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ABSTRACT

Despite the current technological advancements in school administration, the lack of utilisation of ICT, and
especially Al, highlights the need for teachers to increase productivity and efficiency in school management.
This quantitative survey study aimed to investigate the level of teachers' awareness of Al tools for school
administration in selected secondary schools in Kuala Lumpur. The study also sought to determine the factors
influencing teachers' awareness and adoption of Al tools for school administration and to examine the
relationship between teachers' awareness and factors influencing the adoption of Al tools for school
administration. The study included 201 teachers from selected secondary schools in Kuala Lumpur as
respondents, selected through stratified random sampling. The questionnaire for the study contained 40 Likert-
scale items with 5 points, adapted from past research instruments. The reliability of the research instrument
obtained a Cronbach's Alpha value, a = 0.93, from pilot study data. The collected data underwent both
descriptive and Pearson correlation data analysis. The results of the descriptive analysis showed that the
average score for teachers' awareness was x = 3.84. Ten items for factors influencing teachers' awareness and
adoption of Al tools for school administration received high average scores of x = 3.86. The Pearson
correlation revealed a significant strong positive correlation (r=0.933, p <0.001) between teachers' awareness
and factors influencing the adoption of Al tools for school administration. Therefore, applications of Al tools
must be further expanded to encourage pro-Al practices among teachers, increasing the utilisation of ICT in
schools.

Keywords: Artificial Intelligence (AI) Tools, School Administration, Teacher Awareness, Theory of Planned
Behaviour (TPB), Technology Adoption, Secondary School Teachers

INTRODUCTION

The adoption of Artificial Intelligence (Al) in education has significantly transformed language teaching and
learning by introducing innovative pedagogical approaches and technology-driven learning experiences (Chen
et al., 2024; Fitria, 2021). Artificial intelligence (Al) is broadly defined as the science and engineering of
developing intelligent computational systems capable of emulating human cognitive functions such as
reasoning, learning, and autonomous decision-making (Manning, 2020). Through advanced machine learning
and deep learning architectures, modern Al systems adapt to dynamic environments by operating across a dual
framework of autonomy and performance (Gil de Zuiiiga et al., 2024). Historically rooted in John McCarthy’s
foundational 1956 conceptualization following Alan Turing’s legacy, Al has evolved beyond theoretical
computation to become an integral component of Information and Communication Technology (ICT)
ecosystems (Singh & Jain, 2018). Within the educational sector, the practical application of ICT has long
supported core operational workflows, including data management, communication networks, administrative
record-keeping, and e-learning platforms (Tahir et al., 2015). Today, the strategic integration of Al into these
existing ICT infrastructures promises to optimize productivity and significantly elevate institutional efficiency
on a global scale (Blaylock, 2019).
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The operationalization of Al-driven ICT management fosters collaborative synergy among schools, parents,
local authorities, and external organizations, thereby transforming institutional administration into an efficient,
data-informed practice. However, integrating emerging technologies into routine educational management
presents substantial pedagogical and systemic challenges. Educators frequently encounter barriers such as
technological apprehension, institutional resistance to change, and insufficient specialized training
(Dzemydiené¢ et al., 2023). Also, Al systems assist educational administration by automating routine, labor-
intensive tasks such as enrollment management and assessment grading. This reduces administrative
workloads for non-academic personnel and allows institutional managers to concentrate on strategic
operational priorities (Karim et al., 2024). While AI competencies are increasingly recognized as essential
skill sets for educational personnel, systemic implementation requires robust policy frameworks and targeted
capacity-building initiatives (Montagnier & Ek, 2021). Assessing educators' levels of technological
comprehension serves as an essential mechanism for identifying adoption reluctance and formulating
structured interventions to enhance institutional readiness (Alfaro-Ponce et al., 2023).

Despite the rapid modernization of educational management tools, significant operational deficiencies persist
among administrative and instructional staff. In Malaysia, empirical evidence demonstrates that secondary
school educators remain underprepared for the deployment of Al in administrative roles. Local research
indicates that only 27% of urban Malaysian educators possess foundational awareness of Al applications
within school administration, with most citing ambiguity regarding its practical execution (Ahmad et al.,
2022). Furthermore, national EdTech assessments by the Ministry of Education reveal a critical deficit of Al-
specific training modules within existing teacher professional development programs. Even in digitally
equipped urban centers like Kuala Lumpur, technological integration remains uneven, driven by disparities in
digital literacy, motivation, and practical ICT proficiency (Vakaliuk et al., 2021).

Addressing these empirical gaps requires active teacher engagement and structured investigation into the
cognitive and behavioral constructs governing technology adoption (Yahya & Raman, 2020). Grounded in the
conceptual framework (as illustrated in Figure 1) model outlined by Varpio et al. (2020) and informed by the
Knowledge, Attitude, and Practice (KAP) model (Alea et al., 2020), this study assesses the relationship
between teachers' core operational constructs (knowledge, attitude, and practice) as independent variables and
their overall awareness and adoption readiness of Al administrative tools as the dependent variable.
Specifically, this research investigates the current awareness levels among secondary school educators in
Kuala Lumpur, identifies the critical determinants shaping Al adoption, and tests the null hypothesis regarding
the relationship between teacher awareness and the underlying factors governing Al tool adoption in school
administration.

Constructs on Teachers’
‘Awareness of Al:

Awareness on the

Knowledge Teachers Use of Al for School
Attitudes 1 Administration
&% Practice |

Independent Variable Dependent Variable

Figure 1. Conceptual Framework of the Study
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LITERATURE REVIEW

Historical Foundations and Technological Evolution of AI

Artificial intelligence (AI) has evolved from early mechanical reasoning concepts and Alan Turing’s
computational theories into sophisticated modern architectures capable of emulating human cognition (Russell
& Norvig, 2021). Formally inaugurated at the 1956 Dartmouth Conference by McCarthy, Minsky, Rochester,
and Shannon, the discipline advanced from symbolic theorem-proving systems (Newell & Simon, 1956;
McCorduck, 2004) to knowledge-based expert systems following historical "Al winters" (Russell & Norvig,
2021). Recent computational breakthroughs, big data availability, and deep learning architectures, most
notably the transformer models introduced by Vaswani et al. (2017), have enabled scalable generative and
administrative applications. In educational management, these tools increasingly streamline scheduling, data
analysis, and workload distribution, necessitating structured professional development to build educator
readiness (Zawacki-Richter et al., 2019).

Applications and Governance of Al in Educational Administration

In school management, artificial intelligence operationalises through several practical domains that directly
alleviate routine administrative burdens. These technologies encompass automated scheduling systems that
optimize class timetables and room allocations, Al-enhanced attendance and facial recognition platforms that
monitor student absenteeism in real time, and predictive analytics dashboards within learning management
systems (LMS) that aggregate academic indicators to detect at-risk learners early (Katsamakas et al., 2024;
Wang, 2021). Besides, institutional governance in education increasingly relies on market-oriented
managerialism and corporate structures to enforce public accountability (Chikuvadze et al., 2024). This
indicates that the use of Al in educational administration is significantly important to maintain effective
governance. Furthermore, generative Al tools such as large language models are increasingly leveraged by
educators and department heads to draft institutional correspondence, summarize faculty meeting minutes,
generate school activity reports, and streamline parent-teacher communications (Ghimire & Edwards, 2024;
Sposato, 2025). By delegating repetitive, time-intensive documentation to intelligent systems, school
personnel can redirect cognitive bandwidth toward strategic leadership and pedagogical mentoring (Wang,
2021).

AI'S IMPACT ON EDUCATIONAL INSTITUTION OPERATIONAL PERFORMANCE

Al IMPLEMENTATION IN
EDUCATIONAL INSTITUTIONS

\ 4 A4
AUTOMATING ROUTINE TASKS PREDICTIVE ANALYTICS
(Ghimire & Edwards, 2024; Wang, 2021) (Katsamakas et al., 2024)
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Figure 2: Application and Governance of Al in Educational Administration
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Prior Empirical Studies, Survey Methodologies, and Research Gaps
Prior empirical research demonstrates that survey-based and mixed-method designs effectively assess

institutional readiness, user perceptions, and adoption patterns across diverse educational settings (Ghimire &
Edwards, 2024; Katsamakas et al., 2024; Wang, 2021). Standardized surveys provide the scalability, cost-
efficiency, and quantitative rigor needed to capture variations across teaching experience and technological
exposure (Wang, 2021). Despite documented efficiencies, current literature reveals critical gaps: while higher
education applications are widely documented (Ghimire & Edwards, 2024), secondary school environments
remain under-researched regarding teacher awareness, workforce adaptation, policy development, and
context-specific administrative tools (Katsamakas et al., 2024; Wang, 2021).

THEORETICAL FRAMEWORK
Theory of Planned Behavior (TPB)

To examine the determinants governing Al integration, this study adopts the Theory of Planned Behavior
(Ajzen, 1991). The TPB posits that individual behavioral intention and subsequent actions are driven by three
core constructs: attitude toward the behavior, subjective norms (perceived social expectations), and perceived
behavioral control (perceived ease or difficulty of execution). Widely applied in educational technology
research, the TPB provides a robust theoretical foundation for evaluating how secondary school educators'
beliefs, institutional support systems, and perceived self-efficacy predict their intention and readiness to adopt
Al tools for school administration.

Attitude

Subjective /" Behavioral

Norm Intention / :‘v;,\ Actual Usage '

Perceived
Behavioral
Control

Figure 3. Theoretical Framework of the Study

METHODOLOGY

Research Design

This study employs a quantitative survey research design to investigate secondary school teachers' awareness,
knowledge, attitudes, practices, and adoption factors regarding artificial intelligence (Al) like ChatGPT in
school administration. A structured questionnaire hosted on Google Forms served as the primary instrument
for empirical data collection. To optimize reach and response rates across secondary school educators, the
digital survey was administered electronically through institutional and professional communication channels,
specifically WhatsApp and Telegram.
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Participants and Sampling

The study target population comprised national secondary school teachers under the Department of Education
of the Federal Territory of Kuala Lumpur, with the accessible population delimited to educators administered
by the Bangsar/Pudu District Education Office (N = 419). Utilizing a stratified random sampling strategy to
ensure equitable subgroup representation, mitigate selection bias, and optimize resource efficiency
(Thompson, 2012), the required sample size was determined using Krejcie and Morgan's (1970) sample size
determination framework, yielding a final minimum sample requirement of 201 respondents.

Instrument and Data Collection

The adapted, expert-validated questionnaire comprises five distinct sections: Part A (demographics), Part B
(knowledge of Al, 10 items), Part C (attitudes toward Al, 10 items), Part D (practices regarding Al, 10 items),
and Part E (factors influencing awareness and adoption, 10 items), all scored on standard five-point Likert
scales (agreement and frequency). Formal data collection followed hierarchical institutional clearance,
obtaining approval from the Educational Planning and Research Division (EPRD/BPPDP) via eRAS 2.0 and
the Kuala Lumpur State Education Department (JPWPKL). Pre-testing and instrument reliability were
confirmed via Cronbach’s alpha in a pilot study prior to full-scale electronic deployment.

Data Analysis

Data analysis is conducted using the Statistical Package for the Social Sciences (SPSS) Version 27.0
(Sadriddinovich, 2023). Descriptive statistics (frequencies, percentages, means, and standard deviations)
assess baseline levels of knowledge, attitude, practice, and adoption factors. Prior to inferential testing, data
normality is evaluated using skewness and kurtosis indices, applying the threshold criteria of —1.96 to +1.96
(Chua, 2013). Meeting univariate normality assumptions validates the use of the Pearson product-moment
correlation coefficient to examine the strength and direction of the relationship between teachers' awareness
and the determinants influencing their administrative adoption of Al (Schober et al., 2018).

The analytical scope of this study was intentionally delimited to examining overall construct distributions,
regression dynamics, and correlational relationships across the primary variables. While subgroup inferential
comparison, such as independent samples t-tests and one-way analyses of variance (ANOVA) across
demographic variables like gender and academic qualification levels, remain viable avenues for broader
exploration, the current investigation prioritized establishing baseline validity, composite awareness levels,
and core structural relationships governing Al tool adoption.

RESULTS

Demographic Profile of Respondents

Table 1 summarised demography of the sample of this study which involved 201 teachers, namely male 68
teachers (33.8 %), and female 133 teachers (66.2 %). Furthermore, the academic qualifications respectively
involved were Diploma, 23 teachers (11.4 %), Bachelor’s Degree, 89 teachers (44.3 %), Master’s Degree, 54
teachers (26.9 %), and PhD, 35 teachers (17.4 %).

Table 1. Demographic Profile of the Respondents (N=201) Demography of sample

Demography Item Frequency | Percentage Total
Gender Male 68 33.8%
Female 133 66.2 % 201 (100 %)
Academic Qualifications | Diploma 23 11.4 %
Bachelor’s Degree 89 44.3 %
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Master’s Degree 54 26.9 % 201 (100 %)
PhD 35 17.4 %

Descriptive Statistics of the Main Constructs

Table 2 illustrates the descriptive analysis of the main constructs that evaluate secondary school teachers’
overall awareness and the influential factors governing the adoption of artificial intelligence (AI) tools in
school administration across the sampled educators in Kuala Lumpur (N = 201). Interpreted using established
mean score thresholds (Tschannen-Moran & Gareis, 2004) and standard deviation dispersion indices (Ruiz,
2002), the composite awareness construct, comprising Knowledge (M = 3.86, SD = 0.77), Attitude (M =
3.85, SD = 0.78), and Practice (M = 3.81, SD = 0.81) yielded an overall high level of awareness with an
average mean score of 3.84 (SD = 0.75). Concurrently, the external and internal factors influencing Al
awareness and adoption recorded a corresponding high level (M = 3.86, SD = 0.77), with individual item
analysis indicating that institutional and governmental support (M = 3.99, SD = 0.99) and perceived tool
accessibility (M = 3.95, SD = 1.05) serve as the strongest adoption drivers, while low standard deviations
across all dimensions confirm the reliability and low dispersion of respondent ratings (Ruiz, 2002).

N = 201. Mean scores interpreted based on Tschannen-Moran and Gareis (2004): Low (1.81-2.60), Moderate
(2.61-3.40), High (3.41-4.20), Very High (4.21-5.00). Standard deviation dispersion interpreted based on
Ruiz (2002): Low Dispersion/Reliable (0.50-0.99).

Table 2. Descriptive Statistics of the Main Study Constructs

Construct Number of Items | Mean (M) | Standard Deviation (SD) | Level / Interpretation
Knowledge 10 3.86 0.77 High
Attitude 10 3.85 0.78 High
Practice 10 3.81 0.81 High
Overall Awareness (Composite) | 30 3.84 0.75 High
Adoption Factors 10 3.86 0.77 High
Reliability Analysis

Table 3 below shows the reliability analysis that evaluated the internal consistency of the survey instrument
across its core constructs using Cronbach’s alpha (a) coefficients derived from a pilot study conducted among
secondary school teachers. Interpreted according to established benchmark standards (Adeniran, 2019; Amir
etal., 2024), where a > 0.70 signifies acceptable to high reliability and values approaching 1.0 denote robust
internal consistency, the analysis yielded high reliability indices across all dimensions: Knowledge (a =
0.93), Attitude (a¢ = 0.82), Practice (a« = 0.98), and Adoption Factors (¢ = 0.96). With an overall composite
reliability coefficient of a = 0.93 across all 40 items, the instrument demonstrated excellent internal
consistency, confirming its psychometric suitability and stability for full-scale data collection among the target
educator population. Reliability interpretation based on Amir et al. (2024): Poor (a < 0.60), Questionable
(0.60 < a <£0.69), Acceptable (0.70 < a < 0.79), Good (0.80 < a < 0.89), and Excellent (a > 0.90);
threshold criteria supported by Adeniran (2019).

Table 3. Reliability Analysis of the Questionnaire Subscales

No. | Construct Number of Cronbach's Alpha Interpretation / Internal
Items (a) Consistency
1. | Knowledge 10 0.93 Excellent
2. | Attitude 10 0.82 Good
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3. | Practice 10 0.98 Excellent
4. | Factor (Adoption 10 0.96 Excellent
Influences)
Total Scale 40 0.93 Excellent
Normality Analysis

To assess whether the data satisfied the parametric assumptions required for subsequent inferential statistical

procedures, a univariate normality analysis was performed using skewness and kurtosis indices for the primary
study variables (N = 201) which is shown in table 4. According to the statistical guidelines established by
Chua (2013), data distribution is considered normally distributed when both skewness and kurtosis statistical
values fall within the acceptable threshold range of —1.96 to +1.96. The analysis demonstrated that the
composite variable of teachers' awareness of Al tools exhibited a skewness value of —0.300 and a kurtosis
value of —1.683, while the factors influencing Al adoption recorded a skewness value of —0.407 and a
kurtosis value of —1.419. Because all observed coefficients reside strictly within the permissible critical
bounds of +1.96, the dataset satisfies the assumption of normality, thereby validating the application of
parametric tests of specifically the Pearson product-moment correlation analysis to evaluate the relationships
between the constructs (Chua, 2013; Schober et al., 2018).

Table 4. Tests of Normality for the Principal Variables

No. | Construct / Variable Skewness | Kurtosis | Threshold Range | Distribution Status
1. | Teachers’ Awareness of Al Tools | —0.300 | —1.683 | —1.96 to +1.96 | Normally Distributed
2. | Factors Influencing Al Adoption | —0.407 | —1.419 | —1.96to +1.96 | Normally Distributed

Correlation Analysis Between Teacher Awareness and Adoption Factors

In Table 5, a Pearson product-moment correlation analysis was conducted to test the null hypothesis (Hy),
which posited no significant relationship between secondary school teachers' awareness of artificial
intelligence (AI) tools and the factors influencing their adoption for school administration (N = 201).
Evaluated against the correlation coefficient interpretation criteria established by Schober et al. (2018), the
analysis revealed a statistically significant, very strong positive relationship between teachers' awareness and
adoption factors, r(199) = 0.933, p <.001. Consequently, the null hypothesis (H,) was rejected,
demonstrating that higher awareness, encompassing knowledge, attitudes, and practical engagement, is
directly associated with a stronger influence of facilitating adoption factors, such as institutional readiness,
government initiatives, and perceived usefulness (Giineyli et al., 2024; Hazzan-Bishara et al., 2025; Schober
etal., 2018).

Table S. Pearson Correlation Analysis Between Teacher Awareness and Adoption Factors (N = 201)

Variable Statistical Metric Factors Influencing Al Hypothesis Decision (HO
Adoption )
Teachers' Awareness of Al Pearson Correlation 0.933* Reject Hy
Tools ()
Sig. (2-tailed), p-value <.001
Sample Size (N) 201

p <.001 (2-tailed). Correlation strength interpreted based on Schober et al. (2018): Negligible (0.00—
0.10), Weak (0.10-0.39), Moderate (0.40—-0.69), Strong (0.70-0.89), and Very Strong (0.90—-1.00).
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Linear Regression Analysis of Predictors Influencing AI Adoption

A simple linear regression analysis (as shown in Table 6) was conducted to determine the extent to which
secondary school teachers' overall awareness of artificial intelligence (AI) tools predicts the factors
influencing their adoption for administrative tasks (N = 201). The regression model demonstrated statistical
significance, F(1,199) = 1335.79, p < .001, accounting for 87.0% of the variance in adoption factors (R? =
.870, adjusted R? = .870). Teachers' awareness significantly and positively predicted adoption factors (8 =
0.933,B = 0.957,SE = 0.026,t = 36.55, p < .001), establishing that for every one-unit increase in teacher
awareness, adoption readiness increases by 0.957 units. These findings align with empirical models indicating
that foundational awareness, practical knowledge, and positive attitudes serve as robust direct predictors of
technology adoption and perceived administrative utility in educational settings (Giineyli et al., 2024; Hazzan-
Bishara et al., 2025).

Table 6. Linear Regression Analysis: Teacher Awareness Predicting Adoption Factors (N = 201)

Model / Predictor Variable B SE B t p- R R2 Adjusted F(1,199)
value R2

(Constant) 0.185 | 0.101 | - 1.83 | .069

Teachers' Awareness of Al 0.957 | 0.026 | 0.933 | 36.55 | <.001 | .933 | .870 .870 1335.79***

Tools

DISCUSSION

Current Level of Teachers' Awareness of Al Tools (Research Question 1)

The findings directly address the first research question by establishing that secondary school educators in
Kuala Lumpur demonstrate an overall high level of awareness regarding artificial intelligence (Al) tools in
school administration, with a composite mean score of 3.84 (SD = 0.75). Evaluated through the conceptual
framework comprising knowledge, attitude, and practice, high awareness levels were consistently observed
across all three dimensions. In the knowledge domain (M = 3.86, SD = 0.77), educators demonstrated strong
comprehension of the operational benefits and data security implications of Al (Items B6 and B10). This
finding corroborates Chai et al. (2021) and Ng et al. (2022), who observed that educators in technologically
advanced urban regions exhibit rising awareness driven by national initiatives like the Malaysia Education
Blueprint. However, the lower self-efficacy recorded for technical implementation requirements (Item BS5)
aligns with Sanusi et al. (2024), indicating that while foundational conceptual knowledge is present, deeper
technical deployment skills remain limited without structured institutional support. Regarding attitudes (M =
3.85, SD = 0.78), teachers exhibited high willingness and confidence in utilizing Al for administrative duties
(Items C2 and C5). This finding resonates with Ahmad et al. (2022) and UNESCO (2022), who highlighted
educator optimism regarding Al's capacity to alleviate administrative burdens. Finally, the practice dimension
(M =3.81, SD =0.81) demonstrated proactive behavioral engagement, as teachers actively track
technological challenges and monitor updates (Items D7 and D9). These practical behaviors support Lu et al.
(2024) and Sposato (2025), who found that structured exposure and hands-on practice enhance perceived
behavioral control and workflow efficiency.

Factors Influencing the Awareness and Adoption of Al Tools (Research Question 2)

The findings resolve the second research question by identifying both internal and external determinants that
shape teachers' awareness and administrative adoption of Al tools, recording an overall high level (M = 3.86,
SD = 0.77). Among the evaluated determinants, institutional and systemic factors emerged as the strongest
catalysts. Government initiatives and assistance (Item E2, M = 3.99) alongside perceived accessibility of Al
technologies (Item E7, M = 3.95) attained the highest agreement levels. These results support Ivanov et al.
(2024), who emphasized that systemic institutional training and policy support significantly increase
educators' perceived behavioral control and administrative adoption rates. Furthermore, the findings reflect
the conclusions of Hazzan-Bishara et al. (2025), who demonstrated that tool accessibility and exposure serve
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as core predictors of technology adoption. Conversely, peer participation and perceived reliability (Items E6
and E10) received lower relative ratings. This discrepancy indicates that educators approach administrative
technology integration through individual initiative and formal organizational mandates rather than peer
influence alone, reinforcing Hazzan-Bishara et al.'s (2025) and Ivanov et al.'s (2024) observations that
structured organizational governance is essential to overcome skepticism regarding tool reliability.

The Impact of Teacher Awareness on Al Tool Adoption (Research Question 3)

Addressing the third research question, the inferential analysis confirms that teachers' awareness of Al tools
significantly and positively impacts their ability and willingness to adopt these technologies for administrative
tasks. Pearson correlation analysis revealed a statistically significant, very strong positive relationship between
teachers' awareness and adoption factors, r(199) = 0.933, p < .001, leading to the rejection of the null
hypothesis (Hp). Based on the interpretative benchmarks of Schober et al. (2018), this strong association
demonstrates that elevated awareness, developed through knowledge, positive attitudes, and habituated
practice, directly strengthens educators' responsiveness to adoption drivers. These results align with Giineyli
et al. (2024), who established that foundational Al awareness and institutional facilitation directly enhance
adoption likelihood in educational environments. Additionally, the findings validate the theoretical framework
of the Theory of Planned Behavior (Ajzen, 1991) and the extended Technology Acceptance Model (Hazzan-
Bishara et al., 2025), where awareness acts as a foundational precursor that amplifies perceived usefulness,
perceived behavioral control, and behavioral intention. Consequently, increasing comprehensive teacher
awareness serves as a direct operational prerequisite for successful and sustainable Al integration across
secondary school management.

Theoretical Implications

The empirical findings of this study offer significant theoretical contributions to the literature on educational
technology adoption by substantiating and refining the Theory of Planned Behavior (Ajzen, 1991) within the
domain of educational management. By conceptualizing awareness through the integrated dimensions of
knowledge, attitude, and practice, the results demonstrate that multi-dimensional awareness acts as a
foundational precursor that directly governs educators' perceived behavioral control and adoption intentions.
The observed very strong correlation between awareness and adoption determinants (r = 0.933,p < .001)
further corroborates extended Technology Acceptance Models (TAM), aligning with Hazzan-Bishara et al.
(2025) and Giineyli et al. (2024) in confirming that cognitive familiarity and constructive attitudes strongly
amplify perceived administrative utility. Moreover, these findings reinforce Sanusi et al.'s (2024) theoretical
assertions by illustrating that foundational AI knowledge is not merely an isolated variable, but an
indispensable antecedent that directly predict teachers' willingness to transition from passive acceptance to
sustained operational behavior.

Practical Implications

From a practical perspective, the findings provide educational policymakers and institutional leaders with
actionable insights for optimizing Al integration across school administration. The elevated impact of
government assistance (M = 3.99) and perceived tool accessibility (M = 3.95) emphasizes that systemic
policy frameworks and structured infrastructure are critical catalysts for institutional readiness, supporting the
recommendations of Ivanov et al. (2024) and UNESCO (2022) regarding national Al literacy initiatives.
However, the lower self-efficacy reported in technical deployment (Item BS5) indicates that school
administrators must shift professional development from generic orientation toward hands-on, practical
modules. Equipping educators with targeted competencies in automated record-keeping, scheduling, and data
analytics can directly alleviate administrative workloads, thereby mitigating early career burnout and digital
resistance (Idris, 2024; Lu et al., 2024; Sposato, 2025). Finally, addressing teachers' hesitations regarding data
security and system reliability requires school leadership to establish transparent governance protocols, data
privacy safeguards, and ethical oversight to ensure the responsible and sustainable implementation of Al tools
in secondary schools (Ghimire & Edwards, 2024; Wang, 2021).
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LIMITATION AND FUTURE RESEARCH DIRECTION

Several methodological limitations must be acknowledged when interpreting these findings. The empirical
sample was delimited to secondary school educators within the Bangsar and Pudu districts of the Federal
Territory of Kuala Lumpur, representing an urban cohort with comparatively mature digital infrastructure and
systemic access. Consequently, the high levels of awareness observed may not reflect conditions across rural,
semi-urban, or under-resourced schools. Future research should undertake replication studies across diverse
Malaysian states, including suburban and rural communities in Sabah, Sarawak, Kedah, and Kelantan, to
examine potential digital divides and infrastructure-driven variations in Al adoption readiness. Furthermore,
because this study relied exclusively on a quantitative survey design, future studies should adopt mixed-
methods approaches incorporating qualitative semi-structured interviews or focus group discussions with
teachers and school principals. Qualitative inquiry will help unpack nuanced psychological resistance,
organizational inertia, ethical reservations, and ground-level cultural barriers that standard Likert scales cannot
fully capture. Future research should also conduct inferential subgroup analyses across demographic variables,
including teaching experience cohorts, gender, and academic qualifications, to identify specific disparities in
baseline awareness and adoption readiness."

CONCLUSION

This study investigated the awareness and adoption of artificial intelligence (Al) tools in school administration
among 201 secondary school teachers across seven national schools in Kuala Lumpur. Overall, the educators
demonstrated a high level of awareness across the 30 assessed items spanning knowledge, attitude, and
practice, while the 10 evaluated adoption factors also recorded a high level of influence. The empirical findings
confirmed a strong, positive connection between teacher awareness and the underlying drivers of technology
adoption. These results indicate that when teachers possess a solid understanding, positive attitudes, and
regular engagement with Al tools, their receptiveness to administrative adoption increases substantially.
Although focused on secondary schools within the Bangsar and Pudu districts, this research underscores the
critical need for structured Al literacy programs, accessible digital tools, and supportive institutional policies
to advance digital transformation in school management.
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