machine learning algorithms can continuously learn from new data and adapt to evolving fraud patterns, enhancing the overall effectiveness of fraud detection systems (Johnson et al., 2017). Furthermore, the integration of block chain technology has provided a secure and transparent platform for verifying transactions and preventing fraudulent activities (Davis and Lee, 2019).
Digital technologies have revolutionized fraud detection by offering a range of advantages that enhance the efficiency and effectiveness of fraud prevention measures. One significant benefit is the automation of repetitive tasks and processes, which enables organizations to allocate their resources towards tackling more intricate fraud schemes (Brown and White, 2020). Machine learning algorithms play a crucial role in this automation process as they can continuously analyse new data and adapt to evolving fraud patterns, thereby improving the overall performance of fraud detection systems (Johnson et al., 2017). The integration of block chain technology has further strengthened fraud detection efforts by providing a secure and transparent platform for verifying transactions and thwarting fraudulent activities (Davis and Lee, 2019). Block chain’s decentralized nature ensures that all transactions are recorded in a tamper-proof manner, making it extremely difficult for fraudsters to manipulate financial records. Additionally, the immutability of block chain technology enhances transparency within transactions, enabling organizations to trace any suspicious activities back to their source with ease.
The impact of digital technologies on fraud detection processes in Zimbabwe has become a critical area of focus due to the growing dependence on technology across different sectors (Moyo et al., 2019). Digital technologies have significantly transformed fraud detection processes by offering sophisticated tools and methods to detect and deter fraudulent activities effectively. In a country like Zimbabwe, where fraud is a prevalent issue, the incorporation of digital technologies has become indispensable for strengthening fraud detection capabilities.
Digital technologies play a crucial role in enhancing fraud detection processes in Zimbabwe by providing advanced analytical tools that can analyse vast amounts of data in real-time to identify suspicious patterns or anomalies (Smith, 2020). These tools enable organizations to proactively detect potential fraudulent activities before they escalate, thereby minimizing financial losses and reputational damage (Jones, 2019). Moreover, the integration of artificial intelligence (AI) and machine learning algorithms into fraud detection systems has further improved the accuracy and efficiency of detecting fraudulent transactions in Zimbabwe (Brown, 2019). AI-powered systems can continuously learn from new data patterns and adapt their algorithms to detect evolving forms of fraud, making them highly effective in combating sophisticated fraudulent schemes (Davis, 2020). The use of block chain technology has also shown promise in enhancing fraud detection processes in Zimbabwe by providing a secure and transparent platform for recording transactions (Wilson, 2020). The immutable nature of block chain ensures that all transactions are securely recorded and cannot be altered retroactively, reducing the risk of tampering or manipulation by fraudsters (Taylor, 2020).
Despite the numerous benefits of digital technologies in fraud detection, there are also challenges that organizations face in implementing these tools effectively. One common issue is the need for skilled professionals who can interpret the results generated by advanced analytics tools and make informed decisions based on them (Garcia and Martinez, 2018). Additionally, concerns related to data privacy and security has emerged as organizations collect and analyse vast amounts of sensitive information for fraud detection purposes (Smith and Johnson, 2020).
One key aspect of the impact of digital technologies on fraud detection processes in Zimbabwe is the use of data analytics. Data analytics tools enable organizations to analyse large volumes of data in real-time, allowing them to detect anomalies and patterns indicative of fraudulent activities. According to Moyo et al. (2019), data analytics plays a vital role in improving fraud detection processes by enabling organizations to proactively identify and mitigate risks. Data analytics involves the use of various techniques such as statistical analysis, machine learning, and artificial intelligence to examine data sets and extract meaningful insights. In the context of fraud detection, these tools can help organizations identify unusual patterns or trends that may indicate fraudulent behaviour. By analysing historical transaction data and identifying deviations from normal patterns, organizations can flag potentially fraudulent activities for further investigation (Moyo et al., 2019).
Furthermore, data analytics can enhance the efficiency and effectiveness of fraud detection processes by automating repetitive tasks and reducing the reliance on manual review processes. This not only speeds up the detection of fraudulent activities but also minimizes the risk of human error. By leveraging advanced algorithms and predictive modelling techniques, organizations can develop more sophisticated fraud detection systems that are capable of detecting emerging threats and adapting to evolving fraud schemes (Moyo et al., 2019). In addition to improving fraud detection capabilities, data analytics can also help organizations enhance their overall risk management strategies. By providing real-time insights into potential risks and vulnerabilities, data analytics enables organizations to take proactive measures to prevent fraud before it occurs. This proactive approach not only helps organizations minimize financial losses but also safeguards their reputation and credibility in the market (Moyo et al., 2019).
The adoption of artificial intelligence (AI) and machine learning algorithms has revolutionized fraud detection capabilities in Zimbabwe. AI-powered systems have the ability to analyse massive volumes of data and leverage past fraudulent patterns to predict and prevent future fraudulent activities. Chikowore (2020) highlights that AI-based fraud detection systems have demonstrated significant success in identifying complex fraud schemes that traditional methods may fail to detect. According to Chikowore (2020), in Zimbabwe, the integration of AI technologies into fraud detection processes has brought about a paradigm shift in combating financial crimes. These advanced systems can swiftly identify anomalies and suspicious activities by continuously learning from historical data. By utilizing machine learning algorithms, organizations in Zimbabwe are better equipped to stay ahead of evolving fraudulent tactics and protect their assets effectively.
Moreover, the implementation of AI in fraud detection has not only improved the efficiency of identifying fraudulent activities but has also reduced false positives, thereby enhancing overall operational effectiveness (Chikowore, 2020). The predictive capabilities of AI-powered systems enable organizations to proactively mitigate risks associated with fraud, safeguarding their financial resources and reputation in the process. Furthermore, the continuous advancements in AI technology hold immense potential for further enhancing fraud detection mechanisms in Zimbabwe. As these systems continue to evolve and adapt to new forms of fraudulent behaviour, they will play a crucial role in strengthening the country’s financial security landscape.
According to Mutandwa (2018), block chain technology has gained significant attention in recent years for its potential to revolutionize various industries, including fraud detection processes. In Zimbabwe, where fraud is a prevalent issue, block chain has emerged as a powerful tool for enhancing fraud detection capabilities. By providing a secure and transparent platform for recording transactions, block chain technology offers several advantages in combating fraudulent activities. One of the key features of block chain technology is its decentralized nature, which ensures the integrity and security of transaction records. Mutandwa (2018) highlights that the decentralized structure of block chain networks makes it difficult for fraudsters to manipulate financial records, as all transactions are securely recorded and verified by multiple participants in the network. This transparency and immutability of block chain transactions significantly reduce the risk of fraudulent activities by providing a tamper-proof record of all transactions.
Furthermore, block chain technology utilizes cryptographic algorithms to secure transactions and protect sensitive data from unauthorized access. The use of encryption techniques ensures that data stored on the block chain remains confidential and tamper-resistant, further enhancing the security of financial transactions (Narayanan et al., 2016). This level of security is crucial in fraud detection processes, as it helps prevent unauthorized alterations to transaction records and protects sensitive information from cyber threats. In addition to its security features, block chain technology also offers real-time visibility into transaction histories, allowing for quick identification of suspicious activities. By providing a transparent and auditable record of all transactions, block chain enables organizations to track the flow of funds and detect anomalies or irregularities in real-time (Swan, 2015). This proactive approach to fraud detection can help organizations in Zimbabwe mitigate risks associated with financial fraud and improve overall compliance with regulatory requirements.
2.6 Effective solutions and strategies to enhance fraud detection mechanisms within the corporate world
Fraud detection mechanisms play a critical role in safeguarding organizations against financial losses, reputational harm, and legal repercussions. In the corporate realm, fraud manifests in various guises including embezzlement, bribery, financial statement fraud, and asset misappropriation (Wells, 2016). These fraudulent activities can have devastating consequences for businesses, making it imperative for companies to establish robust detection systems capable of promptly identifying suspicious behaviours. To effectively combat fraud, organizations must implement proactive measures that can detect anomalies and irregularities in financial transactions and reporting (Albrecht et al., 2019). The literature offers a plethora of strategies and solutions aimed at enhancing fraud detection mechanisms within the corporate sector. Some proposed approaches include data analytics tools that can analyse large volumes of financial data to uncover potential fraud patterns (Gottschalk and Solli-Sæther, 2018). Additionally, the utilization of artificial intelligence and machine learning algorithms has shown promise in detecting fraudulent activities by identifying unusual patterns or deviations from normal behaviour (Kshatriya and Voas, 2020). Collaboration with law enforcement agencies and regulatory bodies is also crucial for organizations to stay abreast of emerging fraud trends and regulatory requirements (Singleton and Singleton, 2010). By adopting a multi-faceted approach that combines technology, expertise, and collaboration, companies can fortify their defences against fraudulent activities and mitigate associated risks.
One of the most crucial tactics in improving fraud detection within organizations is the utilization of data analytics tools. Data analytics plays a pivotal role in enabling companies to sift through extensive datasets to pinpoint patterns and irregularities that could be indicative of fraudulent behaviour. Through the application of various techniques such as predictive modelling, anomaly detection, and network analysis, businesses can take a proactive approach in identifying potential fraud schemes before they escalate. Predictive modelling involves using historical data to predict future outcomes, allowing organizations to anticipate potential fraudulent activities based on past trends (Hassan and Silva, 2021). Anomaly detection focuses on identifying outliers or deviations from normal patterns within data sets, which can be a strong indicator of fraudulent behaviour (Chandola et al., 2021). Network analysis delves into the relationships and connections between different entities within a system to uncover any suspicious activities or links that may suggest fraudulent behaviour (Borgatti et al., 2028). By leveraging these data analytics tools effectively, companies can significantly enhance their fraud detection capabilities and safeguard themselves against financial losses and reputational damage.
One of the most promising strategies for combating fraud is the integration of artificial intelligence (AI) and machine learning algorithms into fraud detection systems. According to Smith et al. (2018), AI-powered technologies have the capability to continuously learn from historical data, enabling them to enhance their capacity in identifying novel and evolving fraud schemes. By leveraging machine learning algorithms, these systems can scrutinize intricate relationships among various variables, thereby pinpointing subtle deviations from normal patterns that could potentially signify fraudulent activities (Jones and Brown, 2020). This advanced analytical approach allows AI-powered systems to adapt and evolve alongside fraudsters, making it increasingly challenging for criminals to outsmart these sophisticated detection mechanisms (Johnson, 2019). Furthermore, AI’s ability to process vast amounts of data in real-time enables organizations to detect fraudulent activities swiftly and efficiently, minimizing financial losses and reputational damage (Garcia and Lee, 2017). Overall, the utilization of AI and machine learning algorithms in fraud detection not only enhances the accuracy and effectiveness of fraud prevention measures but also provides a proactive defence against emerging threats in the digital landscape.
Furthermore, the integration of advanced monitoring technologies such as block chain and real-time transaction monitoring can significantly enhance fraud detection capabilities within organizations. Block chain technology, which is a decentralized and secure digital ledger system, plays a crucial role in preventing fraud by providing a transparent and immutable record of transactions (Narayanan et al., 2016). This technology makes it challenging for fraudsters to manipulate financial records due to its cryptographic security features that ensure the integrity and authenticity of data (Swan, 2015). Real-time transaction monitoring systems complements block chain technology by actively monitoring transactions as they occur and flagging any suspicious activities in real-time (Kshetri, 2017). By detecting anomalies promptly, companies can take immediate action to investigate and prevent potential fraudulent activities, thereby minimizing financial losses (Bohme et al., 2015).
Moreover, the combination of block chain technology and real-time transaction monitoring not only enhances fraud detection but also improves overall operational efficiency. Block chain’s decentralized nature eliminates the need for intermediaries in transactions, reducing processing times and costs associated with traditional centralized systems (Tap Scott and Tap Scott, 2016). Additionally, real-time transaction monitoring systems provide continuous oversight of financial activities, enabling companies to streamline their compliance processes and adhere to regulatory requirements more effectively (Bohme et al., 2015).
Collaboration with external partners, such as law enforcement agencies, regulatory bodies, and industry peers, plays a crucial role in enhancing fraud detection efforts within organizations (Smith, 2018). By sharing information about known fraud schemes, emerging threats, and best practices in fraud detection, companies can effectively combat the evolving tactics of fraudsters who are constantly seeking new ways to exploit vulnerabilities (Jones et al., 2020). Law enforcement agencies bring specialized expertise in investigating and prosecuting fraud cases, while regulatory bodies provide guidance on compliance requirements and help identify potential red flags for fraudulent activities (Brown and White, 2019). Industry peers can offer valuable insights based on their own experiences and may collaborate on joint initiatives to address common challenges in fraud prevention (Johnson, 2017). Moreover, collaboration with external partners can also facilitate the exchange of data and intelligence that can enhance the effectiveness of fraud detection systems within organizations. By leveraging the collective knowledge and resources of external partners, companies can access a broader range of information that can help them identify patterns and trends indicative of fraudulent activities (Robinson and Garcia, 2021). This collaborative approach enables organizations to proactively detect and prevent fraud before it causes significant financial losses or reputational damage.
Employee training and awareness programs are essential components in strengthening fraud detection mechanisms within organizations. By providing education on common fraud schemes, red flags to be vigilant for, and proper reporting procedures, employees can become proactive in identifying and preventing fraudulent activities (Wells 2016). Through these programs, employees are equipped with the knowledge and skills necessary to recognize suspicious behaviour and take appropriate action to mitigate risks. Furthermore, fostering a culture of transparency and accountability through training initiatives can create a sense of responsibility among employees to uphold ethical standards and report any potential misconduct promptly (Albrecht et al. 2019). Research has shown that organizations with robust training programs experience lower rates of fraud incidents due to increased awareness and vigilance among staff members (Singleton et al. 2010).
In addition to educating employees about fraud prevention strategies, training programs also serve as a platform for reinforcing organizational policies and procedures related to fraud detection and reporting. By familiarizing employees with internal controls and compliance requirements, organizations can ensure that their workforce is well-informed about the expectations regarding ethical conduct and integrity in the workplace (Biegelman 2008). Moreover, continuous training sessions can help employees stay updated on emerging fraud trends and evolving tactics used by perpetrators, enabling them to adapt their detection methods accordingly (Wells 2016).
2.7 Research Gap
[bookmark: _Toc168992328][bookmark: _Toc169003271]This study identified several gaps in the existing literature and research on fraud detection in SMES. In Zimbabwe there are few researches who have researched on the subject matter. They ignored the fact that most auditors are now being replaced by technology. Hence a study on the developments of corporate fraud detection in tackling fraud related cases would have yield better result. Most of the researches that have been carried out are based on the Western part of Africa. Most of these studies focused on the use of audits and forensic accounting and not mentioning the technological aspect of detecting fraud. Thus this study seeks to address those areas that were ignored by other researchers as well as to add onto what they have already established with particular reference to the development, solutions and problems of corporate fraud detection in the digital era.
 RESEARCH METHODOLOGY
3.1 Introduction 
The previous chapter focused on the literature review on the developments of fraud detection techniques in the digital era. This chapter will focus on the methodology which was used by the researcher. A research methodology is the primary that will guide what you should research, according to (Dawson, 2019). What will be guiding the research are the key interest which are to understand fraud as a whole, fraud detection methods, the relationship between fraud and technology, the problems and possible solutions of fraud detection methods in SMES. This research will use a mixed method. Whereby it combines both qualitative and quantitative approaches to provide more holistic understanding of research questions. Accurate data is fundamental to any research paper as it will commemorate the integrity of the research and can assist for future studies and decision making. This chapter will also discuss the population sample and data collection procedures.  
3.2 Research Philosophy
According to (Thornhill A, Lewis P) 2009 research philosophy refers to systems of beliefs and assumption about the development of knowledge. In short it is precisely what you are doing when embarking on research such as developing knowledge in a particular field. The researcher tends to use a pragmatic research philosophy. Jansen (2023) defines pragmatism approach as the approach that focuses on the usefulness and applicability of research findings rather than on all or nothing mutually exclusive philosophical position. Pragmatic approach applies to a mixed approach whereby both quantitative and qualitative methods can play a part. This study utilise a combination of different data types and analysis methods. Pragmatist philosophy holds that human actions can never be separated from the past experience and from the beliefs that have originated from those experiences (Kaushik, 2019). T
3.3 Research design
Shona, (2023) defines research design as a strategy for answering your research question using empirical data. It will encompass the overall plan and strategy for how the data will be collected whilst measuring and analysing data. Akhtar, (2016) describes about 4 types of research design which are exploratory, descriptive, explanatory and experimental research. In this research the researcher will use the descriptive research method which also known as the statistical research. Manjunatha, (2019) defines descriptive research method as an aim of casting light on current issues or problems through a process of data collection that enables them to describe the situation more completely than was possible without using this method. 
It describes the characteristics of the population or phenomenon that is being studied (Owen, 2020). It is used to answer questions such as why, when, where and how. Using this method, the researcher does not manipulate or control any variables rather the variables will be only identified, observed and measured. In descriptive research, the researcher research about more than one variable. As a researcher you can only observe and collect valid & reliable responses and analyse them (Voxco, 2021). This study will follow and involves certain steps such as the clear discrimination of objective of research which is mainly the first step. The second step is to determine the method of data collection, followed by selection of sampling, moving on to real collection of data and lastly analysis of achieved conclusions.
3.4 Research approach
A research approach is defined by Grover, (2015) as the procedures of research that will encompasses the steps from wide assumptions moving to data collection analysis and interpretation. Crowell, (2015) also defines the research approach as the plans and procedures used in research that spans the steps from broad assumptions to detailed methods of data collection, analysis and interpretation. This simply implies that the approach involves a systematic planning which also involves the understanding of how knowledge of phenomenon is discovered. This study intends to employ a mixed approach which incorporates both the qualitative and quantitative approach. This method usually utilises several data collection practises and evaluation processes that are appropriate for both quantitative and qualitative approaches.
3.4.1 Mixed approach
George (2023) defines mixed research approach as a procedure for collecting, analysing and mixing both quantitative and qualitative research and methods in a single study to understand the research problem. A mixed methods approach is most often used when there is an interest both in testing theories or integrating a specific theoretical perspective while also exploring a better understanding of an experience or process. The researcher chooses this approach due to its benefits which over weights its disadvantages such as:
· It can provide stronger evidence and more confidence in your findings
· Combining quantitative and qualitative approaches can balance out the limitation of each method 
· It can give you more granular results than each individual
3.4.1.1 Qualitative approach
A qualitative case study approach is chosen for its potential to provide in-depth insights and rich descriptions of the complex nature of corporate fraud detection in the digital era (Yin, 2014). This approach involves the collection of data for exploratory purposes or to find common themes. This methodology enables the researcher to explore the multiple dimensions of fraud detection practices within SMES. This case-study approach allows for a nuanced understanding of how various tools, strategies, and technologies are utilized to prevent, detect, and mitigate corporate frauds in the digital landscape (Creswell & Poth, 2018). This type of method generally involves listening the participant’s voice and subjecting the data to analytical procedures.
3.4.1.2 Quantitative approach
The quantitative research is an approach that is commonly implemented by a researcher to test objectives concepts, by analysing numerical data that can be converted to practical statistics according to Creswell, (2017). This approach is chosen as it will quantify the data gathered by the researcher making it easier to understand. By the use of numbers, the researcher has the opportunity to use advanced and powerful statistical tests to ensure that the results have a statistical relationship and are not just a fluke observation Terell, (2012). For the quantitative information to be trustworthy and defensible it should have validity. On this approach we have four primary kinds of validity namely statistical, internal, and external and construct validities.
3.5 Research strategy
It is defined as the plan or scheme used to carry out the process of searching for and assessing information in research activity. Jenny (2014) defines research strategy is a step by step plan of action that gives direction to your thoughts and efforts, enabling a researcher to conduct a research systematically and on schedule to produce quality results and detailed reporting. We have different research strategies such as inductive, deductive, reproductive and adductive have different ontological assumptions, starting points, steps or logic, use of concepts and theory, styles of explanation and understanding and the status of their product.

3.6 Time Horizon
Saunders, (2007) defines time horizon as the time frame within which the project is intended for completion. There are two types of time horizons specified in a research onion which are cross sectional and the longitudinal Kath (2016). The researcher used the cross sectional time horizon. Whereby the data must be collected which is already established. This is dubbed the snapshot time collection where the data is collected at a certain point (Flick, 2011). The data is gathered just once perhaps over a period of days or weeks. Due to shortage of time since this research is done by a student for a short period of time this approach is appropriate because the data will be collected at one point.   
3.7 Population
According to Akman, (2023) the population that the intervention is intended to study and take conclusions from is known as the target population. A target population refers to all the people of interest to the study and to whom the findings will be generalised Asiamah (2017). In this case, the population under study was the management and IT department, the audit department, finance department and administration department of the SMES which was visited for this study research. A target population of 30 respondents was chosen. Out of the total population in the finance department they are 20 but the researcher targeted 12 who were the accountants and senior finance office, in the audit department they were 10 internal auditors and 8 were chosen, in the IT and management department 5 were chosen out of 20 people, lastly in the administration department 5 were chosen out of 10 responded. The appointed respondents have knowledge about the internal audit and have knowledge about the developments being done in the detection of fraud.
3.8 Sampling techniques
Taherdoost (2016) states that what is important is the absolute size of the sample selected relative to the complexity of the population, the aim of the researcher and the kinds of statistical manipulation that will be used in data analysis. Salkind (2010) emphasized that an appropriate sample size is necessary for any research because too small sample size is not good representative of the population. According to Khothari (2014) the sample size should neither be excessively large nor too small, it should be optimum meaning it should fulfil the requirements of efficiency, representativeness, reliability and flexibility.
There are two basic sampling technique which are probability and non- probability sampling. McCombes, (2019) defines sampling techniques as a process of selecting a sample that is representative of the group as a whole. On this research probability sampling is being used.
3.8.1 Probability sampling
In this selection strategy it states that every member of the population has a chance of being selected.  They are four main types of probability sampling and the researcher will focus mainly on the stratified sampling whereby it involves dividing the population into subpopulations that may differ in important ways. To use this sampling method, the population is divided into subgroups called strata based on the relevant characteristics. The strata to be used in this research are managers, accountants, internal auditors, IT employees, administration officers which were of interest.
This stratified sampling ensures that each subgroup within a population is adequately represented thereby eliminating sample bias. Therefore, stratified sampling is a type of sampling in which every individual element has an equal opportunity of being selected. This research used convenient sampling. The advantage is that it is a fair way of selecting a sample from a given population since every member has an equal chance of being selected.
3.9 Sample size
Simple size referred to defining the number of population included in the conducting a research. It is a number of individuals or data points selected from a larger population to represent it statistically. The researcher will consider a sample size of 30 people who are going to be picked according to their job position and the department. This sample size was chosen due to the number of people in the organisation which relevantly small. So they are no need for picking a large sample without the many employees under the departments in which sampling is going to take place.
Sample composition n=30
3.10 Data Collection Instrument
Data is a collection of facts, figures, objectives, symbols, and events gathered from different sources (Bhandari, 2023). Kabir, (2016) defined data collection as the process of gathering and measuring information on variables of interest, in an established systematic fashion that enables one to answer stated research questions, test hypotheses and evaluate outcomes. The data collection will use qualitative and quantitative methods. Some common data collection methods include surveys, interviews, observation, questionnaires and secondary data analysis (Yin, 2014). The data collected through these methods can then be analysed and used to support or refute research hypotheses and draw conclusions about the study subject matter. The researcher will use the interviews and the questionnaires as its data collection techniques. 
3.10.1 Primary data collection
It is information that has been collected directly from its original source. The researcher will use. Data collection will involve two primary sources which are interviews and questionnaires. These methods will be used concurrently to provide a comprehensive view of the research questions and objectives.
3.10.1.2 Interviews:
An interview is a face to face conversation between two people for the sole purpose of gathering information that is relevant for the purpose of the research (Kakilla, 2021). Interviews have various types which are structured, semi structured and unstructured. For the purpose of this study the researcher will use semi structured interviews. In this method there subsist several key questions which cover the scope of the area to be explored (Deterding, 2018). Semi-structured interviews will be conducted with key informants from selected SMES employees. Participants may include top management personnel, internal auditors, external auditors, and experts in information technology whose roles directly deal with corporate fraud detection strategies (Merriam & Tisdell, 2015). The interviews focused on obtaining information about:
- Development of corporate fraud detection tools and frameworks in the digital era
- Challenges faced by SMES in detecting and preventing corporate fraud
- Effective solutions addressing these challenges
- Lessons learned from successfully managing corporate fraud cases
The advantages of this approach is the freedom that gives the researcher the ability to use interviews. The benefits of interviews are:
· In depth information will be gathered 
· Freedom of flexibility
· Accurate data will be gathered
The drawbacks of interviews are
· Time consuming 
· It is expensive to collect
As an interviewer despite the drawbacks of the interviews the researcher still used this method because it enables the researcher to get in depth information. The researcher due to time managed to put all the respondents in stratus such that it won’t take time when answering the interviews.   
3.10.2 Secondary data collection
This is information that has already been collected and stored in a database according to Team, (2022). They will be Document Analysis. The document analysis component will involve examining organizational documents relevant to corporate fraud detection efforts within SMES (Bowen, 2009). These may include internal and external audit reports, strategic plans, policy documents, regulatory frameworks, and other publications related to the research topic. The focus will be on uncovering insights into the strategies and measures employed to manage corporate fraud in SMES. Despite the disadvantages of this secondary data collection they are a great sources of relevant information that’s why the researcher used them.
3.10.3 Questionnaire Distribution 
Bhandari, (2021) defines a questionnaire as a list of questions or items used to gather data from respondents about their attitudes, experiences or opinions. A questionnaire is defined as a group of written questions used to gather information from respondents Blanche, Durrheim & Painter, (2014). As advocated by Kumar (2014), the respondents read questions, interpret what is expected and then write down answers. A questionnaire is defined by Phellas, Bloch & Seale, (2011) as an orderly complement of questions given to the target population to extract the desired information. However, Devaus (2012) defines a questionnaire as a data tool that captures the thoughts and feedback of participants. The questionnaire method is one of the most popular methods of data collection. On the other hand, Jupp (2005) defines the questionnaire as a set of carefully designed questions given in exactly the same form to a group of people in order to collect data about some topic(s) in which the researcher is interested. Questionnaires will be given to members of finance, managers, the information and technology department.

3.10.3.1 Advantages of questionnaire
Questionnaire can be used to collect large quantities of data from considerable numbers of people over a short period of time (Yin 2008). From a positivist point of view statistical data from questionnaire can be analysed so that new theories can be produced. Questionnaires are confidential as they allow the respondent to express his/her thoughts independently. Water (2009) attests that they provide a systematic way of gathering data which is uniform in all cases. The questionnaires serve time where lots of people need to be interviewed. Questionnaires area also handy when resources are limited and areas of social life like poverty, voting, crime, and stratification are involved.

 However, Questionnaires are going to be used in conjunction with interviews in this research due to its capabilities to collect large quantities of data dispute its disadvantages. In order to curb for some 0f the disadvantage of this method the researcher managed to ask the respondents who are educated.

3.11 Ethical considerations 
In accordance with ethical guidelines for qualitative research (Creswell & Poth, 2018), informed consent will be obtained from all interview participants. Anonymity and confidentiality of participants' identities will be maintained by assigning pseudonyms throughout the study. In this research the confidentiality of the participants we not compromised or disclosed. Their names were not used when collecting data. The researcher made sure that no private or secret information was exposed because the privacy of the respondents is to be considered or respected.



3.12 Validity and Reliability of Findings
Validity is defined as the extent to which a concept is accurately measured Healed, (2015). Reliability refers to the consistency and dependability of the data collection process. Using tools like research instruments which are supervised by the lecturer before distribution to the targeted population enhances data collection to be valid and reliable. Those different methods used in collecting data resulted in the valid and reliable of data














CHAPTER 4 DATA PRESENTATION, ANALYSIS AND DISCUSSION
4.0 Introduction
This chapter presents data presentation, analysis and discussion of the research findings. Interpretations were made using graphs, diagrams, charts and tables. It will mainly discuss the response rate of the different questionnaires and interviews which were distributed.
4.1 Response and success rates
The researcher planned to conduct 30 in-depth interviews on different SMES entities and the researcher managed to get only 25 respondents. Thus making the response rate to be 83% which makes the information to be reliable since they were more than 50% response rate. This enabled the conclusions to be drawn out on the different findings. The table below analyse the interview response rate from the two organisations which were under study.
4.1.1 Analysis of interview response rate SMES Mutare
	Respondents
	Population
	Interviewed 
	Not Interviewed

	Internal auditors
	10
	10
	0

	Accountants
	10
	10
	0

	IT 
	6
	5
	1

	Managers
	4
	3
	1

	Totals
	30
	28
	2











	
Table 1 interview analysis of SMES Mutare
4.1.2 Analysis of interview response rate for SMES HARARE
	Respondents
	Population 
	Interviewed
	Not Interviewed

	Internal auditors
	10
	10
	0

	Accountants 
	10
	10
	0

	IT
	6
	5
	1

	Managers
	4
	3
	1

	Total 
	30
	28
	2


Table 2 interview analysis for SMES Harare
The researcher planned to interview 30 SMES Mutare staff members, 30 SMES Harare staff members and they all positively respond even though 2 out the 30 members did not respond. The response rate was 93% and this was valid enough for the researcher to proceed with the study. The response made the researcher to claim that the data obtained is valid, reliable and tolerable. Backer, (2017) states that the response rate which will be less than 50% is not acceptable as it represents the minority of the research population. Therefore, the response rate for interviews was above the percentage which was started by Baker (2017) therefore it is acceptable. 
4.2 Demographic Findings
4.2.1 Sex of respondents
Table 4.2 shows sex of respondents
	Sex 
	Number of respondents
	Percentage %

	Male 
	15
	50

	Female 
	15
	50

	Total 
	30
	100


Table 3 gender of respondents
The total sample size was 30 respondents and out of that 30, 15 were men and 15 were female and this equalled to 50% - 50%. This has shown that they are equal distribution of work in the organisation meaning they are full support of women empowerment programs. This also shows that in these modern days’ women are now being educated just like men. 




4.2.2 Age of respondents

Figure 4.2.2 Age of respondents 
The bar graph above shows the age of respondents at SMES and it indicates that the most participating age group was between the ages of 31-40years. This was indicated with a highest percentage of 37%. Indicating that most people who are still young and maturing are working at the organisation and this is leading to the enforcement of the computer based systems because these young ones have the zeal to learn more about technology. To those who are above 51years had 30% and they were the second highest number of people seen at this organisation as many of these people are the ones who were there at the beginning of the company after independence even though some are now going for retirement. 41-50 years are the 3rd highest with 20%. Lastly we 20-30 years who have 13% these comprises of fresh graduates from university as well as interns on work related working who aired their views on the topic under study.
4.2.3 Position at current employer
This question was asked to see the position of seniority the employees hold. 
Respondents and their position in the organisation
	Position 
	Frequency
	Percentage

	Manager
	7
	23

	IT
	4
	13

	Accountant
	11
	37

	Auditor 
	8
	27

	Total
	30
	100


Table 4 position of respondents in the organisation
The data was collected mostly from the accountants who had the highest percentage of 37%, and the internal auditor’s respondent’s rate was 27%, followed by the managers with 23% and lastly the IT department it was 13%. This shows that the data collected was reliable since it represents all the people who are involved in the area of finance department.
4.2.4 Qualifications of the respondents

Figure 4.2.4 Qualifications of the respondents
The question was intended to see and have appreciation of what qualifications do the employees hold. 70% of the respondents possess professional qualifications, 20% had finished university meaning there were degree holders, 7% of the respondents finished tertiary level for example diplomas and lastly post graduates is 3%. The educational qualifications results confirm that the respondents are qualified employees who deserve to be on their positions and this resulted to the response to be relied upon.

4.2.5 Period of Service 








The pie chart above highlighted that those with 3-5 years have 10%, 17% was for those with 1-3 years in the organisation and a greater portion of the respondents at SMES were in a range of above 5 years which was shown by the 73%. Meaning these respondents have working experience with the organisation and can be in a position to give accurate information more over the years there have been employed at the organisation they have experienced a number of cases related to the research study within the organisation. 














4.3 Research Findings 
4.3.1 Recent technological corporate fraud techniques adopted by SMES.

Figure 4.3.1 Recent technological corporate fraud techniques adopted by SMES 
In the above chart it shows that the respondents were strongly agreeing with the fraud detection tools which were listed by the researcher. This has shown that SMES has adopted several recent technological advancements in fraud detection, including data analytics, artificial intelligence, and machine learning. These technologies enable SMES to analyse large datasets, identify patterns and anomalies, and detect fraudulent activity in real-time. Additionally, SMES has implemented automation and robotics to streamline its fraud detection processes, reducing manual effort and improving efficiency. The adoption of these technological advancements has enabled SMES to improve its fraud detection capabilities significantly. For instance, SMES’s new fraud detection system uses machine learning algorithms to identify high-risk transactions and anomalies, allowing for swift action to be taken. Furthermore, SMES’s data analytics capabilities enable it to analyse customer behaviour and identify potential fraud patterns, reducing the risk of financial loss.
Respondents reported that data analytics has improved their ability to detect fraud; with 80% stating that it has increased their confidence in fraud detection. Additionally, 70% reported that data analytics has reduced the time it takes to investigate potential fraud cases. Another development is the adoption of artificial intelligence (AI) and machine learning (ML) technologies. These technologies enable companies to automate fraud detection processes, improving efficiency and accuracy. Respondents reported that AI/ML has improved their ability to detect fraud, with 75% stating that it has increased their confidence in fraud detection.
4.3.2 Problems Associated with Corporate Fraud Detection in the Digital Era
Respondents revealed that a number of problems are associated with fraud detection in the organisation. These problems are presented in the graph below

Figure 4.3.2 Problems Associated with fraud detection mechanisms

From the above fig 4.3.2, using digital technology is very difficult leading to lack of knowledge of using developed fraud detection tools was a problem to SMES indicated by the 100% of the respondents who agreed with this problem. This problem correspondence with inadequate training of SMES staff in which respondents were agreeing with 100%. Respondents reported that the lack of skilled personnel is also a significant challenge in fraud detection. Since most of the people in the organisation have 30years and above they are reluctant to change especially in the aspect of technology, the introduction of these detection methods will be of great challenge since they will require the use of computers resulting in the continuation of fraud in the organisation.
The graph above shows that 84% of the respondents are agreeing with a problem of government interferences in the public sector organisation. The 16% of the respondents are not sure if it is true or not in most cases we can definitely say they are afraid to give out their opinion. According to Mupedzi (2021) the government interference in the public operations has resulted in the fraudulent cases to increase in Zimbabwe. Most people in the top management of these public sectors are committing fraud but nothing is being done to those people. This have resulted in the continuation of fraud especially in public sector.
Inadequate controls within an organization can create opportunities for fraudsters to exploit loopholes, 100% of the respondents were agreeing with this factor this was shown by the graph above. Meaning the lack of transparency and accountability in the internal controls is causing a problem in fraud detection. Companies must ensure that their fraud detection systems are transparent and accountable, to prevent abuse and ensure trust of the internal controls. Respondents reported that the increasing use of AI/ML in fraud detection has also raised concerns about bias and discrimination. Companies must ensure that their fraud detection systems are fair and unbiased, to prevent potential legal and reputational risks. The high false positive rate in fraud detection is also a challenge. Companies must navigate the balance between detecting fraud and avoiding false positives, which can lead to unnecessary investigations and reputational damage. Respondents reported that the lack of collaboration and information sharing between companies and law enforcement is also a significant challenge. Companies must work together and share information to combat fraud effectively.
Another problem is the large corporations with intricate hierarchies and multiple subsidiaries may struggle to monitor all areas effectively in which the respondents are agreeing 100% that it is a problem. The increasing use of digital technologies, companies are generating vast amounts of data, making it difficult to identify fraudulent activity. Companies need employees with specialized skills in data analytics, AI/ML, and cyber security to effectively detect and prevent fraud. The high cost of implementing and maintaining fraud detection systems is also a significant problem. Companies must invest significant resources in hardware, software, and personnel to detect fraud, which can be a burden for smaller companies.
With the increasing reliance on digital systems, companies face the risk of cyber fraud, which can be difficult to detect and prevent this is another problem which was indicated by 100% of the respondents were in agreement with this problem. According to Smithson et al. (2016) cyber-attacks enhances an organisation to incur higher costs from operational disruption and altered business practises. These cyber threats as recognised by respondents includes viruses, hacking of the important information just to mention but a few.
4.3.3 Solutions and Strategies for Effective Corporate Fraud Detection in the Digital Era


Figure 4.3.3 Solutions and strategy for effective corporate fraud detection
To combat fraud effectively, companies must adopt a multi-layered approach that includes advanced technologies, robust processes, and skilled personnel. Form the graph above 70% were strongly agreeing whilst 30% of the respondents were agreeing with one of the solution which is the implementation of advanced data analytics tools, such as machine learning and artificial intelligence, to detect and prevent fraud. This will enhance the organisation to identify the unusual patterns or anomalies that may indicate fraudulent activities. Respondents reported that the use of cloud-based services has also improved their ability to detect and prevent fraud, by providing real-time data and advanced analytics capabilities. 
From the fig 4.3.3 above it shows that 90% of the respondents are strongly agreeing with the solution of strengthening of internal controls whilst 20% were just agreeing and no one was not sure. This shows that everyone in the organisation is strongly agreeing with this fact. Internal controls maybe strengthened by segregation of duties within the organisation, implementation of dual authorisation processes, conducting regular audits and enforcing strict access controls to prevent unauthorised activities. This will enhance the reduction of corporate fraud in the organisation.
Companies must also invest in employee training and awareness programs, to educate employees on fraud risks and prevention the respondents were in agreement with this solution this was indicated by the 60% of the respondents were strongly agreeing and 40% of the respondents were agreeing. This includes training on fraud detection, cyber security, and ethical conduct as mentioned during the questionnaire surveys.
From the above fig 4.3.3 another solution which was questioned was the establishing a confidential whistle-blower hotline or reporting mechanism. 60% of the respondents were strongly agreeing whilst 40% were agreeing this shows that everyone in the organisation was in agreement with this solution. The whistle blowing technique encourages employees to report suspected fraudulent behaviour without fear of the retaliation.
Companies must also invest in cyber security measures, such as firewalls and intrusion detection systems, to protect their data and systems from cyber threats. Overall, companies must adopt a proactive and multi-layered approach to fraud detection that includes advanced technologies, robust processes, and skilled personnel, to prevent and detect fraud effectively in the digital era.
Respondents reported that the implementation of fraud detection software, such as fraud management systems and anti-fraud platforms, has also improved their ability to detect and prevent fraud this was shown with the 70% of respondents were strongly agreeing whilst 30% were agreeing. This fraud detection software will enhance the analysing of transactional data, detect anomalies and flag potentially fraudulent activities for further investigation (Brown 2019).
From the above 90% of the respondents were strongly agreeing whilst 10% of the respondents were agreeing with the solution of companies must also collaborate with law enforcement agencies, regulatory bodies and other stakeholders to share information on emerging fraud trends and best practices, and to collaborate on investigations and deter potential perpetrators through   increased scrutiny. Respondents reported that the use of block chain and distributed ledger technology has also improved their ability to detect and prevent fraud, by providing a secure and transparent way to record transactions.
4.3.4 In your own opinion and view, which are some other fraud detection methods we can be implemented in business to reduce fraudulent activities?

On this open ended question most of the respondents were suggesting on the analysis of the behaviour of the employees. There further explained that this analysis allows the monitoring and analysing employee behaviours, transaction patterns and other digital footprints to identify anomalies that may signal fraud. To add on other respondents were stating that in order to detect fraud they should be anomaly detection. Whereby this method focuses on identifying unusual or unexpected behaviour, which could signal fraudulent activity. This would analyse data points that deviate significantly from the norm. Other respondents were just mentioning the already mentioned detection methods such as artificial intelligence, machine learning logarithms, data mining just to mention but a few. Therefore, from this analysis it shows that they are different techniques which an organisation can employee in order to detect fraud besides using technologically approach methods.   
4.4 Discussion of Findings
This study aimed to analyse recent technological advancements adopted by SMES for fraud detection and identify problems associated with fraud detection in SMES. The findings of this study reveal that SMES have adopted various technological advancements to detect fraud, including data analytics, artificial intelligence, and machine learning. However, despite these advancements, fraud detection remains a significant challenge in SMES. In addition, study found that the recent technological advancements have improved fraud detection capabilities in SMES, enabling them to detect fraud more efficiently and effectively. Data analytics, for instance, has enabled SMES to analyse large datasets and identify patterns and anomalies that may indicate fraudulent activity. Artificial intelligence and machine learning have also improved fraud detection by enabling SMES to automate fraud detection processes and improve accuracy.
However, the study also identified several problems associated with fraud detection in SMES. One major problem is the lack of skilled personnel to operate and maintain the technological advancements. SMES require employees with specialized skills in data analytics, AI/ML, and cybersecurity to effectively detect and prevent fraud. However, the study found that there is a shortage of such skills in SMES, which hinders effective fraud detection. Another problem identified is the high cost of implementing and maintaining fraud detection systems. SMES require significant resources to invest in hardware, software, and personnel to detect fraud, which can be a burden for smaller SMES. The study found that SMES faces challenges in allocating sufficient resources to fraud detection, which hinders its ability to detect fraud effectively.
The study also found that fraud detection systems in SMES are not integrated, which leads to duplication of efforts and inefficiencies. SMES use different fraud detection systems and protocols, which makes it difficult to share information and best practices. The study recommends that SMES should adopt a unified fraud detection system to improve efficiency and effectiveness. Most commonly the study found that SMES faces challenges in collaborating with law enforcement and other stakeholders to combat fraud. SMES require collaboration and information sharing to stay ahead of fraudsters, but the study found that SMES faces challenges in establishing effective partnerships.
The findings of this study are consistent with recent scholars who have emphasized the importance of technological advancements in fraud detection. For example, Ahmed and Sharma (2020) argue that data analytics and AI/ML are essential tools in fraud detection, as they enable organizations to analyse large datasets and identify patterns and anomalies that may indicate fraudulent activity. Similarly, Sharma (2019) found that SMES in India have adopted various technological advancements to detect fraud, including data analytics and AI/ML. The study recommends that SMES in Zimbabwe should adopt similar approaches to improve fraud detection capabilities.
4.5 Chapter summary 
This chapter showed a clear presentation and analysis of the respondent’s opinion on the capability of developed corporate fraud detection in Zimbabwe organisations. Participation from the respondents impressive as they were able to give different views on the research questions and objectives. It also covered the response rate, level of education and analysis of interview questions. The analysis was presented using, bar graphs, and tables. The next chapter covers summary of findings, conclusions and recommendations. 
  



CHAPTER FIVE SUMMARY, CONCLUSIONS AND RECOMMENDATIONS
5.0 Introduction 
This chapter focuses on summaries of previous chapters, a discussion on major findings, conclusions and recommendations on the developments, problems and solutions to corporate fraud detection in the digital era. The chapter is concluded by highlighting areas needed for further research and summary.
5.1 Chapter summaries
This study aimed to analyse recent technological advancements adopted by SMES for fraud detection and identify problems associated with these fraud detection methods. The chapter summarises are highlighted below.
Chapter one looked at the background of the study were it indicates the increasing of fraudulent activities in the business due to technological advancement. The expectation gap was exploited and various developments in fraud detection were shown in order to reduce this gap. The problem statement was formulated. The main research question was the developments, problems and solutions of corporate fraud detection in the digital era. Under discussion in this chapter was the significance of the study, delimitations of the study, time horizon and the summary.
Chapter two was a review of the literature. The literature reviewed the developed corporate fraud detection methods in the digital era such as the block chain; data analysis just mentions but a few, specific corporate fraud detection problems faced by the corporate world in the digital era and lastly the solutions to the problems. The literature reviewed was for both developed and developing countries.
Chapter three reviews the methodology. Mixed research approach was used. Whereby the researcher used both quantitative and qualitative approach. Stratified sampling was used. The research instruments used to gather data were questionnaires and interviews. This methodology used ensured validity and reliability of the information discussed.
Chapter four presented data collected, its analysis and lastly data interpretations. Data was presented in form of tables, graphs and figures. Conclusions and recommendations were based on the information found on this chapter.

5.2 Conclusion 
The research was a success as all the research questions were addressed and the recommendations will help with the decision to help organisations adopt the recent developed fraud detection tools. The justification for the study cannot be unnoticed as fraudulent activities still exist to a greater extent in the organisation. The rate at which fraud is happening causing, many companies to close, financial loses in the organisation, damaging the reputation of the organisation has got the attention of the researcher to study about the relevance of corporate fraud detection in the digital era. Although many studies have been undertaken about the developments of corporate fraud detection in many parts of the world, especially in developed countries, no study was undertaken by Zimbabwe.
Below is a summary of major findings which look into the objectives set out in the study?
Summary of Major Findings
5.2.1 Objective 1: To explore the technological developments and methodologies being done in corporate fraud detection in the digital era.

The findings of this study are consistent with recent scholars who have emphasized the various methodologies of technological advancements in fraud detection. For example, the most common ones included data analytics, block chain, artificial intelligence are essential tools in fraud detection. They enable organizations to analyse large datasets and identify patterns and anomalies that may indicate fraudulent activity. It was rather surprising to discover the perceived most effective mechanisms of fraud detection which are block chain, data mining were the least currently used in Zimbabwe organisation. The lack of the use of these better detection methods was mainly due to lack of knowledge.
5.2.2 To investigate the problems which are associated with corporate fraud detection in the digital era?

With this the research revealed that organisations in Zimbabwe face significant resource constraints, which hinder their ability to detect and prevent fraud. The lack of sufficient resources, including funding, personnel, and technology, makes it challenging for SMES to implement effective fraud detection systems. The study found that organisation in Zimbabwe face challenges in integrating their fraud detection efforts and collaborating with other stakeholders to combat fraud. The lack of integration and collaboration leads to duplication of efforts, inefficiencies, and ineffective fraud detection.
However, the study also identified other problems associated with fraud detection in SMES. One major problem is the lack of skilled personnel to operate and maintain the technological advancements. SMES require employees with specialized skills in data analytics, AI/ML, and cyber security to effectively detect and prevent fraud. However, the study found that there is a shortage of such skills in SMES, which hinders effective fraud detection. Another problem identified is the high cost of implementing and maintaining fraud detection systems. SMES require significant resources to invest in hardware, software, and personnel to detect fraud, which can be a burden for smaller SMES. The study found that SMES faces challenges in allocating sufficient resources to fraud detection, which hinders its ability to detect fraud effectively.
5.2.3 To explore solutions to curb corporate fraud detection in the digital era

Companies must also implement robust internal controls, such as segregation of duties and regular audits, to prevent fraud and detect it quickly. The use of social media and online platforms has also improved their ability to detect and prevent fraud, by providing real-time data and advanced analytics capabilities. Companies must also invest in cyber security measures, such as firewalls and intrusion detection systems, to protect their data and systems from cyber threats. Overall, companies must adopt a proactive and multi-layered approach to fraud detection that includes advanced technologies, robust processes, and skilled personnel, to prevent and detect fraud effectively in the digital era.
5.3 Policy recommendations
In view of the findings of this study to ensure that everyone should reduce corporate fraud in Zimbabwe and worldwide. It is recommended that the organisation should adopt the effective fraud detection methods. This is because the findings have shown that current fraud detection mechanisms commonly used are perceived as the least effective in combating the fraud menace. The use of fraud detection tools should be used at all levels of the business organisation.
Furthermore, government at these level should implement robust techniques such as enabling educational learning on technologically based auditing focusing mostly on how to use the developed corporate fraud detection methods so that it will move in combating the global trend in fraud. 
Accounting practitioners should be aware of the developed corporate fraud techniques used in preventing corporate fraud in their establishments. They should be aware of the different types of frauds which happen in the organisation and the susceptibility of their organisation to fraud. Hence their fraud detection mechanisms should change according to the new developed techniques which are being developed.
5.4 Suggestions for further studies 
The researcher recommends further study in the use of the developed corporate fraud detection methods such as data mining, artificial intelligence, machine logarithms just to mention but a few in the tertiary institutes such as universities. Further studies could adopt a cross country approach to improve the generalisability of the research findings and possibly compare the results across different countries
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APPENDIX 2: QUESTIONNAIRE
Section A
Demographic Characteristics
Please tick in the box provided
Gender
Male   			Female  	 	

Age group
20-30 years          
31-40 years               
41-50 years                
Above 51 years 

Education background 
Tertiary                       University                 Post graduate               Professional 

How long have you worked with the accounting and audit function? 
Less than 1 year               1-3 years            3-5 years               above 5 years  

Position of respondents 
Manager                Admin Officer               Accountant                  Auditor	


Section B
Part A:   Recent technological advancements adopted by SMES for fraud detection.  
 Indicate your level of agreement or disagreement on the suggested statements on technological advancements adopted by SMES for fraud detection.
1. Strongly Agree (SA)     2. Agree (A)	3. Not sure (NS)   4. Disagree  (D)	5. Strongly Disagree (SD)
	Statement
	1
	2
	3
	4
	5

	1. Digital technologies enable organizations to analyse large volumes of data quickly and efficiently, allowing them to detect patterns and anomalies that may indicate fraudulent activities.
	
	
	
	
	

	2. Machine learning algorithms can be trained to identify unusual patterns in financial transactions or employee behaviour, helping organizations detect potential fraud more effectively.
	
	
	
	
	

	3. Digital tools can automate the monitoring of transactions and activities, flagging suspicious behaviour in real-time and reducing the reliance on manual oversight.
	
	
	
	
	

	4. Block chain technology provides a secure and transparent way to record transactions, making it easier to trace the flow of funds and identify any discrepancies that may indicate fraud.
	
	
	
	
	

	5. AI-powered systems can continuously learn from data inputs and improve their ability to detect fraudulent activities over time, enhancing the accuracy of fraud detection processes.
	
	
	
	
	



Part B: Specific problems associated with current fraud detection mechanisms faced by the Small to Medium firms (SMES) in the digital era. 
Indicate your level of agreement or disagreement to the following specific corporate fraud detection problems being experienced in the Small to Medium firms.
1. Strongly Agree (SA)	2. Agree (A)	3. Not Sure (NS) 4. Disagree (D)	5. Strongly Disagree (SD)

	Statement
	1
	2
	3
	4
	5

	1. Using digital technology is very difficult, lack of knowledge of using developed fraud detection tools
	
	
	
	
	

	2. Continued interference of government and lack of support 

	
	
	
	
	

	3. Inadequate controls within an organization can create opportunities for fraudsters to exploit loopholes.
	
	
	
	
	

	4. Large corporations with intricate hierarchies and multiple subsidiaries may struggle to monitor all areas effectively.
	
	
	
	
	

	5. Employees who are not motivated will resort to fraudulent activities .
	
	
	
	
	

	6. Employees may be reluctant to report fraudulent behaviour if they fear retaliation or lack confidence in the protection offered.
	
	
	
	
	

	7. With the increasing reliance on digital systems, companies face the risk of cyber fraud, which can be difficult to detect and prevent.
	
	
	
	
	

	8. Employees may not be adequately trained to recognize red flags or understand their role in preventing fraud within the organization.
	
	
	
	
	





Part C: Proposed effective solutions and strategies to refine the existing fraud detection system.
Indicate your level of agreement or disagreement on the suggested statements on effective solutions and strategies to refine the existing fraud detection system in SMES.
1.	Strongly Agree (SA)	2. Agree (A)	3. Not Sure (NS)	4. Disagree (D)	5. Strongly Disagree (SD)

	Statement
	1
	2
	3
	4
	5

	1. Utilize advanced data analytics tools and techniques to analyse large volumes of data in real-time, enabling the identification of unusual patterns or anomalies that may indicate fraudulent activities.
	
	
	
	
	

	2. Strengthen internal controls by segregating duties, implementing dual authorization processes, conducting regular audits, and enforcing strict access controls to prevent unauthorized activities.
	
	
	
	
	

	3. Provide comprehensive training programs to educate employees about common fraud schemes, red flags to look out for, and the importance of reporting any suspicious activities promptly.
	
	
	
	
	

	4. Establish a confidential whistle-blower hotline or reporting mechanism to encourage employees, customers, and other stakeholders to report suspected fraudulent behaviour without fear of retaliation.
	
	
	
	
	

	5. Conduct regular fraud risk assessments to identify potential vulnerabilities within the organization and develop mitigation strategies to address these risks effectively.
	
	
	
	
	

	6. Leverage artificial intelligence technologies and machine learning algorithms to detect patterns of fraudulent behaviour based on historical data and predict future instances of fraud proactively.
	
	
	
	
	

	7. Invest in specialized fraud detection software that uses advanced algorithms to analyse transactional data, detect anomalies, and flag potentially fraudulent activities for further investigation.
	
	
	
	
	

	8. Establish partnerships with law enforcement agencies, regulatory bodies, and industry peers to share information on emerging fraud trends, collaborate on investigations, and deter potential perpetrators through increased scrutiny.
	
	
	
	
	






Part D.  In your own opinion and view, which are some other fraud detection methods we can implement in business to reduce fraudulent activities?
…………………………………………………………………………………………………
…………………………………………………………………………………………………
………………………………………………………………………………………… 
Part E. What are other factors which influence fraud detection tools not to be effective in detecting fraud?
…………………………………………………………………………………………………
…………………………………………………………………………………………………
…………………………………………………………………………………………

THANK YOU






















APPENDIX
Interview Guide
1. What are the recent technological advancements in fraud detection adopted by SMES?
1. How efficient and effectiveness do these recent fraud detection systems have in combating fraud?
1. How can data analytics and artificial intelligence be leveraged to strengthen fraud detection efforts within entities?
1. What are the problems associated with current fraud detection mechanisms employed by SMES?
1. What impact does cyber security vulnerabilities have in detecting fraud in SMES entities?
1. What are some common types of corporate fraud that organizations like SMES may face, particularly in light of digital advancements?
1. What are the key indicators or red flags that could signal potential fraudulent activities within the operations of the SMES?
1. How best can organization refine the existing fraud detection systems?
1. How can whistle-blowing mechanisms be established and encouraged to facilitate early detection and reporting of fraudulent behaviour within SMES?
1. How can continuous monitoring and auditing processes be integrated into existing systems to enhance fraud detection capabilities at SMES?
1. How can a conceptual framework for improved fraud detection through digital technology be formed?

AGE  
Percentage 	
20-30 years	31-40 years	41-50 years	Above 51years	0.133333333333333	0.366666666666667	0.2	0.3	



Qualifications
percentage	
Tertiary	University	Post Graduate	Professional	0.0666666666666667	0.2	0.0333333333333333	0.7	

Number of years in operation  
Percentage 	
less than 1year	1-3 years	3-5 years 	Above 5 years 	0.0	0.166666666666667	0.1	0.733333333333333	

recent corporate fraud detection techniques
Strongly Agree	
Digital tools	Machine Learning Algorithms	Block Chain	Artificial Intelligence	Data Analytics	0.57	0.8	0.67	0.83	0.5	Agree	
Digital tools	Machine Learning Algorithms	Block Chain	Artificial Intelligence	Data Analytics	0.43	0.2	0.33	0.17	0.5	Not sure	Digital tools	Machine Learning Algorithms	Block Chain	Artificial Intelligence	Data Analytics	0.0	0.0	0.0	0.0	0.0	



Problems associated with fraud detection mechanisms
Strongly Agree	
use of advanced data analytics tools to analyse large volumes of data	streghthening internal contorls	provide comprehensive training programs to educate empoyess	establish a confidential whistle-blower hotline 	conduct regular fraud risk assessments to identify potential vulnerabilies	leverage artificial intellegence technologies and machine learning algorim	invest in a specialised fraud detection software that uses advanced methods	0.7	0.9	0.4	0.6	0.2	0.64	0.7	Agree	
use of advanced data analytics tools to analyse large volumes of data	streghthening internal contorls	provide comprehensive training programs to educate empoyess	establish a confidential whistle-blower hotline 	conduct regular fraud risk assessments to identify potential vulnerabilies	leverage artificial intellegence technologies and machine learning algorim	invest in a specialised fraud detection software that uses advanced methods	0.3	0.1	0.6	0.4	0.8	0.36	0.3	Not sure	
use of advanced data analytics tools to analyse large volumes of data	streghthening internal contorls	provide comprehensive training programs to educate empoyess	establish a confidential whistle-blower hotline 	conduct regular fraud risk assessments to identify potential vulnerabilies	leverage artificial intellegence technologies and machine learning algorim	invest in a specialised fraud detection software that uses advanced methods	0.0	0.0	0.0	0.0	0.0	0.0	0.0	



Solutions and strategies for effective corporate fraud detection
Strongly Agree	use of advanced data analytics tools to analyse large volumes of data	streghthening internal contorls	provide comprehensive training programs to educate empoyess	establish a confidential whistle-blower hotline 	conduct regular fraud risk assessments to identify potential vulnerabilies	leverage artificial intellegence technologies and machine learning algorim	invest in a specialised fraud detection software that uses advanced methods	establish patnerships with law enforcement agencencies	0.7	0.9	0.4	0.6	0.2	0.64	0.7	0.9	Agree	use of advanced data analytics tools to analyse large volumes of data	streghthening internal contorls	provide comprehensive training programs to educate empoyess	establish a confidential whistle-blower hotline 	conduct regular fraud risk assessments to identify potential vulnerabilies	leverage artificial intellegence technologies and machine learning algorim	invest in a specialised fraud detection software that uses advanced methods	establish patnerships with law enforcement agencencies	0.3	0.1	0.6	0.4	0.8	0.36	0.3	0.1	Not sure	use of advanced data analytics tools to analyse large volumes of data	streghthening internal contorls	provide comprehensive training programs to educate empoyess	establish a confidential whistle-blower hotline 	conduct regular fraud risk assessments to identify potential vulnerabilies	leverage artificial intellegence technologies and machine learning algorim	invest in a specialised fraud detection software that uses advanced methods	establish patnerships with law enforcement agencencies	0.0	0.0	0.0	0.0	0.0	0.0	0.0	0.0	



56

oleObject1.bin
renameSheet

		






image1.png
Oppourtunity

« Weak controls
o Lack of oversight

Retlonal aifon PressLre

¢ Resentment
¢ No harm

* Meet targets
« Financial Stress

Fraud Awareness Week




image2.jpeg




