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ABSTRACT  

The adoption of chatbots in the public sector has the potential to significantly enhance public service delivery. 

In this regard, government agencies are seeking to leverage technology to enhance service delivery, improve 

efficiency, and provide round-the-clock assistance to citizens. Understanding chatbots adoption intention among 

Society   towards public sector in Malaysia will enable the resources to be reallocated more efficiently as well 

as to help in developing chatbots that are culturally and socially relevant. This will then improve the effectiveness 

and acceptance level of the chatbots adoption from the public community. Thus, investigating the AI chatbots 

adoption intention towards the public sector among society in Malaysia is crucial. Literature has shown that 

study on chatbots adoption intention among society towards the public sector in Malaysia is still lacking. 

Previous studies have suggested future research to explore the effectiveness of chatbot services for purposes 

beyond health information and healthcare institutions and focus on user-centric approaches to AI chatbot 

development. Therefore, this study aims to access the chatbots adoption intention among society towards the 

public sector in Malaysia and examine the mediating role of attitude in this research context. In this study, 

quantitative research approaches will be employed with target population of Malaysian community. Convenience 

sampling will be used to recruit a total of 150 respondents for this study. Data will be collected using a set of 

self-administered questionnaires and analysed using SPSS and SmartPLS. This research would be able to provide 

an insight into chatbots adaption intention of Malaysian community towards the public sector. The findings of 

this study would also be able to provide some practical implications for the public sector to enhance service 

delivery for creating more user-friendly, trusted, and widely accepted AI solutions in the public sector.  

Keywords: chatbot, technology acceptance, conceptual, innovation 

INTRODUCTION  

Malaysia has been making significant strides in the field of artificial intelligence (AI). The government has been 

actively working towards becoming a leader in AI within the region, leveraging its strategic policies and 

innovative initiatives to build a robust AI ecosystem. For instance, the National AI Office (NAIO) has been 

established in August 2024, which aims to position Malaysia as a key player in AI within ASEAN and globally. 

It focuses on fostering innovation, promoting cross-sector collaboration, and integrating AI into various 

framework, including government and industry. With regards to this, the government has developed the 

strategies and policies that guiding the AI initiatives. The purpose is to enhance the AI capabilities and ensure 

the ethical use of AI technologies in the country. The AI roadmap 2021-2025 also designed with the strategic 

approach to boost the research and development and drive the local innovation.  

In the digital era, chatbots has become an essential component of most of the organisations including public 

sector. In Malaysia, the government’s push towards digital transformation has led to significant investments in 

IT infrastructure, making it more feasible for public sector organizations to adopt advanced technologies like AI 

chatbots (Jais et al., 2024).  

The adoption of chatbots in the public sector has the potential to significantly enhance public service delivery. 

AI chatbots can provide instant responses to common queries, reducing wait times and improving overall service 
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delivery (Microsoft Malaysia, 2024). AI also has an ability to analyse large volumes of data helps in making 

informed decisions and improving the functionality of chatbots will help to enhance their ability to provide 

accurate and relevant information to citizens. In this regard, the government agencies are seeking to leverage 

technology to enhance service delivery, improve efficiency, and provide round-the-clock assistance to citizens. 

Various public sector projects have successfully implemented AI chatbots. For example, Accountant General’s 

Department of Malaysia has successfully implemented AI for automated document processing, achieving a 99% 

accuracy rate. This has significantly improved operational efficiency and reduced processing errors, allowing 

staff to focus on more strategic tasks (Microsoft Malaysia, 2024). Another example like MY Startup initiative 

by the Ministry of Science, Technology, and Innovation (MOSTI) uses an intelligent chatbot to assist startups 

in finding resources and funding.  

There is a growing demand from citizens for more efficient and accessible public services. A survey revealed 

that a substantial number of Malaysians interact with chatbots regularly, especially through platforms like 

WhatsApp, which is widely used in the country (Choo, 2022). Understanding adoption intentions will allow 

more targeted and effective communication strategies, ensuring that the benefits of AI chatbots are clearly 

conveyed to potential users (Saadioui, 2024). Public sector organisations are able to allocate resources more 

efficiently, focusing on areas that will most likely enhance user engagement and satisfaction if the key drivers 

of adoption intention is identified (Ding & Najaf, 2024). Moreover, understanding the specific needs and 

concerns of different user groups, such as the society in Malaysia, can help in developing chatbots that are 

culturally and socially relevant, thereby improving their effectiveness and acceptance (Peng et al., 2024). Thus, 

investigating the AI chatbots adoption intention towards the public sector among society in Malaysia is crucial.  

Previous study has shown that there is a growing number of studies on behavioral intentions toward chatbots’ 

adoption. Study on chatbots adoption intention in Malaysia, however, are still lacking (Gatzioufa & Saprikis, 

2022). Previous studies, like Raja Abd Aziz and Ahmad (2023), Jais et al. (2024) and Nasution et al. (2024) are 

among recent studies explore on the chatbots intention in Malaysia. Jais et al. (2024) explores the chatbots 

adoption intention in the public sector whereby Nasution et al. (2024) focuses on the powered chatbots adoption 

in halal marketing communications for small and medium enterprises perspective. These studies did not examine 

the adoption intention from an individual’s perspective. Study by Raja Abd Aziz and Ahmad (2023) examined 

the acceptability of Malaysian towards the public sector but their study limited to the Ministry of Health chatbot 

services in disseminating COVID-19 information. Hence, study on the chatbots adoption intention towards the 

public sector among Malaysian especially society community is lacking. Raja Abd Aziz and Ahmad (2023) 

suggested that future research should broaden its scope to explore the effectiveness of chatbot services for 

purposes beyond health information and healthcare institutions. Additionally, Nasution et al. (2024) proposed 

that future research should focus on user-centric approaches to AI chatbot development. Therefore, this study 

aims to fill the research gaps by accessing the chatbots adoption intention among society towards the public 

sector in Malaysia.  

Extended UTAUT 1 (Venkatesh et al., 2003) will be used as it has been extensively tested in empirical studies 

for predicting and explaining technology adoption like chatbots (Lai et al., 2024, Li et al., 2024). Privacy and 

trust (Rana et al., 2024) will be incorporated into UTAUT 1 to explain the chatbots adoption intention among 

society towards the Public Sector in Malaysia (see figure 1). This research would be able to provide an insight 

into chatbots adaption intention of Malaysian Muslim towards the public sector. The findings of this study would 

also be able to provide some practical implications for the public sector to enhance service delivery for creating 

more user-friendly, trusted, and widely accepted AI solutions in the public sector.  

Therefore, this study aims to identify and examine the relationships between performance expectancy, effort 

expectancy, social influence and facilitating conditions with chatbots adoption intention among society towards 

the public sector in Malaysia. 

LITERATURE REVIEW  

Chatbots Adoption Intention  

Chatbots are computational systems designed to engage in natural language conversations with humans 

(Jyothsna et al., 2024). Chatbots popularity has surged recently due to technological advancements and the shift 
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from face-to-face interactions to instant messaging for information provision, query resolution, task assistance, 

and human-like dialogue simulation (Toh & Tay, 2022). In the public sector, chatbots are utilised across various 

domains, including healthcare, tax, transportation, education, and tourism (Haoyue & Cho, 2024; Malik et al., 

2020). These systems offer significant potential for enhancing user engagement by being available 24/7, thereby 

supporting and improving public interactions, enriching user experiences, and increasing user satisfaction 

(Kwangsawad & Jattamart, 2022; Sundjaja et al., 2024). However, despite their essential role and widespread 

adoption, some users remain hesitant or uncomfortable interacting with chatbots (Ashfaq et al., 2020; Senadheera 

et al., 2024). Consequently, it is crucial to investigate the primary factors influencing the adoption of public 

sector chatbots. This study employs the Unified Theory of Acceptance and Use of Technology (UTAUT) as the 

baseline research model, given its established robustness in predicting user behaviour regarding chatbot adoption 

in the public sector.  

Performance Expectancy  

Performance Expectancy (PE) refers to an individual’s belief that utilising a particular technology will enhance 

the work performance (Mogaji et al., 2021). PE has been identified as a robust predictor of Behavioural Intention 

(BI) towards adopting Artificial Intelligence (AI) products like chatbots (Sugumar & Chandra, 2021). In the 

public sector, AI service integration, such as chatbot applications, is premised on the assumption that these tools 

can facilitate information seeking, enable online transactions, deliver timely responses, and offer practical 

solutions (Toh & Tay, 2022). Nguyen et al. (2021) assert that the more useful users perceive chatbot services to 

be, the higher their confidence and intention to adopt these tools. Within public sector chatbot applications, PE 

is evident through multiple channels: providing technical support (Malik et al., 2020), enhancing user satisfaction 

(Sundjaja et al., 2024), streamlining processes, and promoting cost efficiency (Kwangsawad & Jattamart, 2022). 

Regardless, the direct path from PE to adoption intention for chatbot services may overlook critical contextual 

factors influencing this relationship. For example, investigating cross-cultural differences in performance 

expectancy and how these differences may shape BI toward adopting chatbots in Malaysia. PE may not be 

uniformly perceived across different ethnic groups or across various sectors leading to distinct adoption patterns 

(Haoyue & Cho, 2024; Peng et al., 2022). Hence, addressing this these gaps, could provide more detailed, 

context-specific insights into the factors that influence the adoption of chatbots in Malaysia’s public sector.  

H1. Performance expectancy significantly and positively impacts the intention to adopt Chatbots in the Public 

Sector.  

Effort Expectancy  

Effort Expectancy (EE) refer to the perceived ease of use when adopting new technologies, as outlined in the 

UTAUT model (Sugumar & Chandra, 2021; Toh & Tay, 2022). Past studies have revealed that users are more 

likely to embrace chatbots because they are seen as user-friendly and effective (Senadheera et al., 2024). In 

public institutions, chatbots have significantly improved citizen-government interactions by providing faster, 

more efficient responses to citizens' queries, complaints, and requests (Jais et al., 2024). However, it has been 

argued that chatbots lack the personal touch and empathy of human interactions, which can hinder the natural 

flow of conversation and make users feel less comfortable communicating freely (Ashfaq et al., 2020; 

Senadheera et al., 2024). Nevertheless, research shows that the perceived ease of use is crucial and has a positive 

impact on users' intention to adopt chatbots in public institutions in Malaysia (Anez et al., 2023; Jais et al., 2024).  

H2: Effort expectancy significantly and positively impacts the intention to adopt Chatbots in the Public Sector. 

Social Influence  

Social influence (SI) refers to the extent to which individuals perceive it important for others to believe they 

should use a new system, as outlined in the UTAUT Model theory (Sugumar & Chandra, 2021; Yau et al., 2021). 

The degree of social support a product or service garners is believed to foster user trust and confidence (Toh & 

Tay, 2022). According to Jyothsna et al. (2024) social influence affects customers’ trust in Chatbots through 

informal rules mutually understood between users, social influencers, peer groups, and social connections. 

Recommendations from others often increase an individual’s likelihood to adopt technology, as they perceive 
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that others might possess greater insight. Social influence positively impacts on people’s intention to adopt AI 

product and services by reinforcing trust (Faqih, 2016). Notably, social influence has a significant impact on 

users’ decision-making in adopting AI products, and individuals using innovations that are socially disapproved 

may feel pressured if they lack adequate social support (Jyothsna et al., 2024; Teoh et al., 2021).  

H3: Social influence significantly and positively impacts the intention to adopt Chatbots in the Public Sector.  

Facilitating Conditions  

Facilitating conditions, as defined in the UTAUT Model (Venkatesh et al., 2003), refer to the extent to which 

individuals perceive the presence of organizational and technical infrastructure that supports the use of a system. 

Previous research has highlighted that facilitating conditions play a significant role in determining the acceptance 

and adoption of innovative technologies (Lee & Yoon, 2021). Additionally, this factor is crucial in shaping user 

behavior toward technology adoption (Chatterjee et al., 2021; Dwivedi et al., 2017). Providing introductory 

training or enhancing the quality of the technical infrastructure related to the adoption of new technologies falls 

within the scope of facilitating conditions, helping users gain a clearer understanding of the system (Rana et al., 

2024).  

H4: Facilitating conditions significantly and positively impacts the intention to adopt Chatbots in the Public 

Sector.  

Conceptual Framework  

Figure 1 is the proposed conceptual framework that has been derived from Unified Theory of Acceptance and 

Use of Technology (UTAUT) research model. Furthermore, based on the constructs demonstrated by previous 

studies, its suggested conceptual framework include the new factors which are performance expectancy, effort 

expectancy, social influence, and facilitating conditions.  

 

Fig. 1 Proposed Conceptual Framework 

METHODOLOGY  

This study will employ quantitative research approach. Based on G-power analysis, a minimum sample size 

required to have sufficient statistical power is 98. Hence, this research will recruit 150 respondents to participant 

in the survey. Convenience sampling will be used to recruit the respondents as there might be insufficient 

information available for the sampling frame for the probability sampling (Hulland et al., 2017; Sarstedt et al., 

2017). The convenience sampling will employ due to simplicity, low cost, and ease of execution in collecting 
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the data collection (Jagar et. Al., 2017). The target population will be the Malaysian citizen who has experience 

in using chatbot on Public Sectors’ web page. Data will then be collected using a set of questionnaires which 

covers the demographic information of respondents and all the measurements of the variables in the proposed 

research framework via the Microsoft Form. Pilot study will first be conducted by distributing the questionnaire 

to 30 Muslims before the actual data collection. All the collected data will then be analysed using SPSS and 

SmartPLS which covers descriptive statistics and structural equation modelling. The constructs convergent 

validity and discriminant validity will be assessed in the measurement model whereby structural model will 

examine the relationships between all the variables.  

CONCLUSION  

This study seeks to examine the factors that influence the adoption intention of AI chatbots among the society 

within Malaysia’s public sector by extending the UTAUT1 model with trust and privacy dimensions. This study 

will aim to identify the factors influences on the adoption hence the cross-sectional design more consistent with 

this objective (Yacob et. al., 2025). However, in future research suggested to adopt longitudinal studies to track 

the changes of acceptance over period.  As Malaysia accelerates its digital transformation agenda particularly 

through the integration of AI technologies in public service delivery for understanding user readiness, 

expectations, and concerns becomes increasingly critical. The literature highlights that while chatbots can 

significantly improve service efficiency, accessibility, and user experience, their effective adoption relies heavily 

on users’ perceptions of usefulness, ease of use, social encouragement, and the availability of adequate 

technological support. By focusing on performance expectancy, effort expectancy, social influence, and 

facilitating conditions, this study provides a conceptual foundation for investigating behavioural intention 

toward chatbot adoption in the Malaysian public sector. The findings from the upcoming empirical phase of this 

research are anticipated to offer deeper insights into how these determinants shape user attitudes and intentions. 

Furthermore, for future research to incorporate trust and privacy into the research model will enable a more 

holistic understanding of users’ acceptance behaviour, especially in a context where data security and ethical AI 

deployment are becoming increasingly pertinent. Practically, the study will provide actionable insights for 

policymakers and public sector agencies to design more user-centric, culturally responsive, secure, and 

trustworthy AI chatbot services. These implications can guide the development of effective implementation 

strategies that improve citizen engagement, enhance service quality, and foster greater acceptance of AI-driven 

public services among the Malaysian society. 
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